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Abstract: The xCELLigence real-time cell analysis (RTCA) system has the potential to detect cellular
proliferation, migration, cytotoxicity, adherence, and remodeling. Although the RTCA system
is widely recognized as a noninvasive and efficient tool for real-time monitoring of cellular fate,
it cannot describe detailed cell morphological parameters, such as length and intensity. Transforming
growth factor beta(TGF-f3) induced the epithelial-mesenchymal transition (EMT), which produces
significant changes in cellular morphology, so we used TGF-3 to treat A549 epithelial cells in this
study. We compared it with lipopolysaccharide (LPS) and cigarette smoke extract (CSE) as stimulators.
We developed an efficient algorithm to quantify the morphological cell changes. This algorithm is
comprised of three major parts: image preprocessing, Hough transform (HT), and post-processing.
We used the RTCA system to record the A549 cell index. Western blot was used to confirm the EMT.
The RTCA system showed that different stimulators produce different cell index curves. The algorithm
determined the lengths of the detected lines of cells, and the results were similar to the RTCA system
in the TGF- group. The Western blot results show that TGF- changed the EMT markers, but the
other stimulator remained unchanged. Optics-based computer vision techniques can supply the
requisite information for the RTCA system based on good correspondence between the results.

Keywords: xCELLigence real-time cell analysis; cell morphology; TGFE-f3; epithelial-mesenchymal
transition; Hough transform

1. Introduction

Morphological properties are used to distinguish different kinds of cells or the same cell in
different stages to help with understanding molecular cell fate [1]. Many studies have demonstrated
that treatment with transforming growth factor beta (TGF-f3) results in a significant change in cellular
morphology; epithelial cells are changed from a typical cobblestone type to slender fibroblast-like
mesenchymal cells [2,3]. This process is also called epithelial-mesenchymal transition (EMT). EMT was
first described by Hay [4] and plays an important role in the processes of chronic inflammation, tissue
reconstruction, tumor migration, and fibrosis diseases [5,6]. Thus, morphological changes are an
imperative optical indicator to illustrate the effect of TGF-§3 in the EMT process.

Numerous studies have described changes in cell shape by direct microscopic observations [7,8].
Some reports have observed morphological changes of cells using immunofluorescence assay [2,9].
A new real-time apparatus called the xCELLigence real-time cell analysis (RTCA) system has become
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popular for detecting the proliferation, migration, cytotoxicity, adherence, and remodeling of cells,
and drug screening [10-12]. It is widely recognized as a noninvasive and efficient tool for real-time
monitoring of cellular fate [13,14]. The system mainly detects impedance change using an E-plate 96,
which is covered with a metal electrode for signal induction. When cells attach to or detach from the
surface electrodes of the E-plate 96, electronic impedance occurs [15]. For example, changes in shape,
proliferation, and adhesion rate of cells produce different impedances over time [16,17]; the impedance
signal can be transformed into a cell index, presented as colorful curves that provide an approach to
visualize the biological status of cells [15]. However, it cannot detail the morphological parameters of
cells, such as length and intensity. Therefore, developing a novel method to quantify the morphological
cell change using optics-based computer vision techniques is necessary.

Computer vision techniques have gained popularity for detecting the characteristics of cells,
including single-cell shape, cell number, and categories using fluorescent dyes [18,19]. Few reports,
however, have proposed methods to extract the morphological parameters of TGF-3-stimulated A549
cells using an algorithm. Thus, we designed an algorithm to acquire the parameters of cells according
to the images captured by an inverted microscope. The development of the algorithm is based on
MATLAB R2014a (MathWorks, Natick, MA, USA), which is a programming platform that can be
used for image processing. Our framework is divided into three major parts: image preprocessing,
Hough transform (HT), and post-processing. HT is the core step, providing an effective method to
detect straight and curved lines in an image [20]. The sound mathematical theory of HT has been
applied in many disciplines, such as the detection of lane lines [21], the calculation of the height of
trees [22], and red blood cell counts [18,19]. In this study, we used the HT method to extract and mark
the boundaries of cells. To develop the best procedure, we applied some modifications after the HT
process to quantify the cells’ number and length.

Based on the above considerations, in this research, we first found that the EMT process activation
is induced by TGF-p at different time points and further confirmed the expression of EMT markers
by Western blot. Then, we applied the RTCA system to understand the relationship between the
morphological properties and the typical cell index. An effective MATLAB-based algorithm was
developed to extract and quantify the cells” structural parameters from the cell images. After a
comparison of the two methods, the morphological characteristics obtained by the algorithm provide a
good supplement to the requisite information of the RTCA system.

2. Materials and Methods

2.1. Reagents

TGF-f3 was purchased from PeproTech (PeproTech Inc., Rocky Hill, NJ, USA). Lipopolysaccharide
(LPS) was purchased from Sigma-Aldrich. (St. Louis, MO, USA). Research-grade (3R4F) Marlboro
cigarettes containing 9.5 mg tar and 0.73 mg nicotine per cigarette was used in this study. Cigarette
smoke extract (CSE) was prepared according to the methods reported in previous studies [23,24].
This medium was considered as “100% CSE”, and then diluted to different concentrations with fresh
culture medium for experiment.

2.2. Cell Culture

The A549 human NSCLC cell line was purchased from ATCC (CCL-185, Rockville, MD, USA).
For conventional passage, cells were cultured in RPMI 1640 medium, supplemented with 2 mM
L-glutamine (Corning Life Science, Manassas, VA, USA), 10 mM HEPES, 100 U/mL penicillin, 100 U/mL
streptomycin, and 10% (v/v) fetal bovine serum (FBS) (Sigma-Aldrich, St. Louis, MO, USA) and
incubated in 5% CO, at 37 °C for 24 h. For cell starvation, cells were cultured in RPMI 1640 medium
containing 0.5% (v/v) FBS for 24 h. After cell starvation, the medium was changed, cells were cultured
in the same low serum containing RPMI 1640 medium for drug administration during the next
48 h: TGF-p (10 ng/mL), LPS (100 ng/mL and 500 ng/mL), and CSE (1% and 2%). The cells without
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stimulation were used as the control. During the stimulation, we captured pictures under an optical
microscope (#OlympusCKX31, Olympus Corporation, Tokyo, Japan) and then harvested cells for
Western blot analysis.

2.3. Cell Index Assay in xCELLigence RTCA Single-Plate (SP) System

The xCELLigence RTCA SP system (Roche Applied Science, Basel, Switzerland) consists of three
parts: (1) an RTCA analyzer (ACEA Biosciences Inc., San Diego, CA, USA, model W380, catalog
number: 00380601510) used to measure, process, and analyze the impedance (cell index), which was
detected by sensor electrodes in E-plate 96 (ACEA Biosciences, catalog number: 05232376001); (2) the
RTCA SP Station (ACEA Biosciences, catalog number: 05229057001) was a plate holder that was
placed inside of the incubator and connected to the RTCA analyzer; and (3) an RTCA control unit
(ACEA Biosciences, catalog number: 05454417001) was preinstalled with RTCA software (ACEA
Biosciences, version numbers 1.2.1.1002 and 2.1.0) to evaluate the data. To measure the background,
we placed 50 L. RPMI 1640 medium in the E-plate 96 and placed it in the incubator at 37 °C, 5% COs.
Then, we added 100 pL. A549 cell suspension (3000 cells/well) with 10% FBS RPMI 1640 medium and
maintained the plate at room temperature (RT) for 30 min to confirm the suspension in the bottom part
of the plate. After 24 h incubation, the medium was changed with 100 uL of 0.5% FBS RPMI 1640 for
cell starvation, and the cell index was recorded every 5 min for 24 h. Then, the cells were stimulated
with TGE-f3 (10 ng/mL), LPS (100 ng/mL and 500 ng/mL), and CSE (1% and 2%) and monitored every
5 min to obtain the cell index for 48 h. Every independent experiment was performed in triplicate.
The interval slope was calculated automatically by the RTCA software to evaluate the rate of cell index
change. To demonstrate the effect of treatments, the cell index was normalized to an equal value at the
normalization time point.

2.4. Western Blot Analysis

Proteins were extracted by radio immunoprecipitation assay (RIPA) lysis buffer (including protease
inhibitor cocktail, Phenylmethanesulfonyl Fluoride (PMSF), and phosphatase inhibitor) and centrifuged
at 13,000x g at4 °C for 15 min. Protein concentrations were determined using Bio-Rad reagent (Bio-Rad
Inc., Hercules, CA, USA). The 5x loading buffer (Beyotime Inc., Shanghai, China) was added to
the proteins and boiled at 120 °C for 5 min. Dodecyl sulfate sodium salt (SDS)-Polyacrylamide gel
electrophoresis (PAGE) (SDS-PAGE) gels were prepared at 8%, 10%, or 12%. Thirty micrograms of
proteins were electrophoresed (30 V for 30 min, 70 V for 40 min, and 130 V for 30 min) and then
transferred to nitrocellulose (NC) membranes (300 mA for 90 min). After, the membranes were
blocked with blocking buffer (5% bovine serum albumin (BSA)) for 1 h and incubated with following
primary antibodies at 4 °C overnight. Rabbit anti-GAPDH (# db106, 1:50000) and rabbit alpha smooth
muscle actin («-SMA) (#db2140, 1:8000) were purchased from Digbio (Hangzhou, China). Rabbit
anti-fibronectin (#GTX112794, 1:1000) and rabbit anti-E-cadherin (#GTX100443, 1:1000) were purchased
from Gentex (San Antonio, TX, USA). After, the membranes were washed with 1x Tris-buffered saline
and Tween-20 (TBST) three times, and then incubated with the secondary antibody (1:5000) (IRDye
800CW goat anti-rabbit; IRDye 680CW goat anti-mouse (LI-COR Biosciences, Cambridge, U.K.) for
1.5 h at room temperature. The membranes were washed with 1x TBST three times and then imaged
with Odyssey CLx infrared imaging system (LI-COR Biosciences, Cambridge, U.K.). The bands
were quantified using Imagine Studio Version 5.2 software (LI-COR Biosciences, Cambridge, U.K.),
and GAPDH was used to normalize the target of the proteins.

2.5. Detection of Morphological Parameters

The images of the cells recorded by a digital camera are fairly complicated due to the different cell
growth stages, cell numbers, and the mixtures of various substance (adherent cells and floating cells)
(Figure 1). All of that added the difficulty of image processing. To ensure the robustness of our method
in complex situations, we designed the following three processes: (a) image preprocessing, (b) HT,
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and (c) post-processing (Figure 1). These processes emphasize the important information in the image
and ignore the other noise. Our framework was realized by programming based on MATLAB R2014a.
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Figure 1. The framework of the digital image process. (a) Image preprocessing includes
gray transformation, median filter, contrast manipulation, and canny edge detection; (b) Hough
transform (HT) demonstrates the transformation between image space and parameter space; and (c)
post-processing includes removing excessive lines and integrating intersecting lines.

2.5.1. Image Preprocessing

The original three-channel color images (red, blue, green (RGB)) were first transformed into
single-channel gray images. We then chose a median filter to remove the noise to preserve the sharp
edge of cells while efficiently removing the salt-and-pepper noise [25]. The cells in the image are
relatively darker since the light transmittance of the cytoplasm is lower than that of the culture medium.
Therefore, the images should be further enhanced with contrast manipulation by highlighting the
shape of cells; a cube function was also implemented to stretch the gray range as follows:

F(i) = (GG )P, 1)

where G(i,j) represents the normalized value of the pixel in the denoised gray image and F(i)j) is
the enhanced value of the pixel. The cube function has a slower slope where the value is small;
thus, cells with a low gray level would be stretched after enhancement. As such, the difference
between the cells and the culture medium becomes apparent, as do the signals of cell boundaries
(Figure 1a). The final step in the preprocessing is characterizing cells’ boundaries based on a canny
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edge detector [26], which is a popular non-parametric edge detection approach with three features:
good detection, good localization, and low spurious response. This method finds edges by looking for
the local maxima of the image gradient, and the gradient is calculated by the derivative of a Gaussian
filter. The edge image (Figure 1a) contains the main morphological information of cells and removes
other useless signals, including the cytoplasm and culture medium.

2.5.2. Hough Transform (HT)

The edge images obtained from preprocessing are binary images, including boundaries of cells
(white) and background (black). The boundaries of cells are relatively randomly distributed due to
cells” disordered locations. Therefore, we applied HT to locate and quantify every cell boundary in the
edge images. HT is an effective method to detect straight and curved lines. A straight line in x,y image
space can be represented as angle-radius (6—p) in parameter space [20]:

p=x-cos0+ysin0 2)

As shown in Figure 1b, parameter p represents the algebraic distance between the line and the
origin, and 0 is the angle between the normal line and the x-axis. If two points {(x1, 1), (x2, ¥2)} are
collinear, they have the same parameters (0—p). After transforming the two points into the sinusoidal
curves in the 6—p plane, the curves with an intersection point correspond to collinear points in x,y space
(Figure 1b). To specify the unique relationship between the line and the parameters, 0 is restricted
to the interval [0, 7). As such, all the points in the x,y image space can be converted into curves in
parameter space, and curves concurrent at (6;—p;) would be voted in accumulate array [Hy]. [Hjl
was used to record the number of points in the image space that intersected at the same parameters
(6i—pj). Finally, we were able to determine all the straight lines in the image space according to the
[Hj] information. In our case, only lines longer than 20 pixels are marked and recorded in an image
because a lower threshold can easily be affected by image noise. HT is also able to avoid the obstruction
introduced by floating cells in the image. To be specific, floating cells in the image are bright and
rounded (Figure 1a), distinguishing them from other cells. However, the aim of HT is to detect a linear
pattern, so rounded floating cells would be neglected.

2.5.3. Post-Processing

After all the straight lines in the images are marked, some unreasonable results remain when
quantifying the morphological characteristics of the cells. Hence, we divided the unreasonable
detections into two categories: (1) one cell might be marked by approximate parallel lines more than
once, as shown in Figure 2 (red circles); (2) a slender cell might be described by several discrete lines
(blue circles), where the lines should be joined into a longer line to represent the real attributes of
the cell. Since these issues can impact the accuracy of the results, we had to correct the detections
after Hough transformation. First, if the minimal distance between two lines was fewer than 15 pixels
and with an included angle less than 20°, the shorter line would be removed, while retaining the
longer one to mark the cell. Secondly, lines with intersection points or very close were integrated as a
longer piecewise line to represent a cell. Correcting the above unreasonable detections can guarantee
the accuracy of cell quantification. Finally, the line lengths of cells and the number of lines were
output as morphological parameters to indicate the cells” dynamic changes under different treatments.
We selected several typical images to validate the results from the algorithm and manual detections
(Figures S1 and S2), provided the scatter plots of real length and detected length (Figure S3) and
compared the error of detected length among different groups (Figure S4).
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Figure 2. Two kinds of detection before and after post-processing. The red circles represent excessive
lines for marking cells, and the blue circles represent lines with points of intersection.

2.6. Statistical Analysis

The cell index was used for real-time cell fate assessment; the slope of the cell index and normalized
cell index were calculated automatically by the RTCA software package 2.1.0(ACEA, Biosciences Inc.,
San Diego, CA, USA). The numerical data are reported as the mean + SD. The Western blot analysis
data are reported as the mean + standard error of the mean (SEM). The morphological parameters
were obtained based on typical images with numerical form, and the data are shown as the mean +
SD. Statistical differences between the different groups were evaluated using one-way ANOVA with
Bonferroni’s multiple comparison test with GraphPrism5 software (GraphPad Software Inc., San Diego,
CA, USA); p < 0.05 was considered significant.

3. Results

3.1. Phenotypic Changes in the TGF-B-Induced EMT Process in A549 Cells

To investigate the morphological changes of A549 cells, we stimulated A549 cells with TGE-f3
(10 ng/mL), LPS (100 ng/mL; 500 ng/mL), and CSE (1% and 2%). Cells were treated following the
timeline in Figure 3a. We found that after the induction of TGF-f3, A549 cells changed to the fibroblast
type, but this change was not observed in the LPS and CSE groups (Figure 3b). These results suggest
that TGF-f3 can induce distinct morphological changes in A549 cells. Some studies revealed that TGF-f3
initiates the EMT process by altering the expression of genes, including E-cadherin [27], vimentin [28],
and o-SMA [29], which leads to a loss of cell—cell junctions [7], cytoskeletal reconstruction [30], and an
increase in cell invasion [31]. To further confirm the biological changes of A549 cells induced by TGE-§3,
LPS, and CSE, we detected the EMT markers using Western blot, which showed that TGF-3 significantly
upregulated the expression of fibronectin and x-SMA but downregulated E-cadherin compared with
the control group (p < 0.01; Figure 3c). However, no significant differences were observed in the LPS
and CSE groups compared with the control group. Taken together, the TGF-p-induced EMT process is
responsible for the distinct morphological changes in A549 cells.
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Figure 3. Changes in morphology and biomarkers in the transforming growth factor beta
(TGE-B)-induced epithelial-mesenchymal transition (EMT) process of A549 cells. (a) Schematic
treatment points of experimental design. After serum starvation for 24 h, cells were treated with
TGF-f3 (10 ng/mL), lipopolysaccharide (LPS) (100 and 500 ng/mL), and cigarette smoke extract (CSE)
(1% and 2%) for 48 h. (b) Representative images (original magnification 200x). Red arrows indicate
a part of the typical cell shape (cobblestone type) in the control group, and blue arrows indicate a
part of the fibroblast type of A549 cells after stimulation by TGF-f3. (c) Representative bands and
quantitative analysis of EMT markers (fibronectin, E-cadherin, and alpha smooth muscle actin (x-SMA).
The expressions were detected by Western blot. GAPDH was used as the loading control. *** p < 0.001,
**p < 0.01 vs. the control group, n = 3.

3.2. Real-Time Detection of Cell Index in A549 by xCELLigence RTCA SP System

To investigate the changes in the cell index, we stimulated A549 cells with TGF-f (10 ng/mL),
LPS (100 and 500 ng/mL), and CSE (1% and 2%), in the xCELLigence RTCA SP system. As shown
in Figure 4a,c, the normalized cell index curve of the TGF-f3 group showed an arch structure and
stayed at the peak position at 24-48 h, whereas the LPS groups had a curve similar to the control
group. After administration 24 h, the slope of the TGF-f3 group significantly increased, whereas those
of the LPS groups decreased compared with the control group (Figure 4b). However, in the next 24 h,
the tendency of the curves changed when compared to the control group. The TGF-f3 group was
significantly decreased, whereas the LPS groups were still increasing. Additionally, we found that the
cell index in the CSE groups decreased in a dose-dependent manner (Figure 4c,d). For we observed the
shape was the arch structure in TGF-{3 group, we further confirmed the shape by statistical analysis as
showed in Figures S5-57. The variations in the curve were significantly different in Figure S7.
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Figure 4. Real-time detection cell index of A549 with different treatments in the xCELLigence real-time
cell analysis (RTCA) single-plate (SP) (RTCA SP) system. (a) A549 cells were treated with TGF-f3 and
LPS (100 and 500 ng/mL). The serum starvation step for 24 h starts from the blue vertical line to the
black vertical line in the timeline. The time interval between the black and red vertical lines represents
administration for 48 h, and the black vertical line is the time to normalize the cell index. Representative

The time interval after administration

9of17

curves of the normalized cell index. (b) The representative interval slope of the TGF-3 and LPS groups.
(c) A549 cells were treated with TGF-f3 and CSE (1% and 2%). The conditions were the same as above.

(d) The representative interval slope of the TGF-f3 and CSE groups. For the LPS experiment, n = 9;
for the CSE experiment, n = 6. *** p < 0.001, ** p < 0.01, * p < 0.05 vs. control group. ## p < 0.01 2448 h

groups vs. 0-24 h groups. &&& p < 0.001 vs. TGF-f group in different time intervals.
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Altogether, these results suggest that the EMT process stimulated by TGF-f3 has a specific tendency
in terms of the cell index curve, providing a novel approach to recognize the different stimulations
in vitro by using the xCELLigence RTCA SP system.

3.3. Morphological Changes of A549 Cells Detected by Image Processing Techniques

To further understand the cell morphology, we applied image processing to extract the cells’
parameters via the following different treatments in a time-dependent manner. As shown in Figure 5a,
the initial images (Control—Day 0 group and TGF-3—Day 0 group) and 24 h images (Control—Day
1 group and TGF-3—Day 1 group) in both the control group and the TGF-f3 group were relatively
similar due to the cells in TGF-f group having had no treatment before 48 h. On day 1, the numbers of
cells were reduced in control and TGF-3 groups after serum starvation. On day 2, the shape of the cells
in the TGF-f3 group started to narrow, a significant difference compared with the images of the control
group. However, the LPS (100 and 500 ng/mL) and CSE (1% and 2%) groups did not show a similar
morphology to TGF-f on days 2 or 3 (Figure 5b).

3.4. Quantification of Cells’ Parameters using Image Processing Techniques

We calculated all the lengths of the detected lines in every group in the time series and plotted
them as scatters in Figure 6a. The scatters show many more lines, distributed at a range of high
length values in the TGF-f3 group on days 2 and 3. In detail, the percentage of lines with more than
40 pixels in the TGF-B—Day 2 group was 20%, which was higher than that in the Control—Day 2
group (6%). Fifty-three percent of the lines in the Control—Day 2 group had fairly small lengths
(20-25); these were also smaller than in the TGF-f—Day 2 group. The above results indicated that
the shape of cells significantly changed with or without treatment, which confirmed our expectation
that the long and narrow cells in TGF-f3 had an obvious linear characteristic. We also compared the
detected line lengths among the different treatments on days 2 and 3 (Figure 6b,c). This suggested that
the lengths of the three groups (LPS 100 ng/mL, 1% CSE, and 2% CSE) were shorter than those of the
control group on day 2, whereas the TGE-f3 group’s lengths were the longest among all the groups.
The above results had a similar tendency as the cell index obtained from the RTCA SP system (Figure 4).
The number of lines detected represented the number of cells, which is a vital parameter for identifying
the proliferation of cells, as shown in Figure 6d. Our results illustrated that, after the stimulation with
TGF-f3, the cell number increased sharply compared to the control group until day 2, and in the next
24 h, the number gradually decreased. In conclusion, the TGF-3-induced EMT process in A549 cells
could be quantified as a conspicuous change in cell length and cell quantity using image processing
techniques, which supplemented the results of the RTCA system and helped us to understand the
details of the cell index curve.
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2% CSE — Day 2 2% CSE — Day 3

Figure 5. Morphological analysis of A549 cells using image processing techniques. The original pictures
were obtained by optical microscope (200x magnification). (a) Representative images of A549 cells in
the control and TGF-f3 groups from days 0 to 3. (b) Representative images of A549 cells in LPS (100 and
500 ng/mL) and CSE (1% and 2%) groups on days 2 and 3 (green: cell length; red: start point; yellow:
end point).
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Figure 6. The quantification of the length and quantity of detected lines. (a) A scatter dot plot of the
length of the detected lines between the control and TGF-f groups. Pie charts represent the percentages
of different length levels on day 2: 20-25, 25-30, 3040, and >40 pixels. (b) A scatter dot plot comparing
the six different groups (control; TGE-f3; LPS 100 ng/mL and 500 ng/mL; 1% and 2% CSE groups) on
day 2. (c) A scatter dot comparing the six different treatments on day 3. (d) A line graph focused
on the number of lines detected from day 0 to 3 in the six groups. n = 3. *** p < 0.001, ** p < 0.01 vs.
control group in different time points. ### p < 0.001, ## p < 0.01, # p < 0.05 Day 1 vs. Day 2. $$ p < 0.01,
$p <0.05 Day 2 vs. Day 3. &&& p < 0.001 vs. TGF-f3 group in different time points.

4. Discussion

The RTCA system is not only a well-recognized modern technique but also a novel, noninvasive,
and efficient tool to dynamically record the biological status of cells [32]. Morphological variation is one
of the vital parameters that contributes to the change in the cell index and provides a rational approach
to evaluate the EMT process using the change in the cell index. Starsichova et al. demonstrated that
the RTCA system as a real-time apparatus provides dynamic monitoring of cellular fate induced
by TGF-p [10]. In this study, we found that a high slope, or the change to an arch structure after
the stimulation with TGF-f (10 ng/mL) by the xCELLigence RTCA SP system, meant the cell index
increased more rapidly than in other groups. Based on the principle of the xCELLigence RTCA system,
cell morphological change or cell proliferation could induce a change in impedance, which results in a
change in the cell index. For the TGF-f3 group, the high slope of the cell index may be related to the cell
morphological change and cell proliferation. Computer vision techniques (image processing) were
proposed to automatically quantify the exact morphological parameters, i.e., the length and number of
cells. The results indicated that TGF-3-treated A549 cells became longer than the cells in the control
group at 24 and 48 h after stimulation. The number of lines detected in Figure 6d also suggested that
the cell proliferation of the TGE-f3 group increased rapidly on day 2. The results of the above two
techniques have similar tendencies, so we think that the change in cells’ length and number contributes
to the unique arch structure. These changes are related to the intracellular EMT process in A549 cells
after the induction w TGF-f3 as detected by Western blot, shown as downregulation of epithelial cell
markers (E-cadherin) and upregulation of mesenchymal cell markers (fibronectin or x-SMA). Recent
research has explained that the regulation of these EMT-related proteins is involved in several signaling
pathways, such as drosophila mothers against decapentaplegic protein (Smad) [33], Protein kinase
B (Akt)- mammalian target of rapamycin (mTOR) (Akt-mTOR) [34], and receptor tyrosine kinases
(RKTs) [35].
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Some evidence has also suggested that besides TGF-f3, other important stimulators can induce
EMT, such as LPS [36,37] and CSE [38,39], at high concentrations in cancer cells. In our study, LPS (100
and 500 ng/mL) and CSE (1% and 2%) did not affect the EMT process in A549 cells, whereas TGF-f3 had
a positive effect. Compared with the high concentrations reported in the literature, our concentration is
very low, so our data suggest that the lower concentrations of LPS and CSE might not induce the EMT
process. The cell index curves detected by the XCELLigence RTCA system between the LPS and CSE
groups were different, although they could not induce the EMT process. It was worth exploring the
detailed cell changes using image processing techniques. Unlike the TGF-$ group, after the treatments
with LPS and CSE at different concentrations, as shown in Figure 6, the number of detected lines was
not consistent with the results in the xCELLigence RTCA SP system. There were some uncontrolled
parameters, such as: (1) it was difficult to detect the original numbers of cells when they overlapped
with each other; and (2) the image processing was based on the cell images, which contained only
some of the cells, whereas the xCELLigence RTCA SP system detected the impedance of the whole area
in a well. Therefore, the results of image processing would be influenced by the choice of image view.

Besides these parameters, we speculated that some other possible reasons were as follows: (1)
Various parameters contribute to changes in the cell index, such as morphological changes, proliferation,
and adhesion in the xCELLigence RTCA SP system. Thus, the cell number might not be the main
factor controlling the cell index from the LPS or CSE groups. (2) The HT-based algorithm is more
sensitive to morphological changes, i.e., the signals from the images of TGF-{3-induced cells would
be detected much more easily and accurately. The relationships between the above parameters still
require further research.

In the framework of image processing, the HT can effectively locate the edge of cells under
complex surroundings, which not only include the dynamic shape and number of cells but also various
sources of noise, such as floating cells, non-uniform illumination, and blurry cell boundaries. However,
the focus of HT is on linear patterns, so rounded floating cells would be neglected. More importantly,
post-processing after HT is necessary for guaranteeing that one cell is reasonably marked by a single
line or multiple lines. HT has a sound theoretical basis for detecting lines, so it is simple and effective
to apply in computing processes.

In our study, we focused on the distinct morphological changes in the EMT process of A549 cells.
The xCELLigence RTCA SP system can visualize the EMT process, and image processing techniques
can be used quantify the length and number of cells. Based on our results, the xCELLigence RTCA
SP system will provide a new approach for screening therapeutic drugs according to the changes in
the cell index curves of the TGF-p-induced EMT process. Further study need improve the algorithm
method, such as introducing dynamic curve functions for identifying various cell shapes.
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1% and 2% CSE groups) at day 2. Figure S5: The specific value of three points (the center of arch structure,
the previous and next points) in two independent experiments (1 = 3). Figure S6: The specific value of normalized
cell index at Day 1 to Day 3 (n = 3). Figure S7: The slope at 0-24 h and 2448 h after administration.

Author Contributions: Conceptualization, L.Z. and Y.Y.; methodology, L.Z.; software, Y.Y.; formal analysis, L.Z.
and Y.Y,; investigation, L.Z.; resources, L.Z.; data curation, L.Z. and Y.Y.; writing—original draft preparation,
L.Z., Y.Y. and R.D.; writing—review and editing, H.T. and J.D.; project administration, H.T. and J.D.; funding
acquisition, H.T.

Funding: This research was funded by the National Natural Science Foundation of China, grant number 81570536,
and the Natural Science Foundation of Zhejiang province, grant number LY18H310002.

Acknowledgments: We acknowledged Yanwei Li (Core facilities, Zhejiang University School of Medicine) for her
help during the xCELLigence RTCA SP system test.

Conflicts of Interest: The authors declare no conflict of interest.


http://www.mdpi.com/2073-4409/8/10/1287/s1

Cells 2019, 8, 1287 16 of 17

References

1.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

Hilsenbeck, O.; Schwarzfischer, M.; Skylaki, S.; Schauberger, B.; Hoppe, P.S.; Loeffler, D.; Kokkaliaris, K.D.;
Hastreiter, S.; Skylaki, E.; Filipczyk, A.; et al. Software tools for single-cell tracking and quantification of
cellular and molecular properties. Nat. Biotechnol. 2016, 34, 703-706. [CrossRef] [PubMed]

Xie, L.; Law, B.K,; Chytil, AM.; Brown, K.A.; Aakre, M.E.; Moses, H.L. Activation of the Erk pathway is
required for TGF-p1-induced EMT in vitro. Neoplasia 2004, 6, 603-610. [CrossRef]

Cardner, M.; Meyer-schaller, N.; Christofori, G.; Beerenwinkel, N. Inferring signalling dynamics by integrating
interventional with observational data. Bioinformatics 2019, 35, i577-i585. [CrossRef] [PubMed]

Hay, E.D. An overview of epithelio-mesenchymal transformation. Cells Tissues Organs 1995, 154, 8-20.
[CrossRef] [PubMed]

Nieto, M.A. The Ins and Outs of the Epithelial to Mesenchymal Transition in Health and Disease. Annu. Rev.
Cell Dev. Biol. 2011, 27, 347-376. [CrossRef] [PubMed]

Thiery, ].P.; Acloque, H.; Huang, R.Y.J.; Nieto, M.A. Epithelial-Mesenchymal Transitions in Development and
Disease. Cell 2009, 139, 871-890. [CrossRef]

Vogelmann, R.; Giehl, K,; Adler, G.; Wedlich, D.; Menke, A. TGFf-induced downregulation of
E-cadherin-based cell-cell adhesion depends on PI3-kinase and PTEN. J. Cell Sci. 2005, 118, 4901-4912.
[CrossRef]

Osborne, L.D,; Li, G.Z.; How, T; Brien, E.T.O.; Blobe, G.C. TGF-pregulates LARG and GEF-H1 during EMT
to affect stiffening response to force and cell invasion. Mol. Biol. Cell 2014, 25, 3528-3540. [CrossRef]
Moreno-bueno, G.; Peinado, H.; Molina, P.; Olmeda, D.; Cubillo, E.; Santos, V.; Palacios, J.; Portillo, F.;
Cano, A. The morphological and molecular features of the epithelial-to-mesenchymal transition. Nat. Protoc.
2009, 4, 1591-1613. [CrossRef]

Star, A.; Kubala, L.; Lincova, E.; Pernicovd, Z.; Kozubik, A.; Sou, K. Dynamic Monitoring of Cellular
Remodeling Induced by the Transforming Growth Factor-31. Biol. Proced. Online 2009, 11, 316-324.
Roshan, M.; Ada, M. Dynamic assessment of cell viability, proliferation and migration using real time cell
analyzer system (RTCA). Cytotechnology 2015, 67, 379-386. [CrossRef] [PubMed]

Yan, G.; Du, Q.; Wei, X.; Miozzi, ].; Kang, C.; Wang, ].; Han, X,; Pan, J.; Xie, H.; Chen, J.; et al. Application of
real-time cell electronic analysis system in modern pharmaceutical evaluation and analysis. Molecules 2018,
23,3280. [CrossRef] [PubMed]

Sun, M,; Fu, H.; Cheng, H.; Cao, Q.; Zhao, Y.; Mou, X.; Zhang, X. A dynamic real-time method for monitoring
epithelial barrier function in vitro. Anal. Biochem. 2012, 425, 96-103. [CrossRef] [PubMed]

Witzel, E; Fritsche-Guenther, R.; Lehmann, N.; Sieber, A.; Bliithgen, N. Analysis of impedance-based cellular
growth assays. Bioinformatics 2015, 31, 2705-2712. [CrossRef] [PubMed]

Abassi, Y.A.; Jackson, J.A.; Zhu, J.; Connell, ].O.; Wang, X.; Xu, X. Label-free, real-time monitoring of Ig
E-mediated mast cell activation on microelectronic cell sensor arrays. J. Immunol. Methods 2004, 292, 195-205.
[CrossRef] [PubMed]

Sener, L.T.; Albeniz, G.; Ding, B.; Albeniz, I. iCELLigence real-time cell analysis system for examining the
cytotoxicity of drugs to cancer cell lines. Exp. Ther. Med. 2017, 14, 1866-1870. [CrossRef] [PubMed]

Yan, G.; Zhu, Z; Jin, L.; Chen, J.; Xie, H.; Miozzi, J.; Lei, F.; Wei, X.; Pan, J. Study on the quality evaluation of
compound Danshen preparations based on the Xcelligence real-time cell-based assay and pharmacodynamic
authentication. Molecules 2018, 23, 2090. [CrossRef]

Venkatalakshmi, B.; Thilagavathi, K. Automatic red blood cell counting using hough transform. In Proceedings
of the 2013 IEEE Conference on Information & Communication Technologies (ICT), Thuckalay, Tamil Nadu,
India, 11-12 April 2013.

Bewes, ].M.; Suchowerska, N.; McKenzie, D.R. Automated cell colony counting and analysis using the
circular Hough image transform algorithm (CHiTA). Phys. Med. Biol. 2008, 53, 5991-6008. [CrossRef]
Duda, R.O.; Hart, P.E. Use of the Hough transformation to detect lines and curves in pictures. Commun.
ACM 1972, 15, 11-15. [CrossRef]

Matas, J. Robust Detection of Lines Using the Progressive Probabilistic Hough Transform. Comput. Vis.
Image Underst. 2000, 78, 119-137. [CrossRef]

Xu, Z.; Shin, B.; Klette, R. Closed form line-segment extraction using the Hough transform. Pattern Recognit.
2015, 48, 4012-4023. [CrossRef]


http://dx.doi.org/10.1038/nbt.3626
http://www.ncbi.nlm.nih.gov/pubmed/27404877
http://dx.doi.org/10.1593/neo.04241
http://dx.doi.org/10.1093/bioinformatics/btz325
http://www.ncbi.nlm.nih.gov/pubmed/31510686
http://dx.doi.org/10.1159/000147748
http://www.ncbi.nlm.nih.gov/pubmed/8714286
http://dx.doi.org/10.1146/annurev-cellbio-092910-154036
http://www.ncbi.nlm.nih.gov/pubmed/21740232
http://dx.doi.org/10.1016/j.cell.2009.11.007
http://dx.doi.org/10.1242/jcs.02594
http://dx.doi.org/10.1091/mbc.e14-05-1015
http://dx.doi.org/10.1038/nprot.2009.152
http://dx.doi.org/10.1007/s10616-014-9692-5
http://www.ncbi.nlm.nih.gov/pubmed/24443077
http://dx.doi.org/10.3390/molecules23123280
http://www.ncbi.nlm.nih.gov/pubmed/30544947
http://dx.doi.org/10.1016/j.ab.2012.03.010
http://www.ncbi.nlm.nih.gov/pubmed/22449498
http://dx.doi.org/10.1093/bioinformatics/btv216
http://www.ncbi.nlm.nih.gov/pubmed/25900918
http://dx.doi.org/10.1016/j.jim.2004.06.022
http://www.ncbi.nlm.nih.gov/pubmed/15350524
http://dx.doi.org/10.3892/etm.2017.4781
http://www.ncbi.nlm.nih.gov/pubmed/28962095
http://dx.doi.org/10.3390/molecules23092090
http://dx.doi.org/10.1088/0031-9155/53/21/007
http://dx.doi.org/10.1145/361237.361242
http://dx.doi.org/10.1006/cviu.1999.0831
http://dx.doi.org/10.1016/j.patcog.2015.06.008

Cells 2019, 8, 1287 17 of 17

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

Richter, A.; Donnell, R. A.O.; Powell, R M.; Sanders, M.W.; Holgate, S.T.; Djukanovi, R.; Davies, D.E. Autocrine
Ligands for the Epidermal Growth Factor Receptor Mediate Interleukin-8 Release from Bronchial Epithelial
Cells in Response to Cigarette Smoke. Am. J. Respir. Cell Mol. Biol. 2002, 27, 85-90. [CrossRef] [PubMed]
Comer, D.M,; Elborn, ].S.; Ennis, M. Inflammatory and cytotoxic effects of acrolein, nicotine, acetylaldehyde
and cigarette smoke extract on human nasal epithelial cells. BMC Pulm. Med. 2014, 14, 1-11. [CrossRef]
[PubMed]

Pratt, W.K. Digital Image Processing, 3rd ed.; A Wiley-Interscience Publication: Los Altos, CA, USA, 2001;
Volume 5, ISBN 0471374075.

Canny, J. A Computational Approach to Edge Detection. IEEE Trans. Pattern Anal. Mach. Intell. 1986, PAMI-S,
679-698. [CrossRef]

Huang, R.Y.; Guilford, P. Early events in cell adhesion and polarity during epithelial- mesenchymal transition.
J. Cell Sci. 2012, 125, 4417-4422. [CrossRef]

Chaw, S.Y,; Majeed, A.A,; Dalley, A J.; Chan, A.; Stein, S.; Farah, C.S. Epithelial to mesenchymal transition
(EMT) biomarkers—E-cadherin, beta-catenin, APC and Vimentin—in oral squamous cell carcinogenesis and
transformation. Oral Oncol. 2012, 48, 997-1006. [CrossRef]

Zhang, Q.; Duan, J.; Liu, X.; Guo, S. Platelets drive smooth muscle metaplasia and fibrogenesis in endometriosis
through epithelial-mesenchymal transition and fibroblast-to-myofibroblast transdifferentiation. Mol. Cell.
Endocrinol. 2016, 428, 1-16. [CrossRef]

Hubchak, S.C.; Runyan, C.E.; Kreisberg, J.I.; Schnaper, HW. Cytoskeletal Rearrangement and Signal
Transduction in TGF-pB1-Stimulated Mesangial Cell Collagen Accumulation. J. Am. Soc. Nephrol. 2003, 14,
1969-1980. [CrossRef]

Oft, M.; Heider, K.; Beug, H. TGF § signaling is necessary for carcinoma cell invasiveness and metastasis.
Curr. Biol. 1998, 8, 1243-1252. [CrossRef]

Marlina, S.; Shu, M.; Abubakar, S.; Zandi, K. Development of a Real-Time Cell Analysing (RTCA) method as
a fast and accurate screen for the selection of chikungunya virus replication inhibitors. Parasit. Vectors 2015,
8, 579. [CrossRef]

Valcourt, U.; Kowanetz, M.; Niimi, H.; Heldin, C. TGF-fand the Smad Signaling Pathway Support
Transcriptomic Reprogramming during Epithelial- Mesenchymal Cell Transition. Mol. Biol. Cell 2005, 16,
1987-2002. [CrossRef] [PubMed]

Lamouille, S.; Derynck, R. Cell size and invasion in TGF-B—-induced epithelial to mesenchymal transition is
regulated by activation of the mTOR pathway. |. Cell Biol. 2007, 178, 437-451. [CrossRef] [PubMed]
Gonzalez, D.M.; Medici, D. Signaling mechanisms of the epithelial-mesenchymal transition. Sci. Signal. 2014,
7, re8. [CrossRef] [PubMed]

Li, H,; Li, Y,; Liu, D.; Liu, J. LPS promotes epithelial—mesenchymal transition and activation of TLR4/JNK
signaling. Tumor Biol. 2014, 35, 10429-10435. [CrossRef]

Huang, T.A.O.; Chen, Z.; Fang, L. Curcumin inhibits LPS-induced EMT through downregulation of
NF-kB-Snail signaling in breast cancer cells. Oncol. Rep. 2012, 29, 117-124. [CrossRef]

Jiang, B.; Guan, Y.; Shen, H.; Zhang, L.; Jiang, J.; Dong, X. Akt/PKB signaling regulates cigarette smoke-induced
pulmonary epithelial- mesenchymal transition. Lung Cancer 2018, 122, 44-53. [CrossRef]

Li, D.; Zhang, L.; Zhou, ]J.; Chen, H. Cigarette smoke extract exposure induces EGFR-TKI resistance in
EGFR-mutated NSCLC via mediating Src activation and EMT. Lung Cancer 2016, 93, 35-42. [CrossRef]

@ © 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
@ article distributed under the terms and conditions of the Creative Commons Attribution

(CC BY) license (http://creativecommons.org/licenses/by/4.0/).


http://dx.doi.org/10.1165/ajrcmb.27.1.4789
http://www.ncbi.nlm.nih.gov/pubmed/12091250
http://dx.doi.org/10.1186/1471-2466-14-32
http://www.ncbi.nlm.nih.gov/pubmed/24581246
http://dx.doi.org/10.1109/TPAMI.1986.4767851
http://dx.doi.org/10.1242/jcs.099697
http://dx.doi.org/10.1016/j.oraloncology.2012.05.011
http://dx.doi.org/10.1016/j.mce.2016.03.015
http://dx.doi.org/10.1097/01.ASN.0000076079.02452.92
http://dx.doi.org/10.1016/S0960-9822(07)00533-7
http://dx.doi.org/10.1186/s13071-015-1104-y
http://dx.doi.org/10.1091/mbc.e04-08-0658
http://www.ncbi.nlm.nih.gov/pubmed/15689496
http://dx.doi.org/10.1083/jcb.200611146
http://www.ncbi.nlm.nih.gov/pubmed/17646396
http://dx.doi.org/10.1126/scisignal.2005189
http://www.ncbi.nlm.nih.gov/pubmed/25249658
http://dx.doi.org/10.1007/s13277-014-2347-5
http://dx.doi.org/10.3892/or.2012.2080
http://dx.doi.org/10.1016/j.lungcan.2018.05.019
http://dx.doi.org/10.1016/j.lungcan.2015.12.007
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	Reagents 
	Cell Culture 
	Cell Index Assay in xCELLigence RTCA Single-Plate (SP) System 
	Western Blot Analysis 
	Detection of Morphological Parameters 
	Image Preprocessing 
	Hough Transform (HT) 
	Post-Processing 

	Statistical Analysis 

	Results 
	Phenotypic Changes in the TGF–Induced EMT Process in A549 Cells 
	Real-Time Detection of Cell Index in A549 by xCELLigence RTCA SP System 
	Morphological Changes of A549 Cells Detected by Image Processing Techniques 
	Quantification of Cells’ Parameters using Image Processing Techniques 

	Discussion 
	References

