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Abstract

:

Recently the technology development and increasing amounts of investment in renewables has led to a growing interest towards design and optimization of green energy systems. In this context, advanced Computational Intelligence (CI) techniques can be applied by engineers to several technical problems in order to find out the best structure and to improve efficiency in energy recovery. This research promises to give new impulse to using innovative unconventional renewable sources and to develop the so-called Energy Harvesting Devices (EHDs). In this paper, the optimization of a Tubular Permanent Magnet-Linear Generator for energy harvesting from vehicles to grid is presented. The optimization process is developed by means of hybrid evolutionary algorithms to reach the best overall system efficiency and the impact on the environment and transportation systems. Finally, an experimental validation of the designed EHD prototype is presented.
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1. Introduction


In the last years, the impact of human factors on climate change undoubtedly forced the scientific community to focus on renewable energy systems, especially those known with the name of Energy Harvesting Devices (EHDs) [1], since these represent the only way of maintaining our life standards (e.g., the energy consumption level) without depleting our non-renewable sources (carbon and fossils in general, whose use is in the mean time the first cause of anthropogenic climate change). Thus, it becomes mandatory to exploit all the possible alternative energy sources that may be available from the environment. When we think about “energy from environment” we are used to think and at the same time to limit our attention to natural environment, but we rarely consider the environment where we spend the most of our time, namely our city. Our cities are very hard to model as natural environment, since they are the place where the impact of anthropogenic factors is stronger and definitively not negligible, and this represents exactly the place with the largest energy concentration, where energy is seldom produced but certainly used and sometimes wasted. This is the reason why, thinking about how to exploit the energy harvesting principles, we have to consider urban environment as well, since this environment is hugely energy intensive.



Among all the energy related human activities we can consider in urban environment, traffic is one of the most energy-expensive ones, and, furthermore, it is characterized by great waste: only   30 %   of the fuel potential is used to transfer kinetic energy to the vehicle and the largest part of this energy is dissipated in decelerating phases by brakes and gases [2]. “Powerbumps” are innovative energy harvesting devices that reduce the speed of vehicles by converting the kinetic energy otherwise wasted by brakes into electricity. For obvious reasons of energy balance, those devices cannot be installed randomly on the road network but should be implemented in decelerating sites only, such as urban road crossings, pedestrian crossings, main road exits, where the standard passive speed bumps are usually installed. Whenever this condition is verified, powerbumps allow to achieve the optimal combination of improved road safety and the   C  O 2    compensation of road traffic.



Unfortunately, the design of such a system is absolutely hard, since it requires an integrated approach for effectively facing all the different requirements of energy scavenging. The amount of retrievable energy is typically small and in any case with a high variability in time. In this context, it is interesting to develop suitable techniques for modelling and optimization of renewable energy system design in which it is important not only to recover the maximum amount of energy from different sources, but also to increase overall system efficiency supporting network operators’ planning and operations [3]. Moreover, the challenge for the next generation EHDs will be to interact with the power grid using smart and dynamic control in order to extract the maximum power, without compromising the quality of the output power.



The technology progresses made over the last few decades in size and power consumption reduction of CMOS circuitry has stimulated the researchers to increase their efforts towards energy-harvesting devices especially for applications in industrial electronics and wireless sensors [4,5]. A large number of vibration-based EHDs have been proposed using various mechanisms, including electromagnetic, electro-static, and piezoelectric [6,7]. Among them, piezoelectric EHDs have received more attention due to their self-contained power generation capability, but higher power quantities are just promised for the near future by means of optimized design and improved materials.



In this paper some investigations have been conducted to apply this kind of devices for recovering energy from traffic, as shown in Figure 1. Very few attempts in this field exist in literature, for example with piezoelectrics [8] and hydraulic systems [9], but here the authors focused on a completely different device, namely a speed bump system. Moreover, other pedestrian safety studies have seen challenging experiments and braking devices tested in complex urban environments, such as in [10,11].
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Figure 1. Future scenario of vehicles’ energy harvesting system in Smart Cities (inset: simplified diagram of a speed-bumper energy converter with Tubular Permanent Magnet-Linear Generator). 
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Power bumps are innovative energy harvesting devices similar to flat speed bumps but recover the energy wasted by vehicle brakes in decelerating lanes. They reduce speed, produce electric energy [12] and increase road safety at the same time.



In our view, the replacement of hydraulic pumps and mechanical flywheel with a tubular generator and dynamic power control would increase the efficiency of the system by drastically reducing the vulnerability due to faults and damages, since no mechanical transmission is used in tubular generators.



Linear generators are today increasingly used for energy conversion, since many natural energy sources exhibit alternating motion [13]. In fact, renewables are often characterized by presenting discontinuous phenomena without very dense energy content. Moreover, a similar technology has been recently proposed in several marine applications as a well-suited device for wave energy harvesting [14,15].



Some other aspects such as active filtering, phase balancing and harmonic cancellation can be critical for the grid voltage stability, and these concurrent desiderata require the study of ad-hoc techniques to fully meet the design criteria for the optimization of such complex systems, which are characterized by a dynamic response with random nature that cannot provide the required continuity. Hence, the aim of this work is to apply advanced soft computing techniques to optimize this kind of EHD for proper design, in order to guarantee the best efficiency of the generating system and to increase its lifetime.



This research moved its first steps in the field of direct-drive linear machines [16], and now aims to introduce a novel modeling design technique to optimize a tubular linear generator used to recover energy from car vehicles, as exemplified in Figure 1. A Tubular Permanent Magnet Linear Generator (TPM-LiG) is an electromechanical device able to convert linear motion in electrical energy when driven by a prime mover without any mechanical gearbox. In this case, the optimization is required in order to obtain a voltage waveform close to the square wave to maximize the energy transfer.



The optimization design process with algorithm characteristics and specific implementation scheme are reported in Section 2. Section 3 describes the linear generator system with the relative numerical model. Finally Section 4 illustrates the setup of the experimental bench test (4.1), and the experimental results on system electromotive power output are reported in Section 4.2.




2. Novel Energy Harvesting System Design


The aim of this work is to achieve a new methodological approach to analyze the dynamics of subsystems for EHDs. In particular, authors have deepened their research on the inverse characterization and direct synthesis of the considered subsystems, integrating these two techniques in a novel procedure that enables to realize the complete design of energy harvesting systems (EHSs) by using an automated computer procedure in few machine hours.



In order to define such design process, a suitable optimization procedure must be considered. In fact, in this case the use of a direct synthesis approach can be very difficult, due to the complexity of the structure and the relevant number of parameters to be determined in order to obtain the requested particular features.



The implementation of computational intelligence techniques for automatic design in the field of transportation has been already used for example for controller structures [17] and also in electromagnetic system suspension without mechanical contact [18].



To provide an effective and timesaving modeling of complex systems, here an appropriate combination of evolutionary techniques can be applied as a convenient means towards EHD global design and performance optimization.



2.1. Computational Intelligence for Transportation Systems


The general aim of optimization is to find a solution that represents a global maximum/minimum in a properly defined domain, in other words, to find the best solution among all the possible ones. Industrial design and engineering problems generally involve a large number of physical and geometric parameters that can be both continuous and discrete, and often constrained in their allowable values.



Traditional optimization approaches are often Newton-based methods or, in any case, related to gradient descent algorithms. These techniques, better known as local optimization algorithms, generally need to compute many derivatives for the optimization of the objective function. Considering the large number of variables and the possible presence of local optima, it is generally difficult to use these traditional optimization methods to find the global best solution of complex engineering problems.



Evolutionary techniques have been effectively used in energy applications both for renewable energy optimization [19,20] and energy harvesting multi-objective design [21]. Even in intelligent transportation systems (ITS) applications, these techniques have been used for example to choose the optimal cooperative strategy in terms of energy consumption for road infrastructure networks [22].



These procedures can overcome those drawbacks, since they are able to find a global optimum, without being trapped in local optima and to face nonlinear and discontinuous problems with a great number of variables [23]. In fact, evolutionary algorithms apply an indirect synthesis by randomly choosing the parameters of interest and evolving their values towards an optimal solution. This means that one can control several parameters of the design, through a properly defined fitness function that puts constrains, e.g., on the resulting configuration and performances.



Among the main evolutionary optimization approaches, the Genetic Algorithm (GA) [19,24] and the Particle Swarm Optimization (PSO) [20] are worth mentioning.



In GA, each individual of the population encodes the parameters to be optimized, and therefore it represents a possible solution to the problem. For each individual, a fitness function is therefore evaluated and a score is assigned. GA simulates the natural evolution, adopting pseudo-biological operators such as selection, crossover and mutation to improve the fitness score associated to each individual [25].



In the PSO model, the position of each particle represents a solution of the problem. Particles move in the domain of the problem attracted by both the position of their best past performance and the position of the global best performance of the whole swarm [26].



These algorithms are iterative techniques with strong stochastic bases and consequently their performances are evaluated in terms of speed of convergence. The use of these techniques, requiring a relevant number of fitness function evaluations, needs particular care if, as in the considered case, the cost function is computationally expensive. Therefore, these approaches must guarantee the exploration of the solution domain to avoid premature convergence to local optima and the exploitation of the results to concentrate the search effort and to reduce the number of requested fitness function evaluations.



Moreover, optimization tools require a significant amount of time and computations, in particular when the device structure is complex, with hundreds or thousands of parameters to be optimized. For this reason, it is often necessary to introduce approximate models, in which the relationship between the physical parameters and the energy performances is derived from heavy numerical simulation.




2.2. Automated Design Procedure


The new technique here applied is based on two of the most known evolutionary optimization approaches GA and PSO. While PSO seems to have a convergence rate faster than GA early in the run, it is often outperformed by GA for long simulation runs, when the last one finds a better solution.



In order to maximize the efficiency of these two techniques, a hybrid technique was developed and named Genetic Swarm Optimization (GSO), since it involves GA and PSO techniques. Its basic concepts have been presented in [27]: in every iteration the population is randomly divided into two parts, which are evolved with GA and PSO operators respectively. The fitness of the newly generated individuals is evaluated and they are recombined in the updated population, which is again divided into two parts in the next iteration for the next run of genetic, or particle swarm operators.



The driving parameter of GSO algorithm is the hybridization coefficient   h c ( i )  , which indicates the percentage amount of population that is processed by GA operators in each iteration i. The different rules of variation of   h c ( i )   during iterations identify several “flavors” in the class of GSO algorithms, as shown again in [27]. Moreover, the authors proposed also two different adaptive rules, namely dynamic and self-adaptive, in order to combine in the most effective way the properties of the GA and the PSO approaches also for unknown problems. In particular, the proposed method has been tested and validated here on a benchmark magnetic case called TEAM 25 problem [28], as shown in [29].



Results of the algorithm performance analysis are reported in Figure 2. The bars show the best, worst and average performance of the optimization algorithm for a fixed number of iterations and over a given number of independent trials. It is clear from these results that the adaptive strategies perform better even than GA and PSO. The average cost function values found during iterations are reported in Figure 3, showing a faster speed of convergence of the considered GSO implementations compared with the GA and the PSO.
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Figure 2. Final fitness values for TEAM problem 25 optimized with different GSO hybridization strategies (from [29]). 
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Figure 3. Fitness value evolution for TEAM problem 25 optimized with different GSO hybridization strategies (from [29]). 
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From the overall results reported here and in cited papers, GSO has been chosen as the optimization engine of the automated design procedure of TPM-LiG presented in this paper, according to the fitness function that has been suitably defined and will be described in the following.




2.3. Implementation


Referring to the Figure 4, the automated design procedure proposed for TPM-LiG is organized in the following tasks:
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Figure 4. Flow chart of the design and optimization algorithm. 
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Input: Analysis of specifications. In order to match the performances of the machine with the given specifications, it is necessary to set up the desired performances thresholds for the fitness function (see Section 3.2).



	
GSO initialization: the GSO algorithm produces a new pattern of geometric variables, i.e., a random configuration.



	
Generation of TPM-LiG geometry: the algorithm built in MATLAB environment defines a configuration of TPM-LiG by drawing the geometric shape of the system in the FEMM 4.2 workspace [30].



	
FEM simulation: the algorithm executes FEMM 4.2 to calculate the distribution of the magnetic field in the system and it measures PM fluxes   [  Ψ 1  ,  Ψ 2  ,  Ψ 3  ]   in the stator armour behind each winding of the three coils. It also calculates the cogging force acting on the slider.



	
Electromotive force (EMF) waveform: the algorithm moves the slider step by step and repeats the operations of the previous task reconstructing the cogging force and the EMF curves by interpolating all the measures. This analysis can be conducted with or without electrical load: by specifying the impedance of the load, the algorithm calculates the current inducted in the coils at the iteration   i n   and uses those values to define the currents in the coils at the iteration   i  n + 1   .



	
Fitness score evaluation: by using a multi-objective criterion, the fitness function assigns a score to the geometric configuration of TPM-LiG to evaluate the distance of the machine performances from the given specifications.



	
GSO evolution: the score obtained from the fitness function is used by GSO operators to produce a new pattern of geometric variables. The loop restarts from step 3.



	
Output: when the performances of TPM-LiG simulated by FEMM 4.2 are sufficiently close to the given specifications, this iterative procedure stops and a three-dimensional CAD data sheet relative to the optimized configuration is printed as output for manufacturing.








The above-described approach allows to design a new tubular generator in few hours simply by starting from the specifications, without any preliminary consideration about the topology of the machine, such as the presence of armour boots, the shape of spacers or the number of turns in windings.



The next section presents the numerical model of the system, with a description of the geometry of the device and details on its numerical modeling.





3. Linear Generator Optimization


The procedure described in the previous section is here applied to the design of a TPM-LIG for the power-bump application [31].



3.1. System Description


As shown in Figure 5, this machine is equipped with a modular stator winding in which the coils of each phase are disposed adjacent to each other. When the slider is moved, the fluxes originated by PMs link each phase according to phases’ mutual distances so that an appropriate space shifting allows the desired output voltage generation.
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Figure 5. Schematic of three-phase TPM-LiG with a modular stator winding. 
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The parametric analysis presented [32] shows that it is possible to modify the harmonics of the generated voltage in order to obtain either a quasi-square or a triangular waveform. Such versatility is due to the physical complexity of the system that depends on a large number of geometric and physical variables [16]. This feature makes this technology suitable in energy harvesting applications.



To employ this technology to supply a small electronic device, it is desirable to design a TPM-LiG capable of producing a constant output voltage, since the available energy depends on the time-integral of power. Moreover, by using a three-phase generator equipped with a simple AC-DC converter such as an ideal three-phase Graetz bridge, authors aim to maximize the root mean square (RMS) of rectified voltage, reducing as much as possible the ripple and the cogging force effects.



Pursuing this objective, a simulation tool based on FEM engine of “Finite Element Method Magnetics Software” [30] has been built in MATLAB environment as a numerical model connected to the GSO algorithm. By means of an iterative procedure, the simulation tool measures the cogging force and PMs’ fluxes in the stator armour behind each winding, as shown in Figure 6, and it evaluates the electromotive force (EMF) assuming a continuous velocity as dynamic profile for the slider motion.
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Figure 6. Field distribution within the TPMLiG coils. 
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The stator is equipped with three winding slots. The slot fill factor is assumed to be closed to   0 . 8  , and the air gap in the winding slot is ignored in the simulation model. The slider consists of a hollow shaft and permanent magnets separated by iron spacers. A permanent magnet with grade   N 42   (   h c  = 955   kA/m,    b r  = 1 . 32   T) is used to provide a high-density magnetic field. Magnets are axially magnetized and mounted alternately on the shaft in order to maximize the magnetic poles utilization. The core and the spacers are considered to be realized by using pure iron with nonlinear B–H curve. The three coils cover a whole pole pitch to increase the linked flux and obtain a trapezoidal waveform. All the variables considered in the parametric analysis are shown in Figure 7, and the values selected by the optimization analysis are summarized in Table 1.
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Figure 7. Schematic of TPM-LiG’s geometric variables considered in the parametric analysis. 
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Table 1. Geometrical Parameters Range.
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Variable

	
Name

	
Value [mm]






	
Axial Parameters




	
Pole pitch

	
  P P  

	
  21 . 00  




	
Magnet height

	
  M g _ H  

	
  [ 0 . 60 , 0 . 96 ] · P P / 2  




	
Slider tooth height

	
  S l T _ H  

	
  [ 0 . 10 , 0 . 80 ] · P P / 2  




	
Winding Height

	
  W n _ H  

	
  [ 0 . 30 , 0 . 90 ] · P P / 3  




	
Stator tooth height

	
  S t T _ H  

	
  [ 0 . 20 , 0 . 80 ] · P P / 3  




	
Radial Parameters




	
Stator outer radius

	
  S t _ r  

	
  [ 20 , 40 ]  




	
Air gap

	
  A g  

	
1




	
Stator Thickness

	
  S t _ T  

	
  [ 0 . 30 , 0 . 70 ] · ( S t _ r - A g / 2 )  




	
Winding thickness

	
  W n _ t  

	
  [ 0 . 70 , 0 . 90 ] · S t _ t  




	
Stator armour thickness

	
  A r _ t  

	
  [ 0 . 05 , 0 . 10 ] · S t _ r  




	
Shaft outer radius

	
  S h _ r  

	
  [ 0 . 40 , 0 . 80 ] · S l _ r  




	
Magnet Thickness

	
  M g _ t  

	
  [ 0 . 70 , 0 . 95 ] · S l _ r  










3.2. Numerical Model


In order to characterize the electromagnetic behavior of TPM-LiG, a parametric analysis has been developed along the radial direction and along the axial direction, considering the effects of all the different parameters involved in the geometrical configuration of the machine at the same time. Authors have also defined two per-unit systems identifying a base unit quantity for each direction to maintain a general approach. As shown also in Table 1, this choice allows to provide an adimensional analysis, since all the variables of the same axis are expressed as a fraction of a common defined base.



The data interface between optimization algorithm and numerical model is managed by a built-in function called fitness function. It is worth noting that the fitness function is the only link between the numerical model of the physical problem and the optimization procedure. The fitness function decodes the information provided by GSO into geometrical dimensions assigned to TPM-LiG design; afterwards, the fitness function analyzes the new configuration, and then it evaluates the maximum peak value of cogging force (  F  c o g   ) acting on the slider, the root mean square value (  V  r m s   ) and the per unit ripple value (  V  r i p p l e   ) of output voltage expressed as functions of slider position. The fitness function also takes into account the maximum value of EMF generated by moving slider PMs and the RMS rectified output voltage of AC-DC ideal converter.



The selection of the parameters evaluated by the fitness function is crucial for the definition of the objective function. In fact, the aim of optimization algorithms is to find a solution that represents a global maximum or minimum in a suitably defined domain. In order to maximize the energy transferred by TPM-LiG from the power bump surface to the electronics, it is desirable to have the greatest value of generated voltage with the RMS value of rectified voltage close to one, which requires an EMF with a trapezoidal waveform. Moreover, it is necessary to reduce the cogging force as much as possible.



To reach out these different objectives, authors chose a constrained multi-objective approach [33] by adopting thresholds for the fitness score value f in order to identify three different phases into the fitness score evaluation. Fitness score value f is then maximized by GSO algorithm according to the following expressions:


  f =   F  1  m a x    f 1   ,     if      f 1  >  F  1  m a x    



(1)






   f 1  =    V  m a x   -  V  m i n     V  m a x     



(2)




where   f 1   is the per-unit ripple value of output voltage and    F  1  m a x   = 15 %   is the desired level for   f 1  . Whenever the ripple value   f 1   stays above the threshold   F  1  m a x   , the objective of GSO is to minimize it, as expressed by Equation (1).



When the value of   f 1   is maintained below   F  1  m a x   , the objective function becomes:


  f = 1 +   F  2  m a x    f 2   ,     if      f 2  >  F  2  m a x    



(3)






   f 2  = max  (  F  c o g   )   



(4)




This condition allows to minimize the maximum peak value of cogging force   F  c o g   , until the second threshold   F  2  m a x    is reached, since    F  2  m a x   = 5   N represents the desired maximum level of   F  c o g   .



While the value of   f 2   is maintained below   F  2  m a x   , for maximizing the RMS of output voltage   V  o u t    the objective function f becomes instead:


  f = 2 +   f 3   F  3  m i n     



(5)






   f 3  = min  (  V  o u t   )   



(6)




where    F  3  m i n   = 24   V represents the minimum desired level for the RMS output voltage   V  o u t   .



The objective function described above is defined to reach three successive objectives, producing a high, quasi-constant output voltage with the smallest cogging force. Any fitness score value   f > 3   means that all the requirements have been satisfied.



A prototype of tubular linear generator designed with the automated approach described here is presented in the next section.





4. Prototype Measurements


In previous sections, a novel modeling approach for tubular generator design has been proposed as optimal solution in terms of time—computing and projecting costs.



A prototype of TPM-LiG has been manufactured to verify the prediction model, design, analysis, and resulting performance. It is composed by 13 pure-iron stator and 7 pure-iron slider elements mounted on the shaft with 8 NdFeB N42 permanent magnets and 6 windings between the stator elements (as shown in Figure 8).
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Figure 8. Section of the optimized TPM-LiG. 






Figure 8. Section of the optimized TPM-LiG.
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In the prototype manufacturing process, the air gap forces appeared to be of highest importance, whereas the handling of permanent magnet proved to be much more difficult than expected. The smallest feasible air gap was   0 . 7   mm for the prototype generator. Smaller air gap was hard to obtain because of the difficulties in the assembling phase.



In order to achieve the best measuring conditions, a tubular machine has been chosen as actuator for generator test bed.



4.1. Generator Test Bed


The generator test bed has been designed ad-hoc to fit the dimensions of tubular actuator.



The linear guide lies on a steel frame assembled to hold the stator of the actuator, so that the magnetic shaft of the linear motor is bounded by the frame itself. Figure 9 shows the assembled test bed with the TPM-LiG. Tests were made with sliding stator and fixed shaft. A simple screw is used to block the generator shaft into position.
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Figure 9. Experimental prototype test bed. 






Figure 9. Experimental prototype test bed.
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A linear shaft drive is used for motion control: the SHM/SHD (a new cylinder model linear motor system [34]) equipped with a 25 mm magnetic shaft is designed to be driven without an external position sensor because the magnetic flux, generated by the shaft, enables position detection. Thrust force can occur immediately after starting because the position of magnetic pole can be detected by the built-in position sensor that enables operation without using external magnetic pole to detect elements. In addition, complex position driving is possible without an outer controller because the driver has built-in position driving function.



The inverter is an SHD 08 25 linear drive with   0 . 9   kVA power supply equipment capacity. It is equipped with fast pulse input from outside as command input in pulse command mode, where the maximum pulse frequency is 4 Mpps.




4.2. Experimental Prototype of Tubular Generator


The objective of these measurements is to validate the design, analysis, and resulting performance. In particular, we wanted to prove the correspondence between measured and predicted EMF waveforms. Since the analysis of TPM-LiG presented in this work is based on the hypotheses that the velocity of slider is quasi-constant for all the dynamic across the pole pitch, the linear drive is set to move the stator of tubular generator with constant velocity    ν s  = 500   mm/s.



Measurements were made in a differential mode in order to filter the many interferences propagated by the inverter. A NI USB–6216 National Instruments data acquisition board is used as shown in Figure 10.
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Figure 10. A scheme of the implemented measuring circuit. 






Figure 10. A scheme of the implemented measuring circuit.
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In Figure 11 and Table 2, the results of measurements are compared with the simulation expected values on the double three-phase.



The experimental results verify, to a large extent, the numerical tool used in the design process. Figure 11 shows how it is effectively possible to achieve a trapezoidal shape of EMF in order to take advantage of a quasi-constant rectified voltage.
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Figure 11. Trend of the Electromotive Force in the three phases of TPM-LiG: the predicted (thin lines) compared with the measured (bold lines). The black line represents the trend of output voltage if a Graetz rectifier is used with a double three-phase generator. 
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Table 2. Prototype resulting performances.
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Variable

	
Threshold

	
Simulation

	
Measure






	
  V  r m s   

	
≥ 24 V

	
28.07 V

	
24.3 V




	
Ripple

	
≤ 15%

	
11.48%

	
17.28%




	
  F  m a x   

	
≤ 5 N

	
2 N

	
4 N









Neglecting the losses due to the Graetz bridge, the expected RMS value of rectified voltage is equal to   96 . 71 %   of maximum output voltage   V  o u t   , with a ripple of   11 . 48 %   that is   3 %   under the objective. On the other hand, the measured RMS value is equal to   90 . 33 %   of the maximum output voltage   V  o u t    (  - 7 %   with respect of the predicted), with a ripple of   17 . 28 %   (  + 6 %  ).



As shown in Figure 12, according to the numerical model, the optimized cogging force effects are reduced to an amount included into the interval   [ - 2 , 2 ]   N. This feature causes an oscillation of   1 %   on the average force of 200 N applied by the car wheel. However, on the test bed the cogging force effect occurs in the interval   [ - 4 , 4 ]   N, still smaller than    F  2  m a x   = 5   N, causing an oscillation less than   2 %   compared with the average force applied by the car wheel.
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Figure 12. Trend of the Cogging Force: the predicted (thin line) compared with the measured (bold line). 
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The most significant result obtained with the proposed approach can be observed in the output voltage: the measured minimum value is   24 . 3   V, which is very close to the desired 24 V and   16 %   less than the   28 . 07   V expected from simulation.



The small gap between expected and measured EMF trends has to be attributed to the absence of empirical coefficients in the predictive model. In fact, the developed simulation tool does not take into account the tolerance of manufacturing errors. This aspect will be integrated in a future version of modeling approach.




4.3. Perspective Impact on Traffic Energy Conversion


Preliminary bench test performed on a real speed bump (Figure 13) revealed that a single power bump ten meters long installed in the proximity of a roundabout with an average of 10,000 crosses per day can recover up to 200 MWh per year. The same amount of energy is produced by a 170 kWp PV plant with a surface of 1200 square meters. A plant of this size can potentially supply sixty families or fully recharge ten electric vehicles per day, saving up to 250,000 kg of   C  O 2    per year.
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Figure 13. Experimental test on a power bump. 






Figure 13. Experimental test on a power bump.
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5. Conclusions


In this paper, a novel hybrid optimization technique has been effectively used for the optimization of a tubular linear generator for energy harvesting from vehicles to grid.



The suitability of employing a tubular PM brushless machine equipped with modular stator elements for harvesting energy from traffic has been discussed. The performance of the tubular machine has been analyzed by FEM calculations, and it has been shown that the design of the machine can be optimized according to the given specifications.



Test in progress confirmed that the novel modeling approach can be applied to design TPM-LiG for small electronic devices and power grid connection as well. The proposed novel device is a promising technology for energy efficiency and environmental sustainability in the future, since it recovers energy from urban traffic typically in highways tolls, logistics centers, school pedestrian crossings and roundabouts towards the Smart City concept.







References


	



Khaligh, A.; Chapman, P.L.; Ghodssi, R. Special Section on Energy Harvesting. IEEE Trans. Ind. Electron. 2010, 57, 810–876. [Google Scholar] [CrossRef]

	



Ye, M.; Jiao, S.J.; Cao, B.G. Energy Recovery for the Main and Auxiliary Sources of Electric Vehicles. Energies 2010, 3, 1673–1690. [Google Scholar] [CrossRef]

	



Soares, J.; Canizes, B.; Lobo, C.; Vale, Z.; Morais, H. Electric Vehicle Scenario Simulator Tool for Smart Grid Operators. Energies 2012, 5, 1881–1899. [Google Scholar] [CrossRef]

	



Tan, Y.K.; Panda, S.K. Energy Harvesting From Hybrid Indoor Ambient Light and Thermal Energy Sources for Enhanced Performance of Wireless Sensor Nodes. IEEE Trans. Ind. Electron. 2011, 58, 4424–4435. [Google Scholar] [CrossRef]

	



Zhang, B.; Simon, R.; Aydin, H. Energy Management for Time-Critical Energy Harvesting Wireless Sensor Networks. Lect. Notes Comput. Sci. 2010, 6366, 236–251. [Google Scholar]

	



Zhang, B.; Li, J.G.; Wang, Y.H. Model and Experimental Research on an Electromagnetic Vibration Powered Generator With Annular Permanent Magnet Spring. IEEE Trans. Appl. Superconduct. 2012, 22, 5201504. [Google Scholar]

	



Zhu, M.L.; Worthington, E.; Njuguna, J. Analyses of Power output of piezoelectric energy-harvesting devices directly connected to a load resistor using a coupled piezoelectric-circuit finite element method. IEEE Trans. Ultrasonics Ferroelectr. Freq. Control 2009, 56, 1309–1317. [Google Scholar]

	



Ye, G.L.; Yan, J.; Wong, Z.J.; Soga, K.; Seshia, A. Optimisation of a Piezoelectric System for Energy Harvesting from Traffic Vibrations. In Proceedings of IEEE International Ultrasonics Symposium (IUS), Rome, Italy, 20–23 September 2009; pp. 759–762.

	



Chandler, D. More Power from Bumps in the Road. MIT News. 9 February 2009. Available online: http://web.mit.edu/newsoffice/2009/shock-absorbers-0209.html (accessed on 14 November 2012).

	



Cerri, P.; Ghidoni, S.; Grisleri, P.; Jung, H.G. A New Approach to Urban Pedestrian Detection for Automatic Braking. IEEE Trans. Intell. Transp. Syst. 2009, 10, 594–605. [Google Scholar]

	



Keller, C.G.; Enzweiler, M.; Rohrbach, M.; Llorca, D.F.; Schnorr, C.; Gavrila, D.M. The Benefits of Dense Stereo for Pedestrian Detection. IEEE Trans. Intell. Transp. Syst. 2011, 12, 1096–1106. [Google Scholar] [CrossRef]

	



Biello, D. Will a Speed Bump Power the Grid? Scientific American. 3 September 2009. Available online: http://www.scientificamerican.com (accessed on 19 January 2010).

	



Wang, C.F.; Miao, D.M.; Luk, P.C.K.; Shen, J.X.; Xu, C.; Shi, D. A Shoe-Equipped Linear Generator for Energy Harvesting. In Proceedings of IEEE International Conference on Sustainable Energy Technologies (ICSET), Kandy, Sri Lanka, 6–9 December 2010; pp. 1–6.

	



Yu, H.T.; Liu, C.Y.; Yuan, B.; Hu, M.Q.; Huang, L.; Zhou, S.G. A Permanent Magnet Tubular Linear Generator for Wave Energy Conversion. J. Appl. Phys. 2012, 111, 07A741. [Google Scholar] [CrossRef]

	



Du, Y.; Chau, K.T.; Cheng, M.; Fan, Y.; Zhao, W.X.; Li, F.H. A Linear Stator Permanent Magnet Vernier HTS Machine for Wave Energy Conversion. IEEE Trans. Appl. Superconduct. 2012, 22, 5202505. [Google Scholar] [CrossRef]

	



Canova, A.; Garramone, A.; Gruosso, G. Design and Optimisation of Two phase Tubular Permanent Magnet Linear Motors for Custom Applications. In Proceedings of the 3rd IET International Conference on Power Electronics, Machines and Drives, Dublin, Ireland, 4–6 April 2006; pp. 177–181.

	



Alfaro-Cid, E.; McGookin, E.W.; Murray-Smith, D.J.; Fossen, T.I. Genetic Programming for the Automatic Design of Controllers for a Surface Ship. IEEE Trans. Intell. Transport. Syst. 2008, 9, 311–321. [Google Scholar] [CrossRef]

	



Wu, S.J.; Wu, C.T.; Chang, Y.C. Neural-Fuzzy Gap Control for a Current/Voltage-Controlled 1/4-Vehicle MagLev System. IEEE Trans. Intell. Transport. Syst. 2008, 9, 122–136. [Google Scholar]

	



Zeng, J.; Li, M.; Liu, J.F.; Wu, J.; Ngan, H.W. Operational Optimization of a Stand-alone Hybrid Renewable Energy Generation System Based on an Improved Genetic Algorithm. In Proceedings of IEEE Power and Energy Society General Meeting, Minneapolis, MN, USA, 25–29 July 2010; pp. 1–6.

	



Pourmousavi, S.A.; Nehrir, M.H.; Colson, C.M.; Wang, C.S. Real-Time Energy Management of a Stand-Alone Hybrid Wind-Microturbine Energy System Using Particle Swarm Optimization. IEEE Trans. Sustain. Energy 2010, 1, 193–201. [Google Scholar] [CrossRef]

	



Elhadj, B.; Mansour, M.; Ashutosh, T.; de Rueda, A.G. Evolutionary Multi-Objective Design Optimisation of Energy Harvesting MEMS: The Case of a Piezoelectric. In Proceedings of IEEE Congress on Evolutionary Computation (CEC), New Orleans, LA, USA, 5–8 June 2011; pp. 1856–1863.

	



Nguyen, T.D.; Berder, O.; Sentieys, O. Energy-Efficient Cooperative Techniques for Infrastructure-to-Vehicle Communications. IEEE Trans. Intell. Transport. Syst. 2011, 12, 659–668. [Google Scholar] [CrossRef][Green Version]

	



Chen, P.H. Pumped-Storage Scheduling Using Evolutionary Particle Swarm Optimization. IEEE Trans, Energy Convers. 2008, 23, 294–301. [Google Scholar] [CrossRef]

	



Abdelhadi, B.; Benoudjit, A.; Nait-Said, N. Application of Genetic Algorithm with a Novel Adaptive Scheme for the Identification of Induction Machine Parameters. IEEE Trans. Energy Convers. 2005, 20, 284–291. [Google Scholar] [CrossRef]

	



Goldberg, D.E. Genetic Algorithms in Search, Optimization and Machine Learning; Addison-Wesley: New York, NY, USA, 1989. [Google Scholar]

	



Kennedy, J. The particle swarm: Social adaptation of knowledge. In Proceedings of International Conference on Evolutionary Computation, Indianapolis, IN, USA, 13–16 April 1997; pp. 303–308.

	



Gandelli, A.; Grimaccia, F.; Mussetta, M.; Pirinoli, P.; Zich, R.E. Development and Validation of Different Hybridization Strategies between GA and PSO. In Proceedings of the IEEE Congress on Evolutionary Computation, Singapore, 25–28 September 2007; pp. 2782–2787.

	



Lebensztajn, L.; Coulomb, J.L. TEAM workshop problem 25: a multiobjective analysis. IEEE Trans. Magn. 2004, 40, 1402–1405. [Google Scholar] [CrossRef]

	



Pirisi, A.; Grimaccia, F.; Mussetta, M.; Zich, R.E. An evolutionary optimized device for energy harvesting from traffic. In Proceedings of the IEEE Congress on Evolutionary Computation, Queensland, Australia, 10–15 June 2012.

	



Meeker, D. Finite Element Method Magnetics Version 4.2 Users Manual. Available online: http://www.femm.info/Archives/doc/manual42.pdf (accessed on 13 November 2012).

	



Leijon, M.; Bernhoff, H.; Agren, O.; Isberg, J.; Sundberg, J.; Berg, M.; Karlsson, K.E.; Wolfbrandt, A. Multiphysics Simulation of Wave Energy to Electric Energy Conversion by Permanent Magnet Linear Generator. IEEE Trans. Energy Convers. 2005, 20, 219–224. [Google Scholar] [CrossRef]

	



Pirisi, A.; Mussetta, M.; Gruosso, G.; Zich, R.E. Optimization of a Linear Generator for Sea-Wave Energy Conversion by means of a Hybrid Evolutionary Algorithm. In Proceedings of the IEEE Congress on Evolutionary Computation, Barcelona, Spain, 18–23 July 2010.

	



Deb, K. An Efficient Constraint Handling Method for Genetic Algorithms. Comput. Methods Appl. Mech. Eng. 2000, 186, 311–338. [Google Scholar] [CrossRef]

	



Mikipulley Linear Shaft Drive. Available online: http://www.mikipulley.co.jp/prd_pdf/plasd001_ct_en.pdf (accessed on 13 November 2012).





© 2012 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution license (http://creativecommons.org/licenses/by/3.0/).







media/file4.png
Error Value

TEAM Problem 25: average results over 20 samples

—+— PSO (hc=0)
—6— GSO (hc=0.2)
: —*— GA (hc=1)
.......... ... | —8— Dynamic GSO |
: | —6— Self-Adapt.GSO

00154\ - . .................

0.005 . F P

0 500 1000 1500 2000 2500
Number of function evaluations





media/file18.png





media/file13.png
St r

SIT H

Mg H

StT H

Wn H | PP

Mg t Wn t
Sh r MgS t WnS t Ar
H H
SIT t||StT t
Sl r St t





media/file26.png





media/file9.png
Stator

Slider Windings





media/file22.png
]

4[]

30

20

Electromotive Force (v = 500 mmfs]
. i o max 29 a8
7T N i L 5 RMS:80%
f E or : \% f ‘min, 24 3 -"Rtpple 17 %

B A T T TR s I I I I I R R R

i | i i ! i | |
0.005 0.01 0.015 002 0025 003 0035 0.04
Time [5]





media/file23.png
Cogging Force (v =500 mm/s)

SR oy

0.005

0.

01

0.015

0.0z
Time [s]

0.025

0.

03






media/file10.png





media/file5.png
Error Value

TEAM Problem 25: average results over 20 samples

0.025 ! ! ! .
: : . | =—+—PSO (hc=0)
—O— GSO (hc=0.2)
) : : . | —%— GA (hc=1)
O02H\ - - T D .| =—8B— Dynamic GSO |1
} ! . | —@— Self-Adapt.GSO

0.015

0.01-

0.005

O i i i i
0 500 1000 1500 2000 2500
Number of function evaluations





media/file15.png
Hﬁﬁﬁﬁ.ﬂ 4






media/file19.png
Shunting Measurement
Resistance Resistance
Ry
' —
{_}
GENERATOR
4 R;
Rectifier
Voltage signal R
: 2
— Current signal

DAQ | 4





media/file6.png
Specifications

3D CAD Design

=)

Matlab Parametric Design
T
t

I e )
)

s

St vl TWal WL

e
Sir S

3 thresholds score






nav.xhtml


  energies-05-04624


  
    		
      energies-05-04624
    


  




  





media/file11.png





media/file1.png
F






media/file16.png





media/file2.png
Error Final Value

TEAM Problem 25 (20 samples)

0.006

0.004

0.002

PSO (hc=0)
GSO (hc=0.2)
GA (hc=1)

Dynamic GSO
Self-Adapt.GSO






media/file20.png
GENERATOR | o

———— Voltage signal

Current signal

Shunting Measurement

Resistance Resistance
R, S : Ry i
) 1 M
ac i —_ [
de : :
: : R,
Rectifier : :
s - [Jr
||
D A Q USB cable ‘






media/file7.png
FEMM 4.2

‘ Matlab Parametric Design ‘

IStT_H T
‘|'Wn_H PP

Specifications | [IImm)>

BP

3D CAD Design

‘ Fithess Score

=

iy : i

.-....... .-......' U;’E j_rﬁ_‘

en'.'l: Fﬂ

g Ufd f

il ;

0] i
0

g :

c (074 :

& i

i r :

N7 :

Uia j X

éﬁlthreshold[s score

0 il m 0 400 500
Number of terations

'IIIIIIII' 'IIIIIIII






media/file24.png
Cogging Force (v = 500 mm/s)

0.01 001s 002 0025 003 0035 0.04
Time [z]

0.005

0





media/file12.png
Str

Ag
1 H
SIT H
Mg H
—
Mg t Wn_t
Sh r MgS t WnS_ t A
H
SIT t||StT t
Sl r St t

rt

ST H






media/file3.png
Error Final Value

TEAM Problem 25 (20 samples)

001..

I best
[ ]average
[ Jworst

0.0084.

0.0064.

0.0044.

0.0024.

O\"__...

PSO (hc=0)
GSO (hc=0.2)
GA (hc=1)

Dynamic GSO
Self-Adapt.GSO






media/file0.png





media/file17.png





media/file8.png





media/file25.png





media/file21.png
[+]

Electromotive Force (v = 500 mm/s)

=3
]
w

ma

@

WJ‘N

A

243V

L

90%
7%

‘

\
B
P

T

o -

.\\

o

.

o
~a

\
A

7 -
. A — A
~ —4
\_\:\_\i/ N

N
%
=

0.005

0.

01 00s 002 0025 0
Tirme [s]

03 0035

0.

04





