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Abstract: This paper gives a detailed technical overview of some of the activities carried out
in the context of the “Wireless Sensor networks for city-Wide Ambient Intelligence (WISE-
WAI)” project, funded by the Cassa di Risparmio di Padova e Rovigo Foundation, Italy. The
main aim of the project is to demonstrate the feasibility of large-scale wireless sensor network
deployments, whereby tiny objects integrating one or more environmental sensors (humid-
ity, temperature, light intensity), a microcontroller and a wireless transceiver are deployed
over a large area, which in this case involves the buildings of the Department of Information
Engineering at the University of Padova. We will describe how the network is organized to
provide full-scale automated functions, and which services and applications it is configured to
provide. These applications include long-term environmental monitoring, alarm event detec-
tion and propagation, single-sensor interrogation, localization and tracking of objects, assisted
navigation, as well as fast data dissemination services to be used, e.g., to rapidly re-program
all sensors over-the-air. The organization of such a large testbed requires notable efforts in
terms of communication protocols and strategies, whose design must pursue scalability, en-
ergy efficiency (while sensors are connected through USB cables for logging and debugging
purposes, most of them will be battery-operated), as well as the capability to support appli-
cations with diverse requirements. These efforts, the description of a subset of the results
obtained so far, and of the final objectives to be met are the scope of the present paper.
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1. Introduction and Project Objectives

Currently, one of the major research efforts in the field of network architecture and communication is
devoted to the development of the so called ad hoc networks, which are characterized by the ability to
communicate and coordinate without the need for a centralized base station to undertake these tasks. This
may be required for a number of reasons including, but not limited to, emergency scenarios, infeasibility
or impracticality of wired layouts (e.g., at business meetings), battlefield deployments, and so forth. The
very fact that nodes are not located and configured based on a priori network shape and architecture, but
are instead placed where there is a specific (ad hoc) need, gives rise to the name.

Wireless Sensor Networks (WSN) are a very specific class of ad hoc networks, composed by a number
of devices spread throughout a given area, and capable of collecting information about the surrounding
environment, of processing this information, and of circulating it through the network via a wireless
communication channel. In [1] the main features of WSNs are discussed with reference to the wide range
of applications in which they can be employed. In this context, it is useful to highlight how the WSN
approach perfectly fits the perspective of ambient intelligence in large, possibly city-wide scenarios. First
of all, let us recall that wireless sensors are usually very small nodes with a limited set of capabilites.
They usually incorporate by default a set of environmental sensors (temperature, light, humidity), a
programmable general-purpose microcontroller, some RAM/ROM units and a radio transceiver unit.
Recent implementations of wireless sensors also incorporate a serial connection (e.g., through a USB
interface), which is used for programming, but can also be employed for power supply. By means of
wireless communications, the sensors can be organized into a network that cooperates in tasks including,
but not limited to, environmental monitoring and control, alarm dissemination, localization and tracking
of moving objects, and ambient intelligence in general. The latter definition encompasses a number of
applications involving complex interactions between a user, the network, and the environment, possibly
including some specific actuation devices that might be interfaced to the sensors in order to carry out a
certain task. For example, a wireless sensor with a hardcoded identity footprint could communicate with
the network so that its movements can be tracked: such a sensor could, e.g., be attached to a piece of
luggage, to make sure that it is routed toward the correct destination by airport logistics and that, in case
of errors, its route can be quickly reconstructed, in order to allow timely recovery.

In WSNs, the energy efficiency aspect is of paramount importance. In fact, it should be noted that
wireless sensors are mostly powered through external batteries or battery packs. As this supply is limited,
energy efficient operations and communications must be pursued, so that battery replacements on the
sensors are as infrequent as possible, in order to keep power supply and maintenance manpower costs
low. For this reason, networking protocol design as well as application design must carefully account for
the limited processing and storage capabilities of the microcontroller: therefore, the further delay that
would be caused by complex processing tasks should be explicitly considered in light of, e.g., the timing
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of communication protocols. In the following, we give more details on the typical configurations and
peculiar features of WSNs, in order to provide a wider characterization of their uses and behaviors.

In general, a WSN is characterized by being:

• partly stationary: the vast majority of the deployed nodes are fixed and constitute the infrastructure
of the network. They are strongly embodied within the environment, but allow the presence of a
fraction of mobile nodes that contribute to the overall information gathering process with local and
often volatile knowledge;

• wide: the possibility of having a large number of sensors deployed either randomly or manually
on a vast geographic area without issues related to cabling or a priori hierarchical communication
structures, allows the introduction of pervasive (but not invasive) intelligence in the environment;

• homogeneous: as opposed to the general ad hoc approach, where the network is made by grouping
devices of potentially very different nature, most WSNs are composed by nodes which are similar
to one another. For example, in the specific case of an environmental monitoring application,
some nodes may be equipped with temperature sensors, other nodes with humidity sensors, but
all bear similar communication devices and processing capabilities; it should be noted, however,
that heterogeneous networks have been conceived as well, where, e.g., a large number of nodes
perform sensing, a few expensive nodes provide data fusion and filtering, and the node differences
in terms of computational capabilities and links are exploited for networking purposes [2].

As will be made clearer in the following sections, these three aspects represent canonical issues that
are kept in focus during the design of the (department-wide) testbed, with the implicit aim of being
modularly extensible to wider (city-scale) scenarios.

WSNs can offer access to an unprecedented quality and quantity of information that can deeply
change our ability to sense and control the environment. The fields of application of WSNs cover a
wide variety:

• home automation (domotics) and energy management systems [3–6]: devoted to the monitoring
and control of the environment of private homes for the comfort and security of their residents;
this, especially in large buildings, may also include the management of their energy resources;

• assistive domotics [7], i.e., home automation for the elderly and disabled, where the general fea-
tures of home automation are ancillary to those implied by regularly monitoring specific physio-
logical and medical parameters of the residents;

• industrial automation [8]: aiming more specifically at the analysis and control of the environment
(in terms of temperature, humidity, light, but also chemicals, vapors, radiation) in work places
presenting critical issues of potential danger, such as, to cite a few, greenhouses, mechanical labo-
ratories, chemical plants and refineries, foundries; this category also includes simpler issues such
as the management and conservation of goods in large stores and warehouses;

• surveillance [9]: in terms of networks of cameras, microphones, access control devices, intrusion
detection systems, and so forth. The integration and fusion of the information provided by single
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devices, using different technologies and from different physical points of view, allow a more
complete (if not exhaustive) reconstruction of the whole scene of interest.

On a different scale, with an eye open toward the city-wide scale of interest or beyond:

• traffic monitoring and control [10–12]: such a sensor network would be exploited to monitor
the vehicle flow, detect anomalous situations and alert the traffic police, identify and track specific
vehicles or vehicle types; moreover, in case of traffic jams, it would provide information to support
alternative route planning, and also some sort of city logistics strategy could be envisaged;

• pollution monitoring [13]: a sensor network distributed across the city would be an efficient tool
to monitor pollution and presence of contaminants, both during normal city life and in case of
emergency (e.g., for the detection of nuclear, chemical, or biological threats);

• surveillance [14] of open public places, such as parks, squares, streets, suburbs, or closed ones
such as malls, schools, city halls, hospitals;

• real-time support for firemen and rescue squads [15] to locate themselves, and to navigate inside a
building in case of emergency; moreover, this might include communicating the fireman position
to external supervision centers, in order to improve coordinated search strategies;

• precision agriculture [16–18]: recently, the use of sensor networking technologies in farming ac-
tivities is becoming more popular, in order to optimize fertilizer use, to choose appropriately the
species to grow, and more in general to perform on crops the right operations at the right time;

• habitat and environmental monitoring [19–22]: surveillance of natural areas, such as natural parks,
so as to favor the timely detection of events such as wildfires or floods, but also to collect data re-
garding the inhabitant populations of animals and plants; this category also includes the class of
low-power weather monitoring applications, a good example of which is the Collaborative Net-
work for Atmospheric Sensing (CNAS) project [23, 24].

The overall objective of the WISE-WAI project [25] is precisely to exploit the potential of WSNs
by designing and evaluating a system architecture for a flexible, heterogeneous, and energy-efficient net-
work, including the specification of applications. A number of experimental testbeds have been deployed
in the past at various institutions (see, e.g., [24, 26–31]): the WISE-WAI project also aims at deploying
a wireless sensor network testbed on a large scale, that will be employed to simulate deployments of a
large number of nodes over a wide territory.

The project efforts will be spent at several design levels, and will be driven by the applications the
network will be required to support. In the context of the WISE-WAI project [25], three classes of
applications are of specific interest. Location-based applications are among the first and most popular
applications of WSNs, since they can be employed for locating moving objects in buildings (e.g., ware-
houses, hospitals), tracking people inside areas of interest, as well as tracking movements in a battlefield.
Environmental monitoring applications are also of primary importance, for ameliorating the quality of
life through the definition of comfort criteria and the computation of related indices, to increase energy
awareness and improve the efficient use of energy resources, as well as to guarantee safety and quality
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of the environment in work places. Alarm event detection is also of interest, especially in working or
living conditions that can be subject to hazardous events (e.g., fire, leaks of gas or other poisonous sub-
stances, and so forth). The cited sample applications have been identified as of interest for the project
because of the inherently different amount of traffic generated by each application type. For example,
location-based tasks, that require the estimation of the position of one or more subjects, tend to generate
a large, highly local traffic, as only the sensors in the proximity of the objects to be located interact
for location estimation. Conversely, environmental monitoring usually generates lower, more uniform
traffic, as typically all sensors are required to periodically report a measurement back to a collection
station (sink). Finally, alarm events usually trigger high priority traffic over all sensors that are located
in the proximity of the event, and require that this traffic be conveyed to the sink, perhaps removing the
inherent redundancy of the data packets through some in-network aggregation technique [32].

The network structure required to support these traffic requirements must therefore be very flexible
and capable to adapt to varying network conditions: e.g., local congestion can arise in case of long
alarm events, and must be properly managed. With this target in mind, various MAC protocols are being
considered for implementation in the network, with special regard to those that can offer energy savings
and adaptation to local traffic requirements [33–35], or that can be integrated with routing as data is
reported back to the sink [36].

While some portions of the network may be powered and programmed by means of a USB connection,
other parts will be completely wireless, and thus need specific tools to be configured over the air. These
tools will include efficient and error-resilient transmission schemes for broadcasting the software to be
installed on the sensors, as well as an effective communication scheme to achieve fast reconfiguration of
the nodes over multihop networks.

The applications will also be written with an eye open toward communication requirements: for in-
stance, localization and tracking will be performed by communicating to a subset of the sensors available
in the proximity of the object to localize, while environmental monitoring and alarm event detection will
include specific functionalities that reduce the amount of transferred data through aggregation.

Finally the testbed will be organized in order to favor management tasks, as well as protocol design
and test activities. The suite of protocols and applications written for the WISE-WAI testbed will then be
made available to the public, so as to represent a suitable starting point to favor future WSN deployments
of the same kind. The next section will delve into the organization of the WISE-WAI testbed, while
the following sections will detail two of the network functionalities mentioned above, namely wireless
reprogramming and localization/tracking.

2. Network Hardware and Software Architecture

In order to implement the above concepts, and provide a flexible and reconfigurable platform for
testing algorithms and solutions for WSNs, we set up a large testbed including wireless nodes as well as
networking devices that allow fast communication with the sensors (e.g., for reprogramming purposes).
The resulting network will have in general medium density (i.e., the average number of neighbors within
the coverage area of a given node is on the order of 10 to 20), but it should be noted that this can be tuned
to some extent, by acting on the maximum transmit power of the sensor nodes. We deployed the testbed
so that every node is connected to the network backbone through a Universal Serial Bus (USB) cable,
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which also provides power supply: this avoids battery wastage and continuous replacements during
setup and test phases. During actual operations, however, communications take place only through the
wireless channel. The USB backbone also provides a cheap and fast way to log data for debugging, of
performing general management and of programming nodes as well; however, because the object of the
project is to design and experiment wireless sensor networking on a large scale, efficient algorithms for
reprogramming nodes wirelessly will also be deployed and tested, see Section 3.

As anticipated in Section 1, a WSN can serve many different applications, that in turn exhibit di-
verse requirements in terms of data transport performance, delivery delay, long-term operation (thus low
energy consumption) and adaptability. For this reason, a most important design objective is that the
network be scalable, easy to install, remotely manageable and reachable in case maintenance operations
should be carried out. The networking backbone plays a key role in all these aspects.

Figure 1. Campus-wide system architecture.

We have chosen a hierarchical organization, whereby all sensors are connected, via USB hubs, to
tiny embedded computers that act as Node Cluster Gateways (NCGs). The NCGs are in charge of
interacting with the nodes both in the upstream (node-to-gateway) direction, e.g., for reporting debug
and log messages, and in the downstream (gateway-to-node) direction, e.g., to reprogram, reset, and
power up or down the nodes, or to adapt the node behavior on the fly as needed by ongoing measurement
tasks. The gateways are connected via an Ethernet backbone to a local remote access gateway, that
manages local communications within specific portions of the network. All remote access gateways are
finally connected to a central server through Virtual Private Network (VPN) tunnels. The server is the
main point of access for the communication to, and the management of, the whole WSN. It is planned
that, at the end of the project, the research community will be given access to the measurement history
available on the server storage.

The aforementioned architecture is scalable, easy to replicate in case the network needs to be ex-
tended, and in addition its components are easily reached and replaced for maintenance. In particular,
it should be noted that the full USB 2.0-compliant hubs employed in the testbed allow a sort of hard
sensor reset, which is accomplished by powering off the port to which the sensor is connected. Thanks
to this function, the sensors need not be manually disconnected, in case they do not respond to soft-
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common-sense criterion, according to which beacons should be preferably placed along the perimeter,
specifically in the corners and the center of the edges delimiting the area, or be equally spaced within
the area. Finally, the quasi-optimal strategy corresponds to finding the solution to (7) by quantizing the
position of the beacons in order to reduce the complexity of the problem.

Results have been obtained by considering an areaA of 10×10 square meters, divided into N2 = 100

cells of 1× 1 square meters each. Figure 10 shows the OMSE for different beacon positioning strategies
and for different numbers of beacons. We can observe that our OMSE-minimizing scheme increases the
accuracy of the position estimation up to 40% especially if nodes have a non-uniform distribution.

4.2. Real-Time Sensor Calibration and Channel Parameter Identification

Modeling the radio channel in indoor environments is rather complex due to reflections, interference,
multiple paths and time-varying and non-isotropic propagation effects. As mentioned above, the map-
based localization approaches try to learn this model by performing many measurements by positioning
the unknown node in some predetermined fixed location. Differently, we use an isotropic RSSI model
with polynomial decay as a function of the relative node distance. More precisely we rewrite the channel
model of RSSI received by node i from node j defined in (3) as follows:

P ij
rx(t) = β − 10η log10(dij) + vij + wij(t) + oi (8)

where we set d0 = 1, Ψi = vij + oi, PTx + K = β, while dij = ||ξi − ξj|| is the relative node distance,
ξ = (x, y) is the location of the node, β represents the radio receiver gain for constant transmission
power at a nominal distance of dij = 1 m, η is the loss factor (η ' 2 in a free-space propagation setting),
wij(t) represents zero-mean white noise, and vij is a disturbance that depends only on nodes location
and is due to slow fading, and oi is the RSSI offset due to fabrication imperfections of the receiver stage.
The fast fading term wij(t) can be removed by averaging T consecutive measurements if the nodes do
not move, i.e.,

P̄ ij
rx =

1

T

T∑
t=1

P ij
rx(t) ≈ β − 10η log10(dij) + vij + oi (9)

As shown below, the RSSI offset oi can be estimated, i.e., we can compute ôi such that ôi ≈ oi.
Therefore, the calibrated averaged RSSI can be obtained as follows:

P̂ ij
rx = P̄ ij

rx − ôi = [1 − 10log10(dij)]

[
β

η

]
+ vij = h(dij) + vij (10)

The slow fading term vij depends nonlinearly on the nodes location but it is symmetric, i.e. vij = vji,
and we are going to treat it as an unavoidable measurement disturbance, although, in principle, it could be
estimated using map-based techniques. It is important to remark that the parameters η and β are highly
variable among different environments such as warehouses, residential buildings and laboratories, and
therefore cannot be determined a priori but rather they should be estimated on-site. Below, we will show
how to perform the identification of the parameters (β, η), and will especially focus on doing so using
real-time distributed algorithms.

Both the offset calibration algorithm and the parameter identification rely on popular distributed op-
timization algorithms known as average consensus algorithms [58, 59], which are particularly suitable
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for networks where an agent cannot communicate to all other agents, but only to a small number of
neighbors within radio coverage, which is the typical scenarios in a WSN. In particular, these algorithms
allow to compute the average of local variables stored in each agent. More precisely, the network is
modeled as a graph G = (V , E), where the set of vertices V = {1, . . . , N} represents the agents, and
the set of edges E represents the communication links. The set of neighbors of a node i is defined as
Ni = {j ∈ V | (i, j) ∈ E}. Suppose that each agent i stores a variable zi, and would like to compute its
average, i.e., z̄ = 1

N

∑N
i=1 zi. One strategy would be to collect all variables zi at one agent, then compute

the average, and finally redistribute it to all agents, however this approach is not robust to node failure
and requires global coordination among all agents. An alternative strategy is based on a distributed it-
erative algorithm which uses only local information exchange and converges to the desired value. This
can be performed as follows:

xi(0) = zi (11)

xi(k + 1) = qiixi(k) +
∑
j∈Ni

qijxj(k) (12)

where k is the iteration step and qij = [Q]ij is the (i, j) entry of the matrix Q ∈ RN×N , which represents
the algorithm parameters. It can be shown that under mild conditions, such as for example qij ≥ 0,∑

i[Q]ij = 1,
∑

j[Q]ij = 1, and the graph G is connected, then

lim
k→∞

xi(k) =
1

N

N∑
i=1

xi(0) =
1

N

N∑
i=1

zi = z̄, ∀i

In practice, the previous algorithm can be generalized to time-varying matrices Q(t) and also to
randomized communication. A detailed discussion is beyond the scope of this work and we address
the interested reader to [58, 59] and the references therein. For what concerns this work, the bottom
line is that simple local linear updates of local variables allow to compute global averages, which is the
foundation of the proposed sensor calibration and parameter identification algorithms.

As mentioned above, the receiver stage of the radio chip which provides the reading of the RSSI
suffers from random variations from the actual value, thus providing RSSI measurements that can be off
by 2-4 dB. This offset oi can degrade the estimation of the relative node distance and therefore of the
overall localization accuracy of the moving target. In fact, an offset of 2 dB can result in an estimation
error of 40 cm at a nominal distance of 1 m and of almost 3 m at a nominal distance of 10 m. Ideally, we
would like to compute ôi = oi, however this is not possible unless we have a precise sensor to measure
oi. However, since the offsets oi are likely to be independently distributed around the nominal value of
o = 0, we can argue that 1

N

∑N
i=1 oi = ō ≈ 0 if the number of nodes N in the network is sufficiently

large. Therefore, we might opt for computing ôi such that oi − ôi = ō. This indeed can be re-framed as
a consensus problem by setting zi = oi and xi(k) = oi − ôi(k) [60], which gives rise to the following
iterative algorithm:





ôi(0) = 0 ∀i ∈ N = 1, . . . , N

ôi(k + 1) = ôi(k) +
∑

j∈Ni
qij

(
P̄ ij

rx − P̄ ji
rx + ôj(k)− ôi(k)

) (13)
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where we used the fact that qii =
∑

j∈Ni
qij , vij = vji and oi − oj = P̄ ij

rx − P̄ ji
rx. Based on the considera-

tions given above we have that
lim
k→∞

ôi(k) = oi − ō ≈ oi

After the RSSI sensor calibration phase, the next important step in the localization is to identify the
RSSI model parameters (β, η) defined in (10). Each node i of the fixed wireless network knows its own
position ξi and RSSI offset estimate ôi, and can communicate them to its neighbors Ni, therefore each
node can compute P̂ ij

rx and the corresponding dij = ||ξi − ξj||. The problem of estimating (β, η) can be
recast as a least square estimation problem where the objective is to find

(β̂, η̂) = argminβ,η

N∑
i=1

∑
j∈Ni

(
P̂ ij

rx − (β − 10η log10(dij)
)2

= argminx||Ax− b||2 = (AT A)−1AT b = x̂

(14)
where x = [β η]T is the column vector of the unknown parameters, b = [· · · P̂ ij

rx · · · ]T is the column vec-
tor obtained by stacking the offset-compensated RSSI P̂ ij

rx measured by all nodes, and AT = [· · · aij · · · ]
is the matrix obtained by stacking the corresponding vectors aij = [1 −10 log10(dij)]

T . Although the
solution of this problem requires to collect all data in some centralized location and then send back the
computed parameters to all nodes, it is possible to recast it as an average consensus problem [60] by
noting that

(AT A)−1AT b =
( N∑

i=1

∑
j∈Ni

aija
T
ij

)−1
(

N∑
i=1

∑
j∈Ni

P̂ ij
rx) =

( 1

N

N∑
i=1

∑
j∈Ni

aija
T
ij

)−1
(

1

N

N∑
i=1

∑
j∈Ni

P̂ ij
rx)

which can be computed by running two average consensus algorithms in parallel by setting as initial
conditions at node i xA

i (0) =
∑

j∈Ni
aija

T
ij and xb

i(0) =
∑

j∈Ni
P̂ ij

rx, so that limk→∞
(
xA

i (k)
)−1

xb
i(k) =

x̂.
This algorithm can be run on-site, and its convergence rate depends on the number of nodes and edges

in the network graph. Moreover, the algorithm can be periodically re-run in order to adapt to environ-
mental changes due, for example, to furniture repositioning or different use of the building between day
and night.

4.3. Localization and Tracking

Once the model parameters (β, η) are identified, one typical range-based approach to estimate the
location ξ of an unknown moving node is to measure the RSSI from a number of N fixed nodes whose
positions ξi, i = 1, . . . , N are known, then use the previous RSSI model to estimate the relative distance

by inverting the model, i.e. d̂i` = h−1(P̂ i`
rx) = 10

β−P̂ i`
rx

10η , and finally triangulate the position of the
unknown node ` based on its relative distances d̂i` from the known node positions ξi [55]. Differently, in
this work we propose the use of an Extended Kalman Filter (EKF) which has the advantage of providing
smoother estimates since it exploits memory of past location estimates of the moving object. The EKF
is based on a simple model for the dynamics of the moving object, namely a random walk along each of
the two directions (x, y), and on the measurement model given by (10). More precisely the dynamical
model is given by:
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ξ(k + 1) =

[
1 0

0 1

]
ξ(k) + w(k) (15)

ψ(k) =




P̂ 1(k)
...

P̂N(k)


 = h(ξ(k)) + v(k) =




h(‖ξ(k)− ξ1‖)
· · ·

h(‖ξ(k)− ξN‖)


 + v(k) (16)

where ξ(k) = [x(k), y(k)]T ∈ R2 is the position of the moving node ` at time k, ψ(k) is the vector
of the RSSI measurements received by the moving node from the N fixed nodes, and the function
h(d) = β − 10η log10(d) was defined in (10). Note that, if the RSSI measurement from a generic node i

is not received at time k, then the corresponding P̂ i(k) is removed from the vector φ(k). The Extended
Kalman Filter is based on the measurement process, linearized around the current location estimate ξ̂(k),
i.e.,

ψlin(k) = H(k)ξ(k) + v(k), H(k) =
∂h
∂ξ

∣∣∣∣
ξ=ξ̂(k)

and on the assumption that w(k) and v(k) are uncorrelated, zero mean white noises, with covariance
E[w(k)w(k)T ] = Q and E[v(k)v(k)T ] = R.

The details of the algorithm and some interesting variations are beyond the scope of this paper and
the interested reader is referred to [61]. However, some experimental results are shown in the next
subsection.

4.4. System Implementation and Experiments

The localization and tracking system setup is based on the deployment of a fixed network of N nodes
placed at known locations, which serve as reference anchor nodes for mobile nodes, that are free to move
in the monitored environment. All communications among the agents occur via wireless links. In addi-
tion, the mobile node is equipped with some additional computational power (a portable PC system, or a
palm PC device) to perform the location estimation algorithms: in this respect, the mobile node actually
receives messages from the fixed nodes to estimate the RSSI values, which are then transmitted via a
USB link to the PC system for the processing algorithms. The sequence of communication messages is
visually described in Figure 11.

In more detail, after the user activates the localization system (step 1), the mobile node proceeds
by sending periodic messages every 250 ms to the fixed node network in order to awake it and keep it
active (step 2). The fixed nodes remain in the active state for further 250 ms, and in this state they start
sending data messages (step 3) containing their positions every 15 ms. The mobile node receives these
messages, associates the related RSSI value to each of them, and finally forwards them to the PC (4). The
latter calculates a new estimate of the position only in the case the number of data messages is sufficient
for the triangulation algorithm to work and periodically updates the tracking output sequence.
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Figure 11. Initialization of tracking procedures. A start activation message (1) is broadcast
to the network (2). The received data message (3) is (as far as the localization application is
concerned) uniquely used to estimate the RSSI value (4), that is then processed to obtain the
position estimation.
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In Figures 12-13 two results obtained from the localization algorithms are shown. These plots high-
light the good accuracy in reproducing the correct path, and the role of the filtering procedures, that
enforce spatial consistency of successive estimates, through the recursive temporal features of the EKF.

Figure 12. Tracking experiment. The reconstructed path is represented with a light grey
solid line, non-filtered measurements are indicated with square markers; the actual path is
shown with a solid black line. The sensor nodes of the fixed network are represented with
crosses.
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Figure 13. Tracking experiment. The reconstructed path is represented with a black solid
line; the actual path is shown with a solid light grey line. The sensor nodes of the fixed
network are represented with black dots.

5. Conclusions

This paper has described some of the main activities that are being carried out within the context of
the Italian WISE-WAI project [25], funded by the Cassa di Risparmio di Padova e Rovigo Foundation,
Italy. The project, which aims at demonstrating the feasibility of large-size and wide-area wireless sensor
networks, is now at an advanced level of progress: the working team has overseen the installation of part
of the testbed in the areas of the Department of Information Engineering of the University of Padova,
Italy, and has deployed fundamental services that will be used to control the network (e.g., wireless
reprogramming), to adapt it to the specific environment it operates in (e.g., channel identification), and
applications which require a high level of in-network interactions (such as localization and tracking).
The design of both the protocols and the applications has been driven by an energy-efficiency paradigm,
which led, e.g., to the use of efficient fountain codes for error recovery in wireless reprogramming, and
to the use of a limited portion of the network for localization purposes.

The project is scheduled to end in June 2010. By that time, the network will cover a large area in the
department buildings and will feature context-aware environmental monitoring and control functions,
as well as more advanced applications based on localization, such as assisted navigation of buildings,
which are currently being deployed.
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