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Abstract: Continuously accumulating information on vessels and their activities in coastal areas of
interest is important for maintaining sustainable fisheries resources and coastal ecosystems. The speed,
heading, sizes, and activities of vessels in certain seasons and at certain times of day are useful
information for sustainable coastal management. This paper presents a two-dimensional vessel
velocity estimation method using the KOMPSAT-5 (K5) X-band synthetic aperture radar (SAR) system
and Doppler parameter estimation. The estimation accuracy was evaluated by two field campaigns
in 2017 and 2018. The minimum size of the vessel and signal-to-clutter ratio (SCR) for optimum
estimation were determined to be 20 m and 7.7 dB, respectively. The squared correlation coefficient R
for vessel speed and heading angle were 0.89 and 0.97, respectively, and the root-mean-square errors
of the speed and heading were 1.09 m/s (2.1 knots) and 17.9°, respectively, based on 19 vessels that
satisfied the criteria of minimum size of vessel and SCR. Because the K5 SAR is capable of observing
a selected coastal region every day by utilizing various modes, it is feasible to accumulate a large
quantity of vessel data for coastal sea for eventual use in building a coastal traffic model.

Keywords: coastal traffic monitoring; SAR; two-dimensional ship velocity; Doppler parameters;
KOMPSAT-5

1. Introduction

It is necessary to accumulate data on ships and boats within coastal areas of interest for integrated
coastal and marine resource management. Conservation and sustainable resource use are important
issues in coastal areas. One of the main concerns of many Asian countries is maintaining sustainable
fishery resources in their coastal oceans. For monitoring ships and boats, it has been strongly
recommended that vessels be equipped with an automatic identification system (AIS). Most large ships
and fishing vessels can be identified and monitored through the AIS. However, the areal coverage
of the AIS is limited to only approximately 40 km from a ground-based receiver. More importantly,
many relatively small vessels, or some illegal ones, either simply do not have an AIS or intentionally
switch off the system to avoid exposing their location and activities. Such uncontrolled fishing activities
at coastal fisheries not only deplete fishery resources but also seriously damage the coastal ecosystem.
Therefore, for managing marine resources, governments are building a database of vessel information
such as the total number, types, locations, and activities in coastal areas of interest according to fishing
calendars of major species and time of day.

Detecting and retrieving the velocity of ground moving targets is an important application of
synthetic aperture radar (SAR). Detecting vessels from space using an SAR system has been proved
particularly effective for ships larger than 30 m [1,2]. However, monitoring and building a seasonal
database of coastal vessels requires not only detecting and locating vessels, but also collecting data
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including their heading, velocity, and type. In addition to performing the detection itself, it is essential
to estimate the two-dimensional velocity components (both range and azimuth) from which the
heading and velocity data for a ship is obtained. Many previous works such as [1,3,4] proposed
various methods by which to detect ships and estimate range (or radial) velocity; the details of such
methods are discussed in Section 2.2.1. Various methods have also been proposed for estimating the
azimuth (along-track) velocity of ground moving targets in association with Doppler rate estimations.
While many researchers have focused on detecting vessels in coastal regions, only a few such as [5]
reported and discussed retrieving the two-dimensional velocity of vessels at sea. Furthermore,
the accuracy of two-dimensional vessel velocity derived using spaceborne SAR systems has rarely been
discussed. This paper presents an integrated method for retrieving the two-dimensional velocity of
vessels and evaluates the estimation accuracy based on speed and heading. Limitations of the method
are discussed in terms of the minimum size of the vessels, minimum speed, and signal-to-clutter
ratio (SCR). A high-resolution spaceborne SAR system is suitable here because fishing vessels are
generally small; therefore, the KOMPSAT-5 (K5) X-band SAR was used in this study. Field campaigns
were carried out in 2017 and 2018 to obtain SAR data images of vessels; their headings and speeds
were controlled using recorded global positioning system (GPS) tracks. Other vessels with an AIS
within the images were also utilized; 32 vessels were used to evaluate accuracy. Because the raw signal
data acquired by most current high-resolution SAR systems are simply not available to public users,
this study presumes that only SAR single-look complex (SLC) data, not raw signals, are available.

It is well known that a moving target in an SAR SLC image includes three features: Azimuth
shift, azimuth defocus, and range smear [6]. While these features distort SAR images, they have been
exploited as ground moving targets indicators (GMTIs) and to retrieve the velocity of a target [7].
The velocity of vessels can be measured from SAR signals by measuring the residual Doppler frequency
components directly [2,8]. The characteristics of the targets and clutter in these residual Doppler
frequency estimations of vessels at sea would be very different from those of vehicles on land in terms
of the following: (1) The size of the target; a ship is usually larger than an object on land; (2) the SCR
at sea, which is generally larger than that on land, although the latter depends greatly on the state
of the sea and system parameters including frequency and polarization; (3) the wake produced by
the movement of a ship or boat across the surface of water, which helps to detect it and determine its
heading [3]. These three features make it easier to detect and estimate the residual Doppler frequency of
moving targets at sea. However, there are some negative features to consider, including the following:
(1) The forward speed of a ship, which is generally lower than that of land vehicles, implies that
the residual Doppler frequency associated with the target motion is relatively small and difficult to
discriminate from the clutter bandwidth; and (2) the roll and pitch motions of a ship, which make
scattering centers move continuously during the SAR observation [8].

The organization of this paper is as follows. In Section 2, the method, SAR data, and field
campaigns are described briefly. The application results are reported in Section 3 and the discussion
and conclusions follow in Sections 4 and 5, respectively.

2. Method and Data

2.1. SAR and Field Data

For the SAR and sea-truth data acquisition, field campaigns were carried out twice, i.e., in 2017
and 2018. Figure 1 shows the K5 SLC image acquired at 06:17 local time on 26 September 2017. Table 1
lists the K5 SAR system specifications, which are required for the Doppler parameter estimation.
A follow-up campaign was carried out at 05:47 local time on 4 October 2018. September and October
are the high season months for crab fishing. The sea state on both days of K5 data acquisition was
calm. Table 2 summarizes the sea state on the days of data acquisition. The wind speed was 2.0 m/s
with a wave height of 0.2 m on the 2017 K5 data acquisition, and it was 1.7 m/s with a wave height of
0.3 m on the 2018 campaign. During the 2017 K5 SAR observation, two vessels, whose headings and
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speeds were precisely controlled by the GPS and AIS recordings, were deployed within the scene area.
The AIS data were used to measure the positions and velocities for the rest of the vessels.
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Figure 1. (a) KOMPSAT-5 (K5) synthetic aperture radar (SAR) image acquired on 26 September 2017 in
which vessels and ship wake patterns as well as sea surface features are well rendered. (b) Vessels
detected by K5 SAR (red squares) and traced by the automatic identification system (AIS) (blue squares).
The squares filled with green represents vessels that are commonly detected by both the SAR and AIS
and used for velocity evaluation. The squares filled with orange presents vessels commonly detected
by both the SAR and AIS but cannot not be used for velocity estimation because the AIS signals were
too unstable to restore velocities and headings.
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Table 1. Summary of KOMPSAT-5 SAR system specifications.

Parameters Values Symbols
Polarization HH
Wavelength 0.0310 m A
Nominal altitude 550 km H
Antenna velocity 7664.2 m/s Vs
Pulse repetition frequency 37879 Hz PRF
Azimuth integration time 0.5847 s T
Azimuth bandwidth 3100 Hz B,
Azimuth resolution 219m Ax
Azimuth pixel spacing 1.8509 m dx
Range () resolution 214m Ay
Range () pixel spacing 1.0519 m dy

M The “Range” in Table 1 refers to the “Slant range.”.

Table 2. Summary of sea states measured from oceanographic buoy and automatic weather station.

Date Parameters Values
26-09-2017 Wm.d direction 1014
06:17 (local time) Wind speed 2.0 m/s
’ Wave height 02m
Wind direction 9.9°
04-10-2018 Wind speed 1.7 m/s

05:45 (local time) Wave height 03m

As shown in Figure 1, the K5 X-band SAR with a nominal ground resolution of 3 m provides an
excellent rendition of vessels and ship wake patterns. From the K5 SAR data, vessels were detected
by adopting a sub-aperture mismatching method [1,9] with a combination of human visual attention
system and constant false alarm rate, which was developed for operational ship surveillance using
the K5 SAR. Concerning the AIS data, many vessels simply did not have or switched off the AIS,
and the AIS data of some vessels provided only sporadic positional data from which it was almost
impossible to trace exact locations and velocities. The matching of the K5-detected ships with the
AIS data was performed using the coherent point drift algorithm [10]. The vessels traced by the AIS
were heavily outnumbered by those imaged by the SAR, as summarized in Table 3. While 347 vessels
were detected from the two K5 SAR scenes, only 117 vessels were traceable by the AIS. Among the
SAR-detected vessels, some false-alarms, for instance in the left side of the scene center, were included
so that the true number of SAR detected vessels would be fewer than 347. The K5 SAR also did not
detect a total of 69 vessels whose sizes were generally smaller than a few tens of meters. However,
the precise estimation of SAR-based detection rate is beyond the scope of this study, and thus, no further
refinement steps were applied. Out of 416 vessels within the two scenes, the AIS provided information
on only 117 vessels; this is approximately 28% of all vessels. These results clearly demonstrate that
using the AIS alone is not enough for complete monitoring of vessels and collecting their information
in this coastal area where many vessels are either unable to provide stable AIS signals or involved in
illegal fishing activities.

Table 3. Summary of vessels detected by K5 SAR and traced by AIS data.

Date K5 Scene  Detected by Traced Common to K5 Not Detected Not Detectedby

No. K5 SAR by AIS SAR and AIS by K5 SAR AIS

25-09-2017 000010 287 @ 99 (M 38 M 61 249 M

03-10-2018 004042 60 @ 18 10 8 50
Total (416) 347 @ 117 M 48 M 69 299 1)

M Tt includes AIS detected 12 vessels, but their signals were too unstable to restore velocities and headings. ® The
total number of K5 SAR detected vessels includes false alarms mainly around ship wake.
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Among the 416 vessels, 48 were observed by both the AIS and K5 SAR during the two field
campaigns. Among the total of 48 commonly detected vessels, the AIS signals from 12 vessels were too
unstable to restore vessel’s velocities and headings. Because vessels in motion at the moment when
the K5 SAR data are acquired are useful for this study, 26 vessels with observable speeds were finally
selected and used for the two-dimensional velocity estimation and accuracy evaluation.

2.2. Method

Estimating both the range and azimuth velocity of a vehicle is necessary to obtain information
on its speed and heading. It is well known that the range velocity of a moving object contributes to
its Doppler frequency, which results in an azimuth shift of the ship in an SAR image. The azimuth
component of a moving ship contributes to image blurring by chirp rate mismatching; therefore, it is
necessary to estimate the residual Doppler rate.

2.2.1. Point Target Spectrum in Two-Dimensional Frequency Domain

To estimate the Doppler parameter, it is important to understand the point target spectrum in the
two-dimensional frequency domain. A point target in the SLC data is represented by the range and
azimuth compressed signals. A range and azimuth compressed point moving target in the SAR SLC
data can be described by a frequency spectrum Sps7(f, fr) in a two-dimensional frequency domain as
follows [11]:

Smr(f, fr) = rect(Bir)rect(Bln . [fT —a- (1 + %U)])

X exp{—i21 Pyes (f, fr)}
where f and f; are the range frequency and Doppler (or azimuth) frequency, respectively; fj is the
carrier frequency; and B, and B, are the range bandwidth and Doppler bandwidth, respectively. For a

target fixed on the ground, the residual phase ®.s( f, fr) and «a in Equation (1) must be zero if an ideal
focusing is done. For a ground moving target, the parameter « is given by

)

a= —2% sin 6 2)
where v, is the target’s ground range velocity, A is the wavelength, and 6 is the antenna elevation angle.
The Doppler centroid is a mean Doppler frequency over range bins, which causes the Doppler-shift of
a target positioned in the antenna boresight direction [12]. The parameter « contributes to the Doppler
centroid as an additional Doppler frequency due to target motion as in Equation (4). The residual
phase ®y(f, fr) in the two-dimensional frequency domain can be approximated further from the
original equations described by [13] up to the second order of Doppler frequency as follows:

Dres(f, fr) = P1(f, fr) + Po(f, fr) + P3(f) (©)

where <I>1(f,f1)z+(1;<;ﬁ)‘“'[fT_“'(1+%O)] )
@f,fo) = o -f%-[l—(%o)+(§o)z] ®)

oo 2]

where the Doppler rate of the stationary target K, is approximated as

1 AR
~ 280 7
Ko 2V2 @)
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at a distance of Ry from the antenna, which moves with a velocity of Vs along the azimuth direction.
The azimuth velocity parameter § is given by

B= 23—‘; - %RO sin 9) ®)
where v, is the target’s ground azimuth velocity, and a, is the range component of acceleration. Thus,
the two-dimensional velocity retrieval from the SLC data is summarized as an estimation of & and f3
from Equations (4) and (5), respectively. It is thoroughly understood that the a term is involved in the
Doppler frequency shift in Equation (4) and results in an azimuth shift of the target in the focused SAR
image. The  term contributes to the residual Doppler rate as indicated in Equation (5), which results
in an azimuth defocus. It must be noted that the § term with a squared Doppler frequency f;? in
(5) is coupled with a first- and second-order of range-frequency terms f and f2. More details on the
properties of each term will be discussed in the following subsections.

2.2.2. Range Velocity Estimation

Asin Equations (2) and (4), the range velocity component of a moving vessel can be measured using
Doppler centroid estimation. Various methods have been developed for this; conventional methods
including energy balancing [14], the average cross-correlation coefficient method [12], the spectral fit
approach [15], multi-look cross-correlation, and the multi-look beat frequency algorithm [16] were
developed mainly for SAR focusing. The performance of these algorithms was discussed in detail
by [12]. More recently, a Radon transform-based Doppler parameter estimator was proposed by [17].
A method that examined the skew of the received signal in the two-dimensional frequency domain was
discussed to resolve the unaliased range velocity component [18]. Although these methods provide
very reliable estimates, they were basically developed for SAR focusing and must be averaged over
several range bins. To measure the Doppler frequency of vessels, the Doppler parameters must be
calculated using less than 20 to 30 range bins. When a small boat moves parallel to the azimuth,
the range bins suitable for estimation are reduced again, to less than 10. A joint time—frequency analysis
(JTFA), which uses a mean conditional frequency from the Wigner—Ville distribution, is useful for a
point-like target [19,20]. The statistical model for the echo backscattered by the homogeneous ground
surface can be modelled as a Gaussian function in the Wigner-Ville distribution [20,21]. Based on
this property, [13] proposed a Doppler spectrum tracing method in a joint time-frequency domain.
They concluded that their method was very useful for fast-moving targets but only effective if the
target speed was at least 1.4 m/s (2.7 knots) or higher. In addition, JTFA-based methods normally
require azimuth un-compressed signals. However, both range- and azimuth-compressed signals in
the SLC are only available to normal users. Recently, [2] proposed a sophisticated Doppler centroid
estimation algorithm for improving ship detection with radial velocity estimation; in this method,
the characteristics of the Doppler spectrum of ships were discussed thoroughly. Their method basically
exploited the clutter-lock algorithm and demonstrated an accurate retrieval of the radial velocity of
ships with a root-mean-square deviation of less than 5% at ship speeds higher than or equal to 2 m/s
(3.9 knots).

There is another approach for estimating the velocity of vessels on the ocean; this exploits ships’
wakes. When a moving vessel generates a wake on the sea, its radial motion (or range velocity
component) causes an azimuth shift and makes the wake in the SAR imagery off the vertex. If the vertex
of a ship’s wake is clearly imaged, the azimuth shift can be computed to measure the ship’s radial
velocity [22]. The Kelvin wave pattern, which is the most external wake component characterized
by transverse, divergent, and cusp waves, is particularly useful for the SAR-based vessel radial
velocity estimation [3]. The details of wake component detection and vessel velocity estimation were
discussed by [3,4,23]. Although the ship-wave-based methods are very effective for detecting and
estimating the radial velocity of large and fast-moving vessels with a clear wake pattern, they are



Remote Sens. 2019, 11, 1474 7 of 16

usually ineffective for small and slow-moving vessels. In addition, the method is limited to the radial
velocity component only.

Thus, the most robust and precise approach for the range velocity estimation of a moving vessel
would be a direct estimation of the residual Doppler frequency given by Equations (1), (2), and (4).
However, it is often difficult to estimate the central frequency in the Doppler frequency domain directly,
mainly because of noise [8]. This study uses the method proposed by [8]; where further details of
the method used can be found. The method adopted is to estimate a defined by the Equation (2)
via linear least squares instead of direct estimation of residual Doppler frequency, which provides
optimum estimates from sets of azimuth subsamples that have different azimuth temporal distances [8].
The accuracy of estimating residual Doppler frequencies depends on factors including the SCR and
the speed, size, and roll and pitch the target ship. The method adopted is suitable for measuring the
residual Doppler frequency of moving ships at a high accuracy [8].

2.2.3. Azimuth Velocity Estimation

Compared to the many methods proposed for range velocity estimation, few have been developed
to estimate residual Doppler rate, particularly from SAR SLC data, for moving vessels. Most methods
exploit raw or range-compressed signals. One conventional approach is based upon the image-blurring
effect caused by the along-track velocity component. A Doppler rate detector was proposed and its
performance compared with that of a two-channel method [24]. Another conventional approach is
based on the maximum likelihood estimation of the parameters of quadratic frequency modulated
signals [25,26]. However, those methods have disadvantages including computational inefficiency and
ineffectiveness for noisy signals in which the local maxima make it difficult to find a global maximum.
The computational efficiency and performance were significantly improved by introducing a cubic
phase function (CPF) [27]. Since the first introduction of the CPF, many improved methods have been
developed to improve efficiency and to estimate higher-order phase polynomials [28,29]. Although
those CPF-based methods are computationally very competitive in terms of a high performance for
azimuth uncompressed signals, they are not feasible for Doppler rate estimation of vessels at sea.
This is because the residual Doppler rate of moving vessels presented by the azimuth compressed SAR
SLC signals are limited to a few tens of azimuth samples. Performance improves slightly when the
CPF method is applied in the Doppler domain compared to the slow-time domain. Of the various
approaches, JTFA has been popularly applied to measure the motion of an object directly from a
chirp signal and has been successful at retrieving velocity by estimating the Doppler frequency rate
of a moving object in the time—frequency domain [21,30]. The JTFA demonstrated the potential for
extracting the time sequence of motion parameters [31,32]. It is possible to measure the velocity of
ground-moving vehicles with an error of less than 5% for velocities higher than 3 m/s [13].

SLC data of high-resolution SAR systems are only available to public users. One conventional
approach applicable to single-channel SLC data is the multi-look misregistration method proposed
by [9]. This sub-aperture approach is very effective for the detection of moving vessels. An improved
method was proposed for a bistatic SAR system using TerraSAR-X and TanDEM-X and tested for
moving ship velocity estimation with an accuracy of 2.23 m/s [5]. This approach is very effective with
a superior accuracy for sufficiently large vessels, but not for small ones under low-SCR conditions.
Most of all, it is a multi-channel approach for providing an improved accuracy, but such multi-channel
is not popular for most operational spaceborne SAR systems. Instead of the conventional approach,
a method based upon the fractional Fourier transform (FrFT) and minimum entropy was adopted in
this study. The FrFT is a generalization of the Fourier transform, and it is defined as [33]

exp(j¢ i r ; ;
Sa(u) = P(]z) exp(—éuzcotG)fexp(—%xzcotG_ jux s(x)dx )

\jsin@ sin 6
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where the rotation angle « is a function of the fractional transformation order a given by
T
0= -a 10
: (10)

When 6 = %, i.e.,, a =1, the FrFT becomes the ordinary Fourier transform while the transform
kernel reduces to an identity operation when 6 = 0. Because the transform kernel in Equation (9) is a
chirp, the FrFT is particularly useful for applications involving chirp signals such as signal enhancement
problems with accelerating sinusoidal sources where the Doppler effects generate chirp signals and a
frequency shift. The FrFT can process chirp signals better than the ordinary Fourier transform [34,35].
This is because a chirp signal forms a line in the time—frequency plane, and therefore, there exists an
order of transformation in which such signals are compact. Chirp signals are not compact in the time
or spatial domain. Thus, we can extract the signal easily in an optimum fractional Fourier domain [34].
The FrFT is an effective and efficient method for estimating a moving target parameter, particularly
the residual Doppler rate via residual azimuth compression [35-37]. Residual focusing via FrFT is
particularly effective for an isolated point target but probably not for a group of targets with different
chirp rates. Thus, the FrFT is suitable for the residual focusing of an isolated moving vehicle or vessel.

The application of the FrFT to SAR SLC data requires a criterion for assessing the degree of
azimuth compression. The minimum entropy is a very useful parameter for determining the optimal
azimuth focusing [38,39]. A combination of FrFT and minimum-entropy criteria would be a powerful
tool when combined. Radar images suffer image focus degradation in the presence of phase errors
in the received signal due to the unknown platform motion or target motion. An optimal focusing
can be achieved by applying the entropy minimization principle, which is effective for estimating
phase errors under conditions of low signal-to-noise ratio, low image contrast, and substantial phase
errors [38,40]. Let us consider the signal of an (m, n)th pixel in the range- and azimuth-compressed
SLC SAR image given by

1= , o _kn
sun(159) = 3 X Sus1) explignlexp{ 2050 | an
k=0

where N is the number of azimuth samples over the integration time, S;(f;) the azimuth Fourier
transform of the /th scatterer, and ¢y the phase error. The index 1 corresponds to either the azimuth (or
cross-range) or Doppler coordinate. Then, the global minimum-entropy criterion for the SAR SLC is
defined by [39,40]

() = ~= Y Jsmal Il +InE, 12
Smn
where .
Ev= ) Jenal (13)

mmn
Then, the minimum-entropy phase estimate is defined as

¢ = argmin® (). (14)
¢

The residual Doppler rate § defined by Equations (5) and (8) can be obtained from the phase

estimate ¢ such as
B N

K.~ pRP2 tan(%(1-¢))

(15)

where N is the number of azimuth samples, PRF the pulse-repetition-frequency or azimuth sampling
frequency. The number of samples N depends the size of a given target but generally less than or
equal to 64 is recommended for an application to vessel. It would provide a powerful tool for residual
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Doppler rate estimation when the FrFT and minimum-entropy criteria are combined. In addition
to this approach, it must be emphasized that it is mandatory to apply the method to an averaged
azimuth line over neighboring range bins. The residual Doppler rate terms are given by Equations
(1) and (5). From Equation (5), it is evident that the residual Doppler frequency rate 8 in the Doppler
frequency domain can only be properly estimated when the range frequency is zero. The zero-frequency
component or DC component can be obtained simply by averaging the azimuth signals over the
range bins.

3. Application Results

As mentioned in the previous section, many vessels were not traceable by the AIS alone. There are
various reasons for this. One is that some signals from onboard AIS transponders are extremely
unstable and/or irregular in terms of properly tracing the vessel they correspond to. Additionally,
many vessels, particularly small fishing vessels, frequently switch off their onboard AIS because they do
not intend to divulge their exact fishing sites. Some vessels involved in illegal activities also switch off
their AISs. It was clear that the AIS alone was not enough for building statistical data on coastal vessels;
additional information, such as SAR, would be a useful source of coastal traffic management data.

A total of 26 vessels detected by both the AIS and K5 SAR were used for accuracy evaluation.
By applying the methods described in the previous section, the ground range (or radial) and azimuth
(or along-track) velocity components of each vessel were estimated first. When the estimated Doppler
frequency and Doppler frequency rate were converted into ground velocity components, the geometry
of spacecraft orbit should be considered rather than a simple flat-Earth approximation [41]. From our
experience, the flat-Earth approximation accounts for approximately 7% to 11% of the velocity errors
retrieved. The K5-derived ground range and azimuth velocities versus AIS/GPS velocities are displayed
in Figure 2a,b, respectively. The squared correlation coefficient R? between the AIS/GPS and K5-derived
azimuth velocities was 0.94. The root-mean-square error (RMSE) of the results was 1.33 m/s with a
slope of 1.04. High-speed vessels faster than 8 m/s generally contributed to the errors as observed in
Figure 2b. When the acceleration in Equation (8) is not negligible, the estimation error of the azimuth
velocity becomes large. Concerning the estimated range velocity, the squared correlation coefficient R?
between the AIS/GPS and K5-derived velocities was 0.90. The RMSE of the results was 1.15 m/s with a
slope of 0.90. A slope smaller than 1 implies that the K5-derived vessel range velocity component was
slightly underestimated. Although the RMSE of the radial velocity component is smaller than that
of the along-track component, a slope close to 1 is very important for future applications. The roll
motion of the ship superstructure including the bridge would be one of the main error sources on the
range velocity estimation. Potential error sources of the velocity estimation will be discussed later.
The vessel speed and heading were estimated by the two velocity components. The RMSEs of the
estimated vessel speed and heading were 1.52 m/s and 24.3°, respectively.

The accuracy of vessel velocity estimation depends on various conditions including the SCR,
speed of ship, size of ship, and roll and pitch of ship. Therefore, it is also important to determine
favorable conditions for vessel velocity estimation of spaceborne high-resolution SAR systems. Figure 3
shows the accuracy of the SAR-derived velocity according to the size of vessel and SCR. It was reported
that size is very important for detecting vessels and the detection rate is improved for vessels larger
than 30 m [1]. Similar to the ship detection case described by [1], the velocity estimation error also
decreases as the size of vessel increases as shown in Figure 3a. To determine the minimum size of
vessel, the relationship between the size of vessel and the estimation was examined. The relation
can be represented by an exponential fitted function as shown in Figure 3a. The crossing point of
the fitted line with the RMSE of speed 1.52 m/s is indicated as 19.9 m. Thus, a vessel size larger than
20 m is recommended for the estimation of velocity. The relationship between the velocity estimation
error and SCR was similarly obtained. The measurement accuracy is improved as the SCR increases
(i.e., strong signals from a given vessel while low backscattering from the surrounding sea surface).
As shown in Figure 3b, an SCR greater than 7.7 dB is the required condition for the velocity estimation.
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These two conditions can be considered for ship velocity estimation from spaceborne X-band SAR
systems in coastal areas.

Vessel range velocity: AIS/GPS vs SAR Vessel azimuth velocity: AIS/GPS vs SAR
T T T T T T T T T T

® R?=0.939, RMSE = 1.325
-7 »° gl [= == y=104x+023

SAR derived range velocity [m/s]
SAR derived azimuth velocity [m/s]

2 [ 2 1 .
AIS/GPS range velocity [m/s] 42 10 8 6 4 2 o 2
AIS/GPS azimuth velocity [m/s]

(a) (b)

Figure 2. K5 SAR-derived vessel velocities versus AlS/global positioning system (GPS) velocities:
(a) ground range velocity and (b) azimuth velocity. The squared correlation coefficient R2 are 0.75
and 0.94 for the range and azimuth velocities with root-mean square errors (RMSE) of 1.15 m/s and
1.33 m/s, respectively.

——~ y=2.47"exp(-0.0243"x);

\ ¥ = 9.38%xp(-0.0237°X);
45k — — ~ RMSE = 1.52 [m/s] 4 a5l \ — — - RMSE = 1.52 [m/s]
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Figure 3. Determination of optimum conditions for vessel velocity estimation with respect to vessel size
and signal-to-clutter ratio (SCR). (a) Size of vessel versus estimation error: The crossing point indicates
19.9 m; thus, a vessel larger than 20 m is recommended. (b) SCR versus estimation error: The crossing
point indicates 7.7 dB; thus, this would be the recommended condition for vessel velocity estimation.

The accuracy of estimation was calculated by using vessels that satisfied the two conditions,
i.e., vessel sizes and SCRs larger than 20 m and 7.7 dB, respectively. The results are displayed in
Figure 4. The squared correlation coefficient R* was 0.89 and 0.97 for the vessel speed and heading
angle, respectively. The RMSEs of the speed and heading were 1.09 m/s (2.1 knots) and 17.9° with a
slope of 1.05 and 0.94, respectively. This accuracy would provide useful information for coastal traffic
statistics. For the coastal traffic database, the speed, heading, and size of a given vessel are used mainly
to determine its type and activities. For instance, most registered crab fishing vessels are heading to the
harbor early in the morning according to tidal conditions. If one combines all available information,
including the time of day, tidal conditions, permitted fishing season, AIS signals, size of vessel, and its
speed and heading, its type and possible activities can be inferred.
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Vessel speed: AIS/GPS vs SAR Vessel heading: AIS/GPS vs SAR
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Figure 4. K5 SAR-derived vessel speed and heading versus AIS/GPS data: (a) Vessel speed and (b)
vessel heading. Results were obtained from vessels that satisfied the two conditions of vessel size and
SCR larger than 20 m and 7.7 dB, respectively. The RMSEs of vessel speed and heading angle were
1.09 m/s and 17.9°, respectively.

4. Discussion

The acceleration of a vessel within the SAR observation period, which is 0.58 s for the case of the
K5 stripmap mode, is usually very small and negligible compared to the speed of the vessel. However,
it may not be negligible if there is a significant acceleration/deceleration or a sudden change in heading
as the SAR observation occurs. From Equation (8), the comparable radial acceleration to the vessel
along-track velocity causing Doppler rate distortion is given by

2V

a, = ———0,.
"7 Rpsin® "

(16)

Considering a general configuration of the K5 SAR, the value of ROZSYSQ is approximately

0.04 sec™! so that the radial acceleration of 4, ~ 0.04v, (m/sec?) contribute to the same amount
of Doppler rate distortion as that of the along-track velocity v, (m/sec). The effects of acceleration
were thoroughly discussed by [42] and a sophisticated compensation method was also proposed [43].
However, the method also requires a multi-channel SAR system and uncompressed raw signals.
From single-channel SAR systems and SLC data, it is difficult to estimate the acceleration component
with a required accuracy. An acceleration analysis method from a single-channel SAR observation
was also discussed by [13] for fast-moving vehicles. However, directly applying that method to vessel
motion is difficult because the Doppler characteristics of vehicles on land are different from those of
vessels at sea. Consequently, the radial acceleration would be one of the main sources of error of the
along-track velocity estimation from single-channel spaceborne SAR systems. Figure 5 shows the
estimation error with respect to vessel speed and heading with respect to azimuth direction. To examine
radar-look direction bias, the vessel heading was transformed to the antenna coordinate direction
by which the 0° matched with the azimuth in Figure 5. Thus, the 90° represents the range direction
and the 180° represents the ship approaching the antenna in parallel with the azimuth. The error
distribution diagram shows errors larger than 2.1 m/s concentrated particularly at speeds higher than
8 m/s and approximately 170-240°. There was the largest error on the along-track velocity estimation
especially for vessels with high speeds in parallel with the spacecraft flight direction. The main source
of error might be the acceleration described in Equations (8) and (16). It implies that the proposed
method has a limitation on estimation of the along-track velocity higher than 9 m/s. It is, however,
necessary to do further study with more data to determine a speed limit of estimation, and developing
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a sophisticated method for separately estimating the acceleration from single-channel SAR SLC data
must be carried out in the future.

Velocity error w.r.t. azimuth

0°

5 2 25

velocity error [m/s]
Figure 5. Estimation error of vessel speed according to speed and vessel heading. The heading angles
are relative to the spacecraft flight direction. Significant errors occurred at approximately 180°, which is
a case of a vessel moving parallel to the flight line in opposite direction to the spacecraft forward motion.

In addition, it is necessary to average a sufficient number of range bins before the Doppler
rate estimation because the Doppler frequency rate in Equation (5) is coupled with the range
frequency. The zero-range frequency component or DC component can be obtained by averaging the
azimuth signals over range bins. For the K5 X-band SAR, at least 15 range bins are required for the
averaging process.

The potential error sources of the range or radial velocity estimation arise from the additional
radial motion of a vessel. Because dominant backscattering occurs in the superstructures of a vessel,
additional radial movements of the vessel’s high structures and side parts to the antenna look direction
would increase the Doppler frequency. When a vessel is imaged by the SAR, the bridge and funnel
usually provide a large radar cross section due to corner reflection. The roll motion of a vessel’s
high structure including the bridge and funnel also produces a higher radial velocity and probably
radial acceleration than that of the lower parts. Roll and pitch are common movements for a cruising
vessel; high structures such as the bridge and funnel contribute the most to estimating the errors of
range velocity. The effects of roll and pitch motion on the SAR-based velocity estimation of ground
moving target needs to be quantitatively analyzed in the future. It was, however, reported that a
ship roll of 2-3° would seriously distort Doppler phase and cause blurring of the image of localized
scatterers [44,45]. The angular velocity of roll motion is given by [44]

2nA 2mt

Q(t) = T COS(T) (17)
where A and T are the angular velocity amplitudes of roll and period, respectively. When the roll
amplitude and period are 9.6° and 12 s, respectively, as used by [44], then the angular velocity of roll is
given to be 4.85 rad/s during a 0.5 s period of SAR integration time. It will produce a perpendicular
velocity of 24.28 m/s by a scatterer located at 5 m from the center of mass, and consequently, a radial

velocity of 4.05 m/s when the rotation axis is normal to the antenna look direction.
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Figure 6 shows an example of an anchored ship. The residual Doppler frequency must be close
to zero because the ship remained completely stationary at the moment of the K5 SAR observation.
The residual Doppler frequency of this sub-scene was estimated by the 15 x 15 window used to produce
Figure 6b. As shown in Figure 6b, some high structures produced large Doppler frequencies that
originated from the roll and pitch motions of the vessel. Because high structures generally have a large
radar cross section, the contribution to the Doppler frequency estimation error is significant. Thus, it is
better to estimate the residual Doppler frequency using the radar signals from the freeboard or lower
deck of a vessel rather than the signals from the bridge and/or funnel.

residual Doppler freq (hz)
600

-
..._ 500
I_ n 400
1 - 300
4200
r - - 100
I L} JL §

- [ J 10
cj I‘ ‘ o -100
"‘ .l‘ 200
-300
o -400

(a) (b)

Figure 6. Example of a residual Doppler frequency caused by roll and pitch motions of vessel: (a) K5
SAR image of a ship anchored at the moment of data acquisition; (b) residual Doppler frequency
estimated by a 15 x 15 sliding window. This ship was anchored and, thus, stationary at the moment
of SAR observation. However, the roll and pitch motions particularly of the vessel high structures
contributed to errors of the estimated Doppler frequency; thus, these parts must be excluded in residual
Doppler frequency estimation.

It becomes more difficult to precisely measure the vessel speed from SAR observation as the
speed decreases. To determine the minimum boundary of K5 SAR-derived vessel speed, stationary
vessels commonly observed by AIS and K5 SAR were used for evaluation of measurement accuracy.
The uncertainty introduced by the instrumental precision of the AIS measurement is 0.0514 m/s [5],
but the actual uncertainty of the AIS measured vessel speed would be much larger than this boundary
due to unstable vessel motion. Ten vessels with an AIS measured speed less than 0.26 m/s (or about
0.5 knots) were used in this study as in Figure 7. A mean value of the 10 AID measured speed was
0.066 m/s with a standard deviation of 0.057 m/s, while the K5 SAR-derived speed resulted in a mean
speed of 0.64 m/s (or about 1.24 knot) with a standard deviation of 0.34 m/s. Thus, the method applied
to K5 SAR slightly overestimates the speed of stationary vessel, and the radial velocity component
contributes more seriously to the errors because of residual Doppler frequency caused by pitch and roll
motion. This result implies that the K5 SAR with a proposed method has a limitation of vessel speed
less than 0.64 + 0.34 m/s or roughly 1.9 knots. It is, however, necessary to more precisely determine the
minimum boundary of observable speed with a large number of stationary vessels in the future.
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T T

N EN
T T
| .

o
T
\

o
o
[ ]

K-5 SAR derived velocity [m/s]
o o
ES 3

o
N
T

0 . . . . . . .
0 0.02 004 0.06 008 0.10 012 0.14 0.16

AIS/GPS vessel speed [m/s]
Figure 7. Estimation error bound of vessel speed for stationary vessels. The mean speed of K5 SAR-derived
stationary vessel was 0.64 m/s with a standard deviation of 0.340 m/s while the mean AIS measured
speed was 0.066 m/s with a standard deviation of 0.057 m/s. The error bar indicates the mean and
standard deviation of the K5 SAR measurement.

5. Conclusions

The velocity and heading of vessels are important data for monitoring and controlling coastal
areas. The AIS alone is not enough for collecting information on vessels and accumulating a coastal
traffic database, but spaceborne SAR systems are very effective and efficient supplementary tools
for this purpose. Estimating the vessel velocity two-dimensionally from a K5 X-band SAR system
was successful. Both the ground range (or radial) and azimuth (or along-track) velocities were
estimated from the SAR SLC data, from which the speed and heading were consequentially obtained.
Through two field campaigns carried out in 2017 and 2018, the measurement accuracy was evaluated.
The minimum size of vessel and SCR were determined to be 20 m and 7.7 dB, respectively. From a
total of 19 vessels that satisfied the minimum size of vessel and SCR, the squared correlation coefficient
R? were 0.89 and 0.97 for the vessel speed and heading angle, respectively, and the RMSEs of the speed
and heading were 1.09 m/s (2.1 knots) and 17.9°, respectively. In fact, the K5 SAR has a capability for
observing a selected coastal region once a day by utilizing various modes, and therefore, it is possible
to accumulate a large amount of vessel information from the coastal sea eventually for building a
coastal traffic model. The method and results will be applied to a selected coastal sea in the future and
the spaceborne SAR application capability for building a coastal traffic model will be demonstrated.

Although the method applied to K5 was successful for retrieving a two-dimensional ship velocity,
further research is required for detecting and monitoring small vessels with slow speed. Radial
acceleration is the main source of error on the along-track velocity estimation. Acceleration estimation
from single-channel SAR SLC data is still neither efficient nor effective. High-speed vessels moving
parallel to the antenna flight line are still problematic, and this is a future task to be resolved. Concerning
the range velocity estimation, the roll and pitch motions of a vessel are the main contributors to these
errors. Particularly, the bridge and funnel produce an additional range velocity component while they
play an important role as backscatterers. In the near future, reducing the effects of distorted signals
caused by the roll and pitch motions particularly from such high structures on the range velocity
estimation is necessary.
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