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Abstract: The complexity and uncertainty of construction projects contribute to low efficiency in
the construction industry. This research applied the Takt-time planning method to optimize the
construction working process, and proposed a risk control framework based on Value at Risk (VaR)
and Conditional Value at Risk (CVaR) approaches to explore and predict a project schedule and
cost performance under different scenarios. This research selected a high-rise residential building
project for a case study and collected 1672 productivity data samples. Arena Simulation models were
established based on 90 combinations of labor assignments to assess Takt-time planning strategies’
impact on project performance in four scenarios. The VaR and CVaR evaluations at 75% and 90%
confidence levels were compared to balance project benefits and risks. Without any overtime or
additional workers, this research found a Takt-time planning method that can reduce the project
duration by 20.2% and labor costs by 2.1% at the same time, using a labor assignment of 12 bar placers,
12 carpenters, and 5 pipefitters. The findings can assist construction managers to achieve a shorter
duration, reduced cost, and safer work environment, which will be very effective and beneficial to
improve project overall performance.

Keywords: Takt-time planning; Arena Simulation; risk evaluation; Value at Risk; Conditional Value
at Risk

1. Introduction

Construction projects are often characterized by complexity and variability, making
project management a very difficult task in the construction industry and leading to
inefficiencies in the whole process [1,2]. Project managers need to spend a lot of time
and effort to keep track of various information about the project. Therefore, an effective
and efficient method to help them perform this work is very important. In construction
planning, each piece of information contains unique uncertainties, and such uncertainties
make project decisions risky [3]. At present, there is a lack of a decision-making mechanism
in the field of building construction management that takes into account the subjective
tendency of the managers and the objective situation of the project. Therefore, the objectives
of this research are to (1) establish a workflow simulation to explore how various Takt-time
planning strategies impact project duration and cost performance; (2) develop a risk control
framework based on Value at Risk (VaR) and Conditional Value at Risk (CvaR) approaches
to quantify the risks associated with different construction scenarios, balancing subjective
tolerance levels and objective project performance; and (3) develop recommendations for
optimal resource allocation to enhance the work efficiency and risk control.
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2. Literature Review
2.1. Takt-Time Planning Method

The construction industry has long attempted to benefit from manufacturing technolo-
gies to improve productivity. However, in most of the current practice, the construction sites
heavily rely on managers’ experience to coordinate the scheduling. Faghihi et al. compared
existing studies and found that the research on optimizing construction scheduling mainly
focuses on the temporal aspects of the project schedule [4]. However, the importance of
working space availability at an assigned location tends to be ignored [5–9].

The word Takt in German means beats [10]. The first mention of Takt production
in construction dates back to the time the Empire State Building was built in the 1930s,
when Takt-time was called a “pacemaker” [11,12]. A more systematic use of Takt-time
emerged in the early 2010s via Greg Howell, Mario Fiallo, Iris Tommelein, etc. [12]. Takt-
time is a manufacture term used to describe the rate at which a good needs to be produced
to meet customer demand [11]. It can be interpreted as the speed at which customers
require products. Takt-time = (Net Time Available for Production)/(Customer’s Daily
Demand) [12]. Takt-time planning is carried out by first determining preliminary Takt
and planning the work zones, then optimizing labor, space, and duration assignments to
enhance a smooth flow of workers entering and leaving a workspace at a fixed time interval
(Takt), one crew at a time. The uniqueness of Takt-time planning is that it assigns only one
crew to work in a specific space within a Takt, minimizing the chance of overcrowding or
work waiting for workers to protect productivity [12,13]. The Takt-time planning method
ensures continuity and stability in the execution of work and defines clear handoffs between
operators to facilitate coordination and control [14,15]. Software such as Tactplan 1.0 and
inTakt 1.0 was developed to facilitate Takt-time planning.

Lerche et al. applied Takt-time scheduling to the assembly of six towers in an offshore
project, and the intervention reduced the time per tower module by nine days and the
loading interval by 3.6 days, which reduced wastage and uncertainty in the construction
schedule [13]. Kimmo et al. applied Takt-time scheduling to a project of about 200 units of
a refurbished apartment building, and the rationalization of the Takt-time and the division
of areas allowed the building to be delivered on time, and pointed out that Takt production
must be planned [16]. Janosch et al. developed a methodology for designing Takt planning
and Takt control systems based on the Takt-time scheduling method, which was applied
to a large construction project, bridging the various construction phases and reducing
the construction time from the original 11 months to 5 months [17]. Current Takt-time
planning tools were not designed to reflect the dynamic interaction between duration
and manpower allocation. Therefore, this research developed simulation models using
empirical productivity data to help construction managers thoroughly understand the
dynamics and visualize the potential risks.

2.2. Arena Computer Simulation

Construction projects are complex and dynamic in nature, and with the increasing
size and complexity of construction projects, most of the traditional manual quantitative
analysis methods are not able to effectively and accurately capture the project productivity
performance indicators [18]. Arena Simulation software is a widely used and accepted
simulation tool in the field of industrial technology [19,20]. Durdu et al. developed
a simulation model of automotive production using Arena, performed a system analysis
to find the bottlenecks in the production process, and proposed a facility layout plan to
achieve the goals of eliminating delays. The research reduced total production time and
improved productivity [21]. Li et al. proposed a new benchmark to assess the benefit–cost
ratio of regional traffic volume based on the advantages of Arena Simulation with high data
availability and fast simulation speed to customize the incident scenarios in highway service
patrols, and simulate and evaluate the benefit–cost ratio under different scenarios [22]. In
the field of construction engineering, Chen et al. redesigned the 16 steps of prefabricated
constructed buildings using the Judgment, Processing, and Transfer modules of the Arena,
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which resulted in an overall savings of 24% in production time and a reduction in space
requirements, idle time, and resource conflicts in assembly operations [19]. He et al. applied
Arena Simulation to 17 activities in a high-rise residential building to simulate 89 workforce
and 2 fast-follow-up levels to explore the impact of scenario changes on the project [23].
This research applied Arena Simulation 15.1 to establish the simulation model. Developed
by Rockwell Software, Arena Simulation version 16 is computer software for process flow
simulation modeling.

In construction research, simulation has been used as a decision support tool to
quantitatively analyze activity operations and project performance [24,25]. In this paper,
the Arena Simulation model was applied to repetitive construction activities in order to
optimize the construction schedule. In contrast to other models, the simulation moves
forward only when the external events arrive, rather than using a uniform time step.
Therefore, the Arena model is capable of simulating more realistic operations [22,26].

2.3. VaR- and CVaR-Based Risk Assessment

Risk management and risk metrics have their origins in the financial and insurance
industries [27]. In 1999, the concept of VaR was introduced to quantify significant losses
associated with the probability of occurrence in the measurement of financial market
risk and regulatory capital in accordance with the Basel Accord [28,29]. VaR is based on
mathematical methods to quantify risk and is a typical risk measure that plays a key role
in regulation, forecasting, etc. [30–32]. As an extension to the concept of VaR, the CVaR is
the conditional mean of asset loss over VaR at the corresponding confidence level [33,34].
Compared to other assessment methods, the VaR concept is simple and intuitive, easy
to calculate, and easy to implement; CVaR is a downside risk-focused, quartile-based
risk metric, implying that the risk loss is determined by the right-tailed quartile. VaR
and CVaR are evaluated considering the subjective preference and a large amount of
distribution data. Decision making can be assisted by adjusting the preference, i.e., the
confidence level in this paper, to predict the outcomes under different ideas, and also to
give remedies for unfavorable situations that have already occurred [35,36]. Alejandro et al.
conducted VaR and CVaR analyses for finance (optimal investment) and insurance (optimal
reinsurance) to prove their practical effectiveness [37]. Harry utilized VaR and CVaR to find
the optimal trade-off between return and risk in an application that assumes a financial
market consisting of a bank account and a stock [38]. Hu et al. developed a risk control
model for water allocation and economic loss based on the integration of the CVaR and Gini
coefficient, which was verified during the construction for the Qujiang River Basin [39].

Construction projects are usually characterized by a high degree of complexity [40,41].
Construction project management should be both reliable and resilient, dealing with high
probability events with low impact and guarding against events that have a considerable
impact on the outcome [42,43]. Franco et al. introduced VaR to quantitatively check the
level of risk in bidding investment decisions and validated it in co-generation power
plant projects to help balance the overall project portfolio of engineering and contracting
firms [44]. Alireza et al. applied VaR to the calculation of escalation factors to realize
the preparation of budgets for construction projects, which reduces the prevalence of
over-budget risk [45]. Decisions in construction management are often made in complex,
dynamic, and uncertain environments, making effective planning and risk assessment
particularly important [46]. Mohsen et al. proposed the design planning of a hybrid reverse
logistics network based on CVaR, which solved the network design problem of recovering
the product and investment rate under uncertainty [47]. He et al. applied VaR and CVaR
to 267 construction scenarios of high-rise residential buildings to establish a risk control
framework to assess project risks [48]. In recent years, although research on topics related
to risk management and risk metrics has spread across different industrial fields [49], the
research application of VaR and CVaR in the construction field is still relatively small;
therefore, in this paper, VaR and CVaR approaches were used to synergistically analyze the
uncertainty of construction scenarios and to predict the probability of the occurrence of
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various events. The goal was to evaluate the resilience and robustness of different decisions
of the project, and to help the project managers to look for the objects of maximizing the
rewards and minimizing the risks in different scenarios [50].

3. Research Method

As illustrated in Figure 1, the research steps of this paper are as follows: (1) based on
the case study, apply the Takt-time planning method to gradually optimize the promotion
of resource allocation and optimize the construction scheduling process; (2) based on the
collected productivity data, set up Arena Simulation to analyze the interaction between
labor, duration, and cost under different scenarios; (3) organize the simulation data for
probability function fitting, apply VaR and CVaR to quantify the risk value of different
construction scenarios, and customize the construction strategy based on the subjective
risk tolerance of the manager.
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Figure 1. Research flowchart.

3.1. Data Collection

This research collected empirical production data by recording the detailed activity
operations at one or two person–crew levels on an hourly basis, and conducting in-depth
interviews with the workers and managers. The data were organized at the close of
business each day, and Table 1 shows an example of the data collection form for one activity.
Figure 2 shows the corresponding construction activity critical path (CPM) diagrams that
were determined after the aggregation of activities from multiple repetitive criteria layers.
After data were collected, the data were organized into tables by activity type and location
number to calculate productivity (activity duration/quantity of the work). A statistical
analysis was performed to identify the productivity distribution type and parameters
for each activity. Appendices A and B show examples for productivity calculation and
distribution fitting.

Table 1. Sample data collection.

Date 30 July 2022 Floor 15th Floor

Job category Bar placers Number of workers 1 person
Working position Data Starting time 16:40

Activity Tying of wall and column reinforcement End time 17:05
Description of activities Set column hoops, tied lap vertical structural bars
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3.2. Apply Takt-Time Optimization

One of the main contributions of this research is to use a real project to demonstrate
how to adjust the construction process, and delineate the workflow to provide a large
number of feasible Takt-time planning alternatives and the subsequential cost and duration.
Appendix C shows the activity duration analysis results based on the empirical production
data collected from the project.

The Takt-time planning method reprogramming the number of workers and working
hours for the major trades to ensure the workflow follows a certain rhythm. By consulting
with the appropriate management personnel, some adjacent activities can be performed
in parallel by setting the overlap percentage on the basis of the original sequence, i.e.,
fast-track. For example, in this research, tying vertical column bars allows for a fast-track
of 50%, indicating that tying vertical column bars can start after the previous activity of
column straight reinforcement bar extension has completed 50% for the whole floor. In
order to accelerate the project effectively, projects often use the fast-track technique to
shorten the duration [6]. In this regard, this paper accordingly modeled non-fast-track and
fast-track, and designed the overlap ratio of sequential activities.

The delineation of the construction area for the activities is re-planning the working
area of different trades so that only one type of trade is operating in a single area per unit
Takt. For example, at the beginning of the new floor, scaffolders were building the outer
frame, carpenters were matching the vertical formwork, bar placers were tying the column
rebars, pipefitters installed the wall wiring pipe. At the same time, there were workers
going back and forth to different floors to transport materials. During this time, there were
more than 30 workers sharing the same floor. They can run into each other’s traffic paths.
Therefore, based on the work method and pattern, bar placers and scaffolders were divided
into staggered areas, while limiting the time of entry of pipefitters and carpenters, so as to
reduce the interruption of working areas by various trades.

3.3. Arena Simulation

The simulation model of the construction activities was developed by formulat-
ing the corresponding logical relationship judgments according to the CPM diagram.
Figure 3 shows the operation logic diagram adopted by the model, which is divided into
3 parts—(1) yellow section: responsible for data input/output and constructing the con-
struction scenario; (2) orange section: the decision procedure of not setting up fast-tracking
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or not allowing the fast-tracking process; and (3) blue section: the decision procedure of
allowing the fast-tracking process under the fast-follow-up model. Appendix D shows an
example of the Arena modeling. Equation (1) is used to calculate the duration in the model:

D =
W
C

× P (1)

where D is the duration of an activity, and P, W, and C correspond to the workload,
productivity, and number of workers, respectively. For instance, if the quantity of P for
tying beam reinforcing bars is 246.14 m, C is 12 workers, and W is 15 min/m (generated by
a productivity function of 2 + LOGN(12.9,10.3)); D is 308 min = 15 × 246.14/12, equivalent
to 5.13 h.
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The modules used for each activity are (1) create; (2) assign; (3) process; (4) read/write;
(5) dispose; (6) decide and delay: to determine whether the previous activity is complete or
not, and to decide whether to delay its successor. Module (6) only exists for activities that
have predecessors.

The production rates used in the assign module fall into two main categories. One is
a continuous probability distribution function generated by fitting multiple sets of empir-
ical productivity data, e.g., tying column bars, tying beam bars; the others used discreet
discrete probability density functions, e.g., installing formwork, installing wiring and
a conduit.

According to the schedule and work pattern of the project, one Takt was determined to
be 5 h. In the case that an activity has a duration of less than one hour, the model deferred
to overtime to complete the activity. An example is if an activity needs 10.5 h to complete.
Two Takts are 10 h. Instead of having a third Takt totally devoted for the remaining 0.5 h,
the model used overtime of 0.5 to complete the activity.

3.4. VaR and CVaR Evaluation Analysis

The results of 4500 permutations of construction arrangements were simulated using
the Arena model. In order to effectively assist managers to select the optimal solution
among these combinations according to their own project conditions and preference, this
research adopted the VaR and CVaR methods for risk assessment to provide decision
support for construction managers. The VaR and CVaR methods can clearly select the
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optimal solution among a large number of alternatives and ensure that the solution meets
the managers’ preference as well as the objective constraints of the site.

VaR calculates the maximum loss expected at a given significance level, which in this
research can be interpreted as the latest time to finish at a given confidence level. For
example, a VaR of 20 days for α = 90% implies that the probability of not finishing in
20 days is limited to 10% [51]. The confidence level α represents the decision maker’s risk
tolerance level.

Equation (2) was used to evaluate VaR. Let a series of events obey a probability distri-
bution X, whose probability density function (PDF), i.e., f (x), and cumulative distribution
function (CDF) can be calculated. Let the VaR value of X be at confidence level α, i.e., it
should be satisfied: ∫ ψ

−∞
f (x)dx = α (2)

Assuming the relative duration of the PDF for f (x), project managers aim to ascertain
the completion time for α = 90% of the project, wherein the CDF equals F(x) = 90%. Substi-
tuting this into Equation (2) yields a result of 0.700, which is then translated into a VaR of
90% as VaR(0.9) = 70.0%. In conjunction with Equation (2), VaR can be understood as the
maximum upper bound in the manager’s given confidence level α or acceptable range. VaR
ignores the 100 (1 − α)% out-of-acceptance range scenario and focuses on the α% best-case
scenario only.

The concept of VaR is simple and can be quickly applied to find the maximum upper
limit of the acceptable range. But VaR itself has some drawbacks. As a discontinuous risk
measure [31], the VaR function is non-convex and not sub-additive, so when the extent of
loss exceeds the confidence level, i.e., α, the VaR measure does not provide any indication
of the severity of loss beyond the confidence level [27,52].

Instead, CVaR allows for the measurement of risk beyond the confidence level scenario.
CVaR, as a risk metric mechanism that extends VaR, will take into account these extreme
events in order to minimize their impact, allowing for risk assessment in the most unlikely
scenarios (beyond the confidence level) [53]. Unlike VaR, CVaR is a consistent risk measure
and a convex function with sub-additivity [52]. From a computational point of view, CVaR
usually does not significantly increase the complexity of the optimization model [30,37].
From a practical point of view, CVaR takes tail extremes into account, effectively metrics
the tails to obtain a globally optimal solution, and provides a relatively conservative risk
metric value with higher security and stability [52–55].

CVaRα(x) =
1

1 − α

∫ 1

α
VaRt(x)dt (3)

Equation (3) is calculated based on Equation (2), and the example where α = 90% is
still employed here. Initially, the integral of VaRt(x) within the range of 0.9 to 1 is computed,
followed by multiplying the integration result of 0.0862 by the weighted average of 1/0.1
to obtain CVaR(0.9), which equals 86.2%. Equation (3) was used to calculate CVaR. In
Equation (3), CVaR represents the expected loss beyond the accepted range. According to
Equation (3), CVaR can be interpreted as an integral from α to 1 that calculates the expected
time for all extremes that exceed the confidence level α, and then divides the result by
the percentage of extremes (1 − α). Thus, CVaR reflects the conditional expected value
of the extremes, or the average loss in excess of the acceptable level of risk. Compared
to VaR, CVaR assesses risk from a more conservative perspective and provides more
robust optimization.

A total of 4500 sets of data from 50 simulations of 90 labor combinations of the selected
model were simulated and the function images were fitted. Assuming that the minimum
value of the total duration in model (1) is 50 h and the maximum value is 90 h, which is
normalized to 0–1 for the fairness measure, the actual duration is transformed into the
corresponding percentile values using Equation (4) [52]. A histogram plot was developed
in steps of 2.5% and the probability density function was fitted using the great likelihood
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estimation method. Combined with the subjective risk tolerance of the project manager, the
relative duration under the confidence level α was calculated using VaR Equation (2), and
the optimal solution for the extreme case beyond the acceptable situation was calculated
using Equation (3). At the same time, if the confidence level α corresponding to the relative
duration is known, the maximum duration corresponding to this confidence level can be
derived inversely [51]. For example, the minimum value of the duration of the simulation
is xmin = 30 h and the maximum value is xmax = 60 h; now, the relative duration at x = 42 h
is required, which can be obtained by substituting into Equation (4) as 40%.

x% =
x − xmin

xmax − xmin
× 100% (4)

4. Case Studies

The case study is a high-rise residential project under construction in Qingdao with
a cast-in-place shear wall structure, Building #7, including 3 floors underground and
22 floors above-ground, with a total floor area of 11,156 square meters. The standard
floor is an approximate rectangle, with a length of 34 m, a width of 15.7 m, and a single-
floor area of 534 m2. The project started in February 2022. The building entered the
main structure construction phase in April. When data collection commenced in July, the
building was in the initial stages of constructing the 13th floor. The entire main structure
was anticipated to be completed by September 2022.

4.1. Preliminary Work

Figure 4 shows the standard floor construction plan, and the project has standardized
floors from the 2nd to the 21st floor. The structural design and construction methods are
identical for each floor. Based on the experience of the site managers, the production data
above the 19th floor became more stable and representative. This is because the initial and
end construction may be affected by the effect of start-up in the early stage and finishing-up
at a later stage. Therefore, this study collected data from the 14th to 17th floors. Two
authors stayed at the jobsite for the entire data collection period, 37 workdays from July to
August 2022. They observed and recorded the start and finish of each crew (typically one
or two workers) for each activity from the beginning to the end of working time every day.
As shown in Table 1, they recorded the date, location, start and finish time, and workspace
of each crew for each activity. For example, two workers erected column rebar on 15 July
from 8:30–9:15 a.m. between the designated column numbers in the structural design. In
total, the research team collected 1672 pieces of productivity data. The data were updated
in a shared folder and checked daily by the research group and compiled in a spreadsheet
for a further analysis.

Eighteen construction activities were identified after four layers of repetitive criteria
layer aggregation, and the corresponding CPM diagrams are shown in Figure 2, with
different colors corresponding to different work types. On average, it takes 78 h per layer.
Figure 5 includes site photos of construction activities.

According to the site conditions, the site workers can be categorized into carpenters,
bar placers, pipefitters, concrete workers, and scaffolders. Carpenters are roughly equally
subcontracted to four groups according to the floor plan, and the rest of the laborers are day
laborers and team workers. Carpenters were divided into four groups from left to right,
and there are four, two, three, and two workers per group. They worked 7 days a week
for an average of 10 h per day, from 6:00 a.m.–11:00 a.m., and from 1:00 p.m.–6:00 p.m.
The work of other trades was relatively unstable depending on the completion of their
predecessors, and interruption from the adjacent buildings. In general, they followed the
same work hours as the ones of the carpentry.
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4.2. Make Takt-Time Adjustments

The optimization process of the Takt-time planning method includes the following
three steps: (1) Determine the number of people working—according to the site’s working
conditions and consulting management personnel, the number of workers assigned for
the bar placing activity was 11, 12, 13, 14, 15, and 16; carpentry was 10, 11, 12, 13, and
14; pipefitting was 4, 5, and 6; and the permutations and combinations were carried out
to form a total of 6 × 5 × 3 = 90. For example, the combination 12, 10, and 4 indicates
that there are 12 bar placers, 10 carpenters, and 4 pipefitters. The numbers of scaffolders,
concrete workers, and bar placers were fixed and there is no work surface competition
with other types of work in the actual operation. Therefore, this research did not adjust it.
(2) Delineation of working hours—because carpentry is the key activity on the critical path,
the working hours for the construction site were standardized from 6:00 to 11:00 and 13:00
to 18:00, using the working hours of carpenters as the benchmark. Accordingly, a Takt of
5 h was used. If an activity took less than 5 h, it was counted as 5 h. (3) Delineation of the
work area—the building is a four-family residential building with symmetrical structure
except for the elevator part, so the floor plan was divided into two areas: the left H and the
right B as shown in Figure 6.

Buildings 2024, 14, x FOR PEER REVIEW 10 of 20 
 

4.2. Make Takt-Time Adjustments 
The optimization process of the Takt-time planning method includes the following 

three steps: (1) Determine the number of people working—according to the site’s working 
conditions and consulting management personnel, the number of workers assigned for 
the bar placing activity was 11, 12, 13, 14, 15, and 16; carpentry was 10, 11, 12, 13, and 14; 
pipefitting was 4, 5, and 6; and the permutations and combinations were carried out to 
form a total of 6 × 5 × 3 = 90. For example, the combination 12, 10, and 4 indicates that there 
are 12 bar placers, 10 carpenters, and 4 pipefitters. The numbers of scaffolders, concrete 
workers, and bar placers were fixed and there is no work surface competition with other 
types of work in the actual operation. Therefore, this research did not adjust it. (2) Delin-
eation of working hours—because carpentry is the key activity on the critical path, the 
working hours for the construction site were standardized from 6:00 to 11:00 and 13:00 to 
18:00, using the working hours of carpenters as the benchmark. Accordingly, a Takt of 5 
h was used. If an activity took less than 5 h, it was counted as 5 h. (3) Delineation of the 
work area—the building is a four-family residential building with symmetrical structure 
except for the elevator part, so the floor plan was divided into two areas: the left H and 
the right B as shown in Figure 6. 

 
Figure 6. Construction work areas. 

4.3. Generate Simulation Data 
All available data were imported into Arena’s built-in Input Analyzer for function 

fitting, and productivity distribution functions were developed and used for model sim-
ulation. Random samples from the productivity distribution function were used as 
productivity inputs for each simulation. 

Depending on the actual situation, some of the activities can be fast-tracked. There-
fore, four sub-models were created by adjusting the Takt-time planning method: (1) no-
fast-track and Takt = 5; (2) no-fast-track and Takt = 2.5; (3) 50% fast-track and Takt = 2.5; 
and (4) H-B area delineated, 50% fast-track, and Takt = 2.5. A detailed model is attached 
as Appendix D. Each sub-model simulates the aforementioned 90 labor combinations in 
the Arena model, respectively. Each combination was run 50 times and a total of 18,000 
sets of outputs were produced. The details of research steps can be found in Appendix E. 

5. Results and Discussion 
5.1. Optimization of Model and Workforce Combinations at Takt-Time 

Figures 7 and 8 show the results of the simulation for project duration and cost. Each 
color mapping chart corresponds to a model constructed in Arena, where the x-axis 

Figure 6. Construction work areas.

4.3. Generate Simulation Data

All available data were imported into Arena’s built-in Input Analyzer for function
fitting, and productivity distribution functions were developed and used for model simula-
tion. Random samples from the productivity distribution function were used as productiv-
ity inputs for each simulation.

Depending on the actual situation, some of the activities can be fast-tracked. Therefore,
four sub-models were created by adjusting the Takt-time planning method: (1) no-fast-track
and Takt = 5; (2) no-fast-track and Takt = 2.5; (3) 50% fast-track and Takt = 2.5; and (4) H-B
area delineated, 50% fast-track, and Takt = 2.5. A detailed model is attached as Appendix D.
Each sub-model simulates the aforementioned 90 labor combinations in the Arena model,
respectively. Each combination was run 50 times and a total of 18,000 sets of outputs were
produced. The details of research steps can be found in Appendix E.

5. Results and Discussion
5.1. Optimization of Model and Workforce Combinations at Takt-Time

Figures 7 and 8 show the results of the simulation for project duration and cost.
Each color mapping chart corresponds to a model constructed in Arena, where the x-axis
represents the number of carpenters, the y-axis represents the pipefitters, and the z-axis
represents the bar placers. The coordinate points signify the corresponding simulation data.
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5.1.1. Vertical Comparison: Different Models with the Same Labor Combination

The results of the comparison of the durations required for the same labor combination
are shown in Table 2. The comparison of Figure 7 and Table 2 shows that shortening Takt = 5
to Takt = 2.5 results in a 3.2% reduction in the duration. By adjusting smaller Takt changes,
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we found more gap time and repetitive work. But there was no significant decrease in the
duration found. The most obvious reduction in duration was found when fast-tracking
was used. The goal of Takt production is to identify repetitive processes in production and
balance them, and more repetitive work can be found by dividing smaller areas [17].

Table 2. Comparison of duration under 4 models (in hours).

No-Fast-tr.
Takt = 5

No-Fast-tr.
Takt = 2.5

Fast-tr.
Takt = 2.5

Subarea-Fast-tr.
Takt = 2.5

Minimum 69.3 67.18 57.95 55.28
Maximum 87.26 84.9 74.53 70.81
Average 77.98 75.55 65.73 62.55

Average/No-fast-tr.
Takt = 5 1 0.969 0.843 0.802

Average/No-fast-tr.
Takt = 2.5 / 1 0.87 0.828

Average/Fast-tr.
Takt = 2.5 / / 1 0.952

After continuously improving the Takt-time approach using the four models, the
research found smaller Takt variations, a more compact process, smaller zones, and more
gap time. The floor duration was 20.2% shorter than the actual duration of the project and
uncertainty in man hours was also reduced. Accompanied by adequate batch sizes, Takt
production can be considered to radically reduce the duration of production [56].

The reduction in project duration often requires additional costs [6]. This paper
reduces indirect costs while avoiding additional labor costs by setting a Takt of 5 h or
2.5 h, which guarantees 10 working hours per day. Although the adjustment of Takt-time
and fast-track did not change the actual operation time, the reduction in Takt and more
compact flow reduced the probability of the gap period per unit of Takt. By optimizing
the workers’ working space to facilitate more reasonable construction, the labor cost was
reduced by 2.1%.

5.1.2. Horizontal Comparison: Different Labor Combinations with the Same Model

While optimizing the model, the research found the impact of workforce. Most
pipefitters’ work is not on the critical path. Changes in the number of workers do not have
a significant impact on the duration. Too many workers can instead add unnecessary costs
to the project. It is worth noting that the labor cost is mostly the same when the number
of pipefitters is four or five, but the duration varies. When the number of pipefitters is
increased to six, the total cost increases by about 1.2%. But the reduction in duration is
negligible. Therefore, in this case, it is most reasonable to assign five pipefitters.

Carpenters work long hours, so changes in the number of carpenters can lead to signif-
icant fluctuations in the duration. In this case, each time when the number of carpenters is
increased, it can shorten the duration by about 3 h. However, the cost was about the same
when using 11 or 13 workers. This is a similar situation when the number of pipefitters was
adjusted. The cost of the project decreased when the number of pipefitters increased from
11 to 12. In summary, adjusting the number of carpenters can lead to a fluctuation of about
20% for duration and 10% for cost. In practical application, we can find the bottleneck of
the number of carpenters and seek the best cost-effective number of workers.

Although bar placers occupy some of the CPM activities, these activities are generally
short and were performed by a relatively large group of workers. Therefore, when increas-
ing the number of bar placers in the range of 12–16, project duration was shortened and
cost was increased. However, the increase from 11 to 12 workers shortens the duration but
increases the cost by CNY 1400. Beyond a certain range, too few bar placers can have the
dual side effect of lengthening the duration and increasing the cost. Once the minimum
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headcount threshold is met, the appropriate number of workers should be determined
based on the schedule needs and the project budget.

5.2. VaR and CVaR Analysis for Specified Models
5.2.1. VaR and CVaR Analysis of Construction Period

The 50 replicated simulations for each of the 90 labor combinations were fitted to
a function image in Figure 9 according to the method described in Section 3.4. The image’s
horizontal axis signifies the selected program indicators, the left vertical axis denotes
the probability density, and the right vertical axis represents the cumulative distribution.
Table 3 offers a comparative analysis of VaR and CVaR for the construction period under
various confidence levels. In this research, the relative duration at the confidence level
α = 0.9 was firstly chosen for the analysis, and Figure 8a shows the image of the VaR and
CVaR function. Under this confidence level, the CDF corresponding to the cumulative
distribution of 0.9 was found from the right axis, and the corresponding PDF was obtained,
and then the relative duration x under this confidence level was calculated by combining
with Equation (4). At the confidence level α = 0.9, we found VaR = 70.0%. Referring to
Equation (2), we identified the associated actual duration of 69.69 h. It means that the floor
can be completed in 69.69 h at the 90% confidence level. If the floor is not completed in
69.69 h, the expectation of the duration is outside the acceptable range. The new expectation
will be 74.56 h, i.e., if 69.69 h is set as the upper limit of the acceptable range, the expected
time to complete the floor after exceeding the upper limit will be 74.56 h. Conversely,
a project manager who wants to complete the floor in 69.69 h can reverse the above process
to arrive at a 90% certainty of completing the floor within that time.
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The overestimation of risk incurs additional costs, and the underestimation of risk may
lead to irreversible losses [31]. So, an appropriate confidence level needs to be chosen. In
order to have a better grasp of the duration, instead of using Alierza’s confidence level of 0.9
for the escalation factor, this paper chooses to use the relative duration with confidence level
α = 0.75 (Figure 9c) for comparison because α = 0.75 is more comparable in this case [45].
The floor duration at α = 0.75 was calculated as VaR(0.75) = 65.94 h, CVaR(0.75) = 70.38 h.
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Combining the durations at the two confidence levels, the degree of certainty was increased
by 15% in the case of only a 4 h delay, which is undoubtedly favorable to the grasp of the
schedule. Project managers can combine the probability image with fuzzy estimation when
grasping the duration, and calculate the corresponding duration prediction after choosing
the appropriate confidence level.

Table 3. VaR and CVaR comparison of the construction period.

Confidence Level α α = 90% α = 75% Results of
α = 90% vs. α = 75%

VaR
relative value 70.0% 57.5% reduced by 12.5%
actual value 69.69 h 65.94 h reduced by 3.75 h

CVaR
relative value 86.2% 72.3% reduced by 13.9%
actual value 74.56 h 70.38 h reduced by 4.18 h

Results of
VAR vs. CVAR

relative value increased by 16.2%
actual value increased by 4.87 h

relative value increased by 14.8%
actual value increased by 4.44 h

5.2.2. VaR and CVaR Analysis of End Time of Tying Beam Reinforcing Bars

Combining a VaR and CVaR analysis can help field managers to extrapolate activity
duration. Using tying beam bars as an example, the distribution graph in Figure 9b can
be used to find out that VaR(0.9) is 42.54 h and CVaR(0.9) is 45.27h. For α = 0.75 (Figure 9d),
VaR(0.75) is 40.01 h and CVaR(0.75) is 45.39 h. Table 4 illustrates a comparison of VaR and
CVaR for the completion time of tying beam reinforcing bars at different confidence levels.
Research has found that (1) as the confidence level increases, VaR increases and completion
time is delayed; (2) as the confidence level increases, CVaR may not necessarily increase,
meaning that a conservative completion time may not necessarily be delayed; (3) the
amplitude of changes in VaR and CVaR is found to be uncorrelated; and (4) the choice of
confidence level is crucial for evaluating the changes in the results, and a low confidence
level is not advisable. Thus, in practice, managers need to find the optimal trade-off
between reward and risk [24].

Table 4. VaR and CVaR comparison of end time for tying beam bars.

Confidence Level α α = 90% α = 75% Results of
α = 90% vs. α = 75%

VaR
relative value 65.0% 55.0% reduced by 10.0%
actual value 42.54 h 40.01 h reduced by 2.53 h

CVaR
relative value 75.8% 76.3% increased by 0.5%
actual value 45.27 h 45.39 h increased by 0.12 h

Results of
VAR vs. CVAR

relative value increased by 10.8%
actual value increased by 2.73 h

relative value increased by 21.3%
actual value increased by 5.38 h

5.3. Validation of Results

To test the validity of the findings, the authors interviewed two managers from the case
study project and three managers from other projects. The five respondents had an average
of 11 years of construction experience. In order to understand how the respondents assessed
Takt-time and VaR and CVaR, the authors asked the following questions: (1) Does the step-
by-step optimization in Takt-time facilitate the improvement in on-site construction? (2) Is
the proposed workforce combination based on the optimization of Takt-time beneficial to
the workforce allocation? (3) Does the schedule plan based on the VaR and CVaR analysis
facilitate schedule communication?

The interviewees agreed that the step-by-step optimization provided by Takt-time is
aligned with the principle of continuous improvement. Through the improvement, the
construction plan will be more compacted. At the same time, the workforce combination
developed is useful for worker allocation on the site. The VaR and CVaR prediction and
analysis graph connected the probability with the corresponding results, so that they have
a more solid basis for reporting in the corresponding meetings.
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6. Conclusions

This paper applied the Takt-time planning method in a case study project to establish
four fast-track simulation models using a three-step optimization and 90 labor combinations
to optimize the duration and cost of the project. The optimized result is 20.2% shorter than
the actual duration, while the labor cost is reduced by 2.1%.

In construction projects with many repetitive activities, the proposed method can
be used to optimize resource utilization based on the project’s unique conditions and
preference. In addition, the advantages of the Takt-time scheduling method lie in regulating
working time, reducing overtime, and limiting one crew in a certain construction area,
which is very beneficial to improve safety and minimize interference of working space.

VaR and CVaR approaches derive a threshold at a given confidence level and provide
a way to evaluate and prepare for extreme situations. The VaR approach provides the corre-
sponding probability interchangeable with the actual situation. CVaR provides the optimal
scenario for unanticipated situations. This research demonstrated how to implement a VaR
and CvaR analysis using outputs from 4500 sets of simulation. The combination of the VaR
and CVaR approach can help managers to minimize the chance of blindly choosing the
worst combination, and facilitate progress monitoring and effective communication for
site management.

The theoretical contributions of this paper are mainly twofold. Firstly, it is the first
instance of establishing a research framework that integrates three independent research
methods, namely, the Takt-time-based schedule method, Arena’s multi-scenario simulation,
and VaR and CvaR’s subjective and objective risk analysis method. This framework can
realize a whole set of mechanisms from resource allocation to a scenario change and risk
analysis, to achieve resource optimization based on the actual needs of the project and
risk control with stability under different scenario changes. This study not only created
a new research framework, but also enabled a smooth connection at the data interface
level. Secondly, the VaR and CVaR approaches for risk assessment were applied to the
field of construction planning. It predicts the results of different construction scenarios
based on the managers’ preference and projects’ risk tolerance. In practice, the optimal
solution selected among a large number of alternatives and specific application scenarios is
useful for project managers to make planning decisions facing uncertainty of job sites and
particular priority requirements of projects.

Two future research directions are proposed. First, this paper focused on high-rise
residential buildings with a design of standard floors. Future research can be expanded
to other types of structures to explore the adaptability of the research framework. Second,
the current VAR and CVAR evaluations focus only on the construction schedule, and
additional performance indicators such as cost or quality can be added to develop a more
comprehensive risk evaluation profile of construction projects.
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Productivity 

(min/m)
B1 67 3.75 17.87
B2 16 3.32 4.82
B3 22 2.6 8.46
B4 35 4.2 8.33
B5 1.33 0.00
B6 11 1.33 8.27
B7 1.91 0.00
B8 93 5.34 17.42
B9 25 2.32 10.78
B10 16 2.12 7.55
B11 65 4.4 14.77
B12 60 6.21 9.66
B13 20 1.9 10.53
B14 42 2.62 16.03
B15 21 2.1 10.00
B16 1.32 0.00
B17 1.32 0.00
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Activity Ave. 
Duration

Stand 
Deviation Minimum Maximum

95% upper 
confidence 

limit
Install scaffolding 10.36 2.11 6.68 12.15 10.94
Set up column hoops 0.88 0.54 0.21 2.32 1.03
Extend column bar 3.07 1.30 0.91 5.76 3.43
Tie wall and column reinforcing bar 4.60 2.56 1.39 12.42 5.31
Tie beam reinforcing bar 4.95 3.65 1.35 16.54 5.96
Tie base plate reinforcing bar 2.68 0.70 1.64 3.40 2.88
Tie cover plate reinforcing bar 2.71 0.79 1.47 3.45 2.93
Remove N-1 level vertical formwork 4.21 0.91 2.03 6.48 4.46
Install vertical formwork 7.16 1.64 3.94 10.17 7.62
Erect full-height scaffolding 4.52 0.13 4.24 4.60 4.56
Install Horizontal formwork 10.29 2.26 6.63 14.36 10.92
Reinforce formwork 18.75 1.94 15.03 21.25 19.29
Remove N-2 level horizontal formwork 4.35 0.72 3.04 4.97 4.54
Locate and check the wire box 0.93 0.16 0.70 1.12 0.98
Install in-wall junction box 3.19 0.67 2.41 4.25 3.38
Leave holes in advance 1.17 0.26 0.93 1.65 1.24
Wire duct in mounting plate 5.19 0.99 4.20 6.84 5.46
Pour concrete 8.07 1.47 6.67 10.45 8.48
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Remove N-1 level vertical formwork 4.21 0.91 2.03 6.48 4.46
Install vertical formwork 7.16 1.64 3.94 10.17 7.62
Erect full-height scaffolding 4.52 0.13 4.24 4.60 4.56
Install Horizontal formwork 10.29 2.26 6.63 14.36 10.92
Reinforce formwork 18.75 1.94 15.03 21.25 19.29
Remove N-2 level horizontal formwork 4.35 0.72 3.04 4.97 4.54
Locate and check the wire box 0.93 0.16 0.70 1.12 0.98
Install in-wall junction box 3.19 0.67 2.41 4.25 3.38
Leave holes in advance 1.17 0.26 0.93 1.65 1.24
Wire duct in mounting plate 5.19 0.99 4.20 6.84 5.46
Pour concrete 8.07 1.47 6.67 10.45 8.48

Appendix D. The Models Generated in Arena Software (an Excerpt)
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1. Productivity data collection and analysis:

(1) Collect sufficient productivity data (illustrated in Table 1);
(2) Calculate productivity (illustrated in Appendix A).

Example: For tying beam reinforcement at B1 on the 14th layer, calculate productivity
as follows: A. Divide recorded time data into sessions: “1 person, 6:02–6:47” and “1 person,
8:12–8:34”. B. Calculate tying duration (D) = 67 min. C. Measure beam reinforcement length
(P) at B1 = 3.75 m. D. Calculate productivity at B1 as W = D/P = 17.87min/m. E. Apply the
same method to determine productivity for other layers and other activities.
2. Identifying productivity distribution curves:

Detailed analysis steps are shown in Appendix B.
3. Takt-Time adjustment:

(1) Determine working hours based on recorded data.
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(2) Dividing regions for different construction activities.
(3) Set Takt as 5 or 2.5 h, only allowing one crew in one unit area within the Takt.
(4) Apply 50% fast-tracking.

4. Model establishment:
Build simulation models and assign variables. Appendix D shows an example.

5. Simulation and data analysis:
Simulate 50 iterations randomly using the productivity function.
Utilize a 95% confidence level for the simulation results.
Record model data into an external table based on the CPM chart (Appendix C).

6. Create a 3D color-mapped plot:
A summary of 90 groups of the labor force for four models is compiled and plotted in

Figure 7.
7. Normalize data, and VaR and CvaR analysis:

(1) Select optimal model data.
(2) Normalize simulated data from 0 to 1.
(3) Calculate project parameters using Equation (4).
(4) Determine VaR and CVaR values based on the selected confidence level using

Equations (2) and (3), respectively.
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