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Abstract: Energy consumption constraints on computing systems are more important than
ever. Maintenance costs for high performance systems are limiting the applicability of
processing devices with large dissipation power. New solutions are needed to increase
both the computation capability and the power efficiency. Moreover, energy efficient
applications should balance performance vs. consumption. Therefore power data of
components are important. This work presents the most remarkable alternatives to measure
the power consumption of different types of computing systems, describing the advantages
and limitations of available power measurement systems. Finally, a methodology is
proposed to select the right power consumption measurement system taking into account
precision of the measure, scalability and controllability of the acquisition system.
Keywords: power measurement; energy consumption profiling; energy efficiency;
instrumentation; power analysis

1. Introduction
The performance of processing systems has found new constraints due to power consumption
issues [1]. A common example is the maintenance cost of high performance computing (HPC) systems
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which can rapidly exceed the HPC acquisition price [2]. Therefore, novel solutions are needed to
increase the computing performance (CP) while maintaining low energy consumption (EC).
Nevertheless, the effort to enhance EC of computing units is not trivial and involves several areas of
computing engineering, such as hardware design or software programming.
Although specific hardware design attains better results in both EC and CP, most users prefer to
carry one flexible device rather than several separate devices [3], which has promoted the use of
general-purpose solutions due to the low price of mass production. A well suitable example is the
usage of graphic processing units (GPU) for general purpose computing [4].
An energy efficient application (EEA) should take into account hardware and software aspects in
order to use just the required EC. Novel computing systems are heterogeneous, usually composed of
multicore processors plus one coprocessor(s). Related to hardware, a review of Amdahl’s law shows
that heterogeneous architectures achieve better CP and EC [5] which has motivated several researches
on asymmetric devices [6]. Though, hybrid architectures are not the panacea, further, large quantity of
inefficient threads switching could lead to a waste of performance and EC. Other hardware alternatives
have been proposed, for example the usage of low powered devices for HPC (LP-HPC) [7]. However,
once that device was manufactured with their own hardware structure, the last solution available to
improve EC is made by software i.e., heterogeneous systems demand a power-efficient workload
distribution [8]. Hence, the power consumption feedback for programmers can help to evaluate energy
efficiency at software layers.
There are basically two main methodologies to collect EC: the first one is a hardware-based
approach, this type of measurement obtains EC values through physical devices, measuring current
and voltage in different test points. The second alternative makes use of power consumption models to
estimate the EC. In addition, a third proposal could be used (a hybrid method formed by a mix of
both). Nevertheless, the setup of an effective power model for a single device i.e., a CPU is not a
straightforward task; novel multicore and heterogeneous systems have turned this model even more
complex. Although due to the inaccessibility of power lines/units inside of integrated circuits (IC), the
estimation method is the unique alternative to establish internal EC in ICs. The constraints to measure
performance on heterogeneous systems are presented in [9].
According to the previous arguments, a measurement system comes to help the development
of EEA, which can be used to validate power models or analyze consumption. Real-time
power consumption values help to develop new power management software techniques, such as
power-aware job scheduling. Thereby, identification of power constraints can improve code
programming of EEAs [10].
The EC constraints demand the introduction of useful measurement methods in current computing
systems. In this paper, it is presented an up-to-date survey of different existing methods capable to
measure efficiently the power consumption of generic computing systems. Besides, novel methods
capable to retrieve power through model specific registers (MSR) included in new architectures are
analyzed. Several measurement techniques have been tested, providing the reader relevant data to
choose the right EC measurement for his application.
The next sections of this paper are organized as follows: Section 2 presents related works of
classical power measurement techniques. The background on power measurement systems is shown in
Section 3. Section 4 describes the available methods to measure computing power consumption,
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commenting generic implementations for each method. In Section 5, a computing system has been
setup to execute EC profiling using several measurement methods. Finally, in Section 6 the main
conclusions are presented.
2. Energy Consumption Measurement Methods on Computing Systems
Many researchers have analyzed how to retrieve values of EC from computing systems and make
use of them in EEAs. Nevertheless, this issue is not standardized and there are different methods to
retrieve the EC. In this section, relevant works related to power measurement and optimization
solutions for EEAs are presented, describing the advantages and drawbacks of each system.
In [10] the power consumption for several GPU architectures is analyzed, concluding that
algorithms can be classified in the two following categories according to its power consumption: data
transfer intensive or computationally intensive. However the classification was made over time for GPU
executions (transfer and execute kernel) with consumption measured from external power connectors
obtaining rough EC values from computing platform, regardless of the communication interface.
Several works mention the importance of power optimization and advantages in use CPU power
techniques while GPU performs some computation task, such as in [11]. Further, in [12] the EC of data
transfer between CPU and GPU is analyzed, in particular, the CPU dynamic voltage and frequency
scaling (DVFS) utilization, providing a methodology to find the optimal CPU frequency. The achieved
DVFS values optimize the EC and CP of both CPU and GPU systems. It is worth to note that in this
case the applied external measurement system fits the application interests.
Other solutions provide power models to estimate EC. The estimation can be performed through
monitoring of the system usage at operating system level [13] or based in the hardware performance
counters [14]. Similar methodology can also be applied for GPUs [15].
A common methodology to measure performance of processors is the usage of hardware
performance counters, the method records the processor activity in the specific registers inside CPU
(also called as MSR registers), to be accessed by user for performance monitoring. A similar software
methodology may be applied to infer energy measurements. Due to the necessity of efficient power
systems, the processors manufacturers have included an additional power management control unit
(PCU) in hardware to enhance the power consumption, and protect the IC from thermal damage. Thus
it is possible to manage power consumption of CPU through switching the compute units to different
states via software. As a typical control system, the PCU requires an input to evaluate and determine
the best power state for processing units, this input is built with an estimated power model [16], now
made available for end users through specific registers.
Others researchers consider high level alternatives for EC profiling, such as: the insertion of known
consumption behaviors as events to be correlated, and retrieves interested areas of consumption [17],
although this alternative could not be applicable on multi task execution environments. Further, other
solutions have been proposed such as: the PowerPack, a framework for EC profiling [18].
3. Measurement System Definitions
A measurement system has not a fixed structure. Therefore, let us introduce the main components
for a generic measurement system. These systems are commonly composed of three basic components:
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the device under test (DUT), the measurement device (MD), and a power source. On computing
systems, a DUT can be represented as a single processing unit, an entire processor (with multiple
processing units and cache memories), a machine formed by a heterogeneous processing architecture
(CPU + GPU) or a large system composed of several machines. These different granularities are
commonly referred as the measurement domains. The MD is a generic device capable to measure
power consumption, physically or making use of a power model, of a certain DUT. These basic units
are presented in Figure 1 where MEx is a measurement device external to one or several DUT systems,
and MIn represents a measurement available internally to a DUT component.
Figure 1. Measurement Systems Methods.

The measurement scalability of system can be defined by the possibility to attach more MDs or
DUTs. Additional MDs can increase the measurement domains. Otherwise additional DUTs can
bring collateral effects, due to requirement of MD calibration to cover the new range of power
consumption [19].
The measurement speed defines how fast the measurement system can acquire data to represent any
changes in consumption of the DUT.
The synchronization accuracy of a MD measures the feasibility to identify the instant power
consumption for each part of the executed instructions. In [20], the author presents a generalized
power delivery model and affirms that to implement a cycle-accurate measurement it is fundamental to
take measure most closely possible to the source of consumption “power sink” due the low-pass filter
effects of parasitic capacitance from delivery circuits.
The measurement precision reflects how the measured values resemble the real EC values, that is
the uncertainty in the consumption, which may be fundamental if it is planned to make a power
consumption quota distribution as in [20].
4. Energy Consumption Measurement Systems
In the following subsections different types of measurement systems capable to provide EC values
of the computing units to the EEAs are presented.
4.1. External Measurements Systems
In this type of MD an additional hardware capable to provide EC of one or more DUTs must be
used. This is the case of an intelligent programmable power supply (IPS). An IPS is a power supply
(see Figure 2(a)) with additional measurement and communication blocks. The I/O interfaces, such as
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USB/Ethernet are available in order to configure/read IPS parameters and collect EC values. The IPS
collects periodically the current, voltage or wattage consumed by the DUT.
Figure 2. Measurement System Diagram (a) IPS based (b) Ad-hoc System.

The main advantage of this alternative it is the facility to configure and start measurements.
Although the scalability of the solution is possible, once the measurement system is setup the
flexibility is low due to limitations of internal built-in circuit configuration. Besides, the accuracy
could not fit the EEA needs, and the acquisition frequency may be too low for a correct EEA profiling.
This type of MD may be of interest for quick tests and temporal analysis of EEAs; however the cost of
IPS equipment which is usually expensive is a disadvantage.
Other external MD alternative could be the setup of a specific measurement system according to the
EEA needs, for example: non-invasive, accuracy, cost, etc. making available some separate measures
of the computing architecture. This specific hardware system could be deployed introducing additional
physical sensors located in the input power lines of any potential DUT of the computing architecture.
These solutions can provide a wide range of alternatives, such as the usage of current sensors based on
hall-effect providing a non-intrusive solution (see Figure 2(b)).
The alternatives which use available sensors on the computing architecture are built on high level
parts of software to retrieve values, without the insertion of additional hardware. This methodology is
often denoted as “virtual probes”. The MD can be constructed using existing information of the system
such as battery status [21] or thermal monitoring to obtain a measurement of E+C. However these
solutions are not capable to provide accurate results due the time constraints of consumption drift.
In summary, external measurements may be introduced in different places of a computing
architecture, i.e., motherboard, PCI boards, etc. Next section is devoted to describe how new IC
designs incorporate “measurement circuitry” to be able to obtain EC for a given portion of code, and
more important to the manufacturer, limiting the voltage and frequency for the device if maximum
thermal value is reached.
4.2. Internal Measurements
Due the inaccessibility of power lines from IC, recent trends motivate the usage of power models to
estimate power consumption. The power modeling represent an accessible alternative to retrieve
consumption from internal components of ICs which include several components all connected to a
common external power lines. The integrated power model is an easy methodology to retrieve power
through the software layers, i.e.,: the multicore processors. Such an example is the Running Average
Power Limit (RAPL) interface present in the Intel Sandy Bridge microarchitecture [22]. The RAPL
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mechanism provides several measurement domains for this architecture, which are listed in
Table 1 [23]. Nevertheless, the RAPL interface lacks in a fine-grain measurement for each core.
Table 1. RAPL measurement domains.
Power Planes
PKG
PP0
PP1
DRAM

Domain
The entire CPU package
CPU cores (including cache)
Uncore devices (i.e., L3 cache and
GPU)
Memory

The measurement registers (MSRs) capture the EC of cores (PP0), integrated GPU if it is available
(PP1) and internal memory consumption (DRAM). The data on MSRs are updated every millisecond,
which provides a 1 kHz sampling of EC. Reading them at a frequency higher than 1 kHz may have
significant overhead, thus this value of frequency sampling of EC represents a good balance. To isolate
the consumption of a specific short code path, it is necessary to allow it to run continuously and read
the MSR values synchronized, to reduce uncertainty to a minimum.
Different authors have analyzed the accuracy of RAPL registers to obtain EC of short code paths,
such as [24]. In summary, with some minor considerations, the RAPL mechanism is good enough to
be used for EC profiling.
5. Results
In this section, a testbench composed of several measurement methods previously described has
been analyzed in order to show the different alternatives and extract conclusions about the use of EC
measurement systems. To achieve relevant conclusions, the testbench shown in Figure 3 has been
developed. The system is composed of a measurement platform and a device under test (DUT), in our
case, an IvyBridge machine (Intel i7-3517u). This DUT has been chosen because this is a conventional
CPU frequently used by many users in different tasks. Measurement platform will be connected with
DUT by two ways: external power supply and ethernet channel to provide control signals and energy
consumption data. Two measurement methods are used to evaluate. The first one is composed of an
IPS as external measurement device while the second one makes use of the RAPL interface (internal
measurement). RAPL is a novel approach in order to obtain an estimation of energy consumption by
using the new hardware resources that manufacturers provide in new computing architectures. Thanks
to both methods, a comparison between an external and internal proposal have been done. A
supervisor PC is used to obtain the EC data from the IPS via USB and controls the code execution and
RAPL-MSR reading inside the DUT. To avoid synchronization errors, the control signal of acquisition
is sent 4 s before the start of processing and 4 s after the end of processing.
In order to evaluate a real workload for code execution, the FFTW library is used as a benchmark, a
computing program based on Fast Fourier transform (FFT). This is typically used as a pattern to
evaluate workloads on processing systems. Their internal complexity operations carry out many
arithmetical operations providing a remarkable test to evaluate burden operations. In order to obtain an
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average value, the tests were carried repetitively 1,000 times over a FFT length of 1,048,567 and two
types of executions were performed.
Figure 3. Measurement Testbench.

The first test uses 1 processing thread (Figure 4(a)). The execution of this workload starts at t = 4 s,
performing the arithmetic computation in one core—one thread during 47 s. The second test uses
4 threads (Figure 4(b)) (maximum capacity of the multicore system under analysis), dual core with up
to 2 threads running in parallel in each core. At maximum performance, this computing system process
the workload from t = 4 s till t = 28 s, thus executing the FFTW testbench in 24 s, which represents a
2× speedup, from original performance. Concurrent accesses to memory reduce the theoretical
4× speedup executing 4 threads.
Figure 4. Testbench of Internal RAPL vs. External Measurements.

Energy consumption results of the FFT execution are shown in Figure 4. The blue lines present EC
values obtained from the IPS, the magenta lines are the EC values taken from the RAPL interface at
power plane PKG (see Table 1).
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Thus, FFTW execution by one thread consumes 11.1 W apart from the 15.3 W of idle state. More
processing (four threads) increases EC in 7.4 W (up to 33.8 W). The programmer and system designer
could decide if the extra 7.4 W for a 2× speedup is well suited for current application. This additional
energy consumption of 7.4 W, supposes a 21.9% of total consumption. This energy consumption data
could be of great interest in energy-aware applications to decide about speedup the processing or
reduce energy consumption.
The overhead of MSR reading and processing has been obtained making the external measurements
with and without RAPL enabled, thus the overhead of internal measurements is 0.1 W. Due to RAPL
method estimates just the CPU power consumption. The RAPL values follow the external
measurement timing. The difference between both measurements represents the consumption of
external peripheral devices, such as accesses to the main memory, chipset consumption, SSD, etc.
The results of average power consumption are summarized in Table 2. First seconds of the testbench
maintains the computing system in idle mode. Idle EC gives for the complete system an average power
of 15.3 W, which corresponds to 2.2 W for the processor device according to RAPL estimation. From
the difference in power consumption of both data, a virtual measurement for the chipset, external
memory, fan-ventilation, etc. is obtained (13.1 W).
Table 2. Power consumption (Watts) analyses.

Measurement Systems
IPS
RAPL
Virtual Chipset Consumption
Measurement

Idle
15.3
2.2
13.1

Average Power Consumption (Watts)
One
Diff
Four
Diff
Diff
Threa
1thThread
4th4thd
Idle
s
Idle
1th
26.4
11.1
33.8
18.3
7.4
12.1
9.9
16.6
13
4.5
14.3

2.4

17.2

5.3

2.9

In order to assess the power consumption between applications executing one thread or four
threads, the next step is evaluate the results of both tests. Regarding the power consumption for one
and four threads, executing one thread the power consumption increases in 11.1 W in comparison with
idle state, 9.9 W corresponds to the processing device and 1.2 W to other system components. Far
from being stable, the EC of system components raises when demanding more CP to the processing
device. Thus, it is obtained from the made measurements that the performance increase executing four
threads instead of one thread needs only 4.5 W more for the processing device (which represents an
increase of 45% over the 9.9 W) and the rest of system components consumes additionally 2.9 W
(which represents an increase of 242% over the 2.4 W executing only one-thread).
The CP obtained by four thread execution reduces to the half the processing time, but this demand
of CP also increases in almost 2.5× times the EC from other system components. This consumption is
mainly endorsed to the system memory. Therefore, for this kind of applications the memory
optimization should be the main objective in order to increase power efficiency, but this is out of the
scope of this paper.
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6. Conclusions
The knowledge about EC on computing systems is more important than ever. Maintenance costs for
high performance systems are limiting the applicability of processing devices with large dissipation
power, and EEAs should balance performance vs. consumption. It is important to note that the
methodologies presented here are not exclusive and can be used in parallel to build a specific
measurement system.
In this paper, several EC measurement systems have been evaluated to retrieve power consumption
in current computing systems. Main methodologies have been implemented in a real scenario. The
obtained results demonstrate the importance of complementary methods of EC measurements. Thus,
the data measurement provided by an IPS was extended by the usage of RAPL to distinguish the
consumption between processing device and other peripheral devices.
A review of mentioned power measurement methods is presented in Table 3, which characterizes
the methodologies according to the user interests. The lack of metrics of build process for a MSR
method means that it is already included in the computing architecture. Further, some hardware
devices available in the market for quick start measurement as can be the Watt’s Up Pro (AC) power
meter or the PowerMon (DC) have also been evaluated.
Table 3. Power Measurement methodologies.
IPS
(HMP2020)
Easy to Build
Easy to Use
Scalability

***
***
*

Off-the-Shelf Sensor
Watts’s UP
ACS712 +
Pro
µController
***
*
**
**
**
**

RAPLMSR
***
**

Thus, it is proposed a methodology to select the right power consumption measurement system
taking into account precision of the measure, scalability and controllability of the acquisition system in
order to manage the performance-consumption ratio efficiently. The measurement systems based on
hardware sensors can be developed to measure the EC according to the end user needs. However the
new processing solutions formed by several computing units integrated in a single die, difficult the
measure process of internal components due to inaccessibility of separated power lines. Therefore,
considering the integrated power models the best approach for new fused architectures, which can help
programmers to profile their code and design EEAs.
The MSR approach to power measurement represents an innovative solution for EC profiling.
Although this feature nowadays is hardware vendor dependent, the initiative to introduce energy
counters will be standardized in the near future of computing systems. This approach will turn feasible to
retrieve power consumption from complex computing systems with different processing units, network
interfaces, memories, etc. at software level, enabling the development of power aware systems.

Sensors 2013, 13

7795

Acknowledgments
This work has been funded by the Spanish Ministry of Science and Innovation (Ref. IPT-4400002010-0020, INNPACTO-2010) through the SIGVE Project: Development of a management system for
electrical vehicles.
Conflict of Interest
The authors declare no conflict of interest.
References
1. Esmaeilzadeh, H.; Blem, E.; St. Amant, R.; Sankaralingam, K.; Burger, D. Power limitations
and dark silicon challenge the future of multicore. ACM Trans. Comput. Syst. 2012, 30,
doi:10.1145/2324876.2324879.
2. Belady, C. In the data center, power and cooling costs more than the IT equipment it supports.
Electron. Cool. 2007. Availbale online: http://www.electronics-cooling.com/ (accessed on 6 April
2013).
3. Ranganathan, P. Recipe for efficiency: Principles of power-aware computing. ACM Commun.
2010, 53, 60–67.
4. Nukada, A.; Ogata, Y.; Endo, T.; Matsuoka, S. Bandwidth Intensive 3-D FFT Kernel for GPUs
Using CUDA. In Proceedings of the 2008 ACM/IEEE Conference on Supercomputing, Austin,
TX, USA, 17–20 November 2008; doi:10.1109/SC.2008.5213210.
5. Woo, D.H.; Lee, H.-H.S. Extending Amdahl’s Law for energy-efficient computing in the
many-core era. Computer 2008, 41, 24–31.
6. Bilal, M.; Imtiaz, S.; Asif, S.; Abdul, W. Power Efficient Scalable Hybrid Processor Architecture.
In Proceedings of 2012 Second International Conference on Digital Information and Communication
Technology and It’s Applications (DICTAP), Bangkok, Thailand, 18–20 May 2012; pp. 338–342.
7. Majumdar, A.; Cadambi, S.; Chakradhar, S.T. An energy-efficient heterogeneous system for
embedded learning and classification. IEEE Embed. Syst. Lett. 2011, 3, 42–45.
8. Wang, G.; Ren, X. Power-Efficient Work Distribution Method for CPU-GPU Heterogeneous
System. In Proceedings of International Symposium on Parallel and Distributed Processing with
Applications, Atlanta, GA, USA, 19–23 April 2010; pp. 122–129.
9. Malony, A.D.; Biersdorff, S.; Shende, S.; Jagode, H.; Tomov, S.; Juckeland, G.; Dietrich, R.;
Poole, D.; Lamb, C. Parallel Performance Measurement of Heterogeneous Parallel Systems with
GPUs. In Proceedings of 2011 International Conference on Parallel Processing (ICPP), Taipei,
Taiwan, 13–16 September 2011; pp. 176–185.
10. Shaikh, M.Z.; Gregoire, M.; Li, W.; Wroblewski, M.; Simon, S. In situ Power Analysis of General
Purpose Graphical Processing Units. In Proceedings of 2011 19th Euromicro International
Conference on Parallel, Distributed and Network-Based Processing (PDP), Ayia Napa, Cyprus,
9–11 February 2011; pp. 40–44.

Sensors 2013, 13

7796

11. Anzt, H.; Castillo, M.; Fernández, J.C.; Heuveline, V.; Igual, F.D.; Mayo, R.; Quintana-Ortí, E.S.
Optimization of power consumption in the iterative solution of sparse linear systems on graphics
processors. EMCL Prepr. Ser. 2012, 27, 299–307.
12. Ren, D.Q. Algorithm level power efficiency optimization for CPU-GPU processing element in
data intensive SIMD/SPMD computing. J. Parallel Distrib. Comput. 2011, 71, 245–253.
13. Li, T.; John, L.K. Run-time modeling and estimation of operating system power consumption.
SIGMETRICS Perform. Eval. Rev. 2003, 31, 160–171.
14. Bellosa, F. The benefits of event-driven energy accounting in power-sensitive systems. In Proceedings
of the 9th ACM SIGOPS European Workshop, Kolding, Denmark, 17–20 September 2000.
15. Hong, S.; Kim, H. An integrated GPU power and performance model. ACM SIGARCH Comput.
Archit. News 2010, 38, 280–289.
16. Damaraju, S.; George, V.; Jahagirdar, S.; Khondker, T.; Milstrey, R.; Sarkar, S.; Siers, S.;
Stolero, I.; Subbiah, A. A 22 nm IA Multi-CPU and GPU System-on-Chip. In Proceedings of
2012 IEEE International Solid-State Circuits Conference Digest of Technical Papers (ISSCC),
San Francisco, CA, USA, 19–22 February 2012; pp. 56–57.
17. Suda, R.; Ren, D.Q. Accurate Measurements and Precise Modeling of Power Dissipation of
CUDA Kernels Toward Power Optimized High Performance CPU-GPU Computing. In Proceedings
of 2009 International Conference on Parallel and Distributed Computing, Applications and
Technologies, Higashi Hiroshima, Japan, 8–11 December 2009; pp. 432–438.
18. Ge, R.; Feng, X.; Song, S.; Chang, H.-C.; Li, D.; Cameron, K.W. PowerPack: Energy profiling
and analysis of high-performance systems and applications. IEEE Trans. Parallel Distrib. Syst.
2010, 21, 658–671.
19. Poole, S.W. Power Measurement for High Performance Computing: State of the Art. In
Proceedings of 2011 International Green Computing Conference and Workshops, Orlando, FL,
USA, 25–28 July 2011; pp. 1–6.
20. Nakutis, Ž. Embedded systems power consumption measurement methods overview.
MATAVIMAI 2009, 2, 29–35.
21. Krintz, C.; Wen, Y.; Wolski, R. Application-Level Prediction of Battery Dissipation. In
Proceedings of the 2004 International Symposium on Low Power Electronics and Design
(ISLPED 2004), Newport Beach, CA, USA, 9–11August 2004; pp. 224–229.
22. Rotem, E.; Naveh, A.; Rajwan, D.; Ananthakrishnan, A.; Weissmann, E. Power-management
architecture of the intel microarchitecture code-named Sandy Bridge. IEEE Micro 2012, 32,
20–27.
23. Intel Corporation. Intel Corporation Intel 64 and IA-32 Architectures Software Developer’s
Manual; Intel Corporation: Santa Clara, CA, USA, 2013.
24. Hähnel, M.; Döbel, B. Measuring energy consumption for short code paths using RAPL.
ACM SIGMETRICS Perform. Eval. Rev. 2012, doi:10.1145/2425248.2425252.
© 2013 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article
distributed under the terms and conditions of the Creative Commons Attribution license
(http://creativecommons.org/licenses/by/3.0/).

