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Figure S1. Histogram of ToxPrint Chemotypes identified in the general dataset.
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Figure S2. Histogram of ToxPrint Chemotypes identified in the kidney dataset.
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Figure S3. Histogram of ToxPrint Chemotypes identified in the brain dataset.
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Figure S4. Histogram of ToxPrint Chemotypes identified in the liver dataset.
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Figure S9. Screenshot of the method M1 utilized to build up the general NOAEL model in the

CORAL software.
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Figure S11. Screenshot of the method M3 utilized to build up the kidney NOAEL model in the

CORAL software.
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Figure S12. Screenshot of the method M4 utilized to build up the kidney LOAEL model in the

CORAL software.
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Figure S13. Screenshot of the method M5 utilized to build up the brain NOAEL model in the CORAL

software.
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Figure S14. Screenshot of the method M6 utilized to build up the brain LOAEL model in the CORAL
software.
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Figure S15. Screenshot of the method M7 utilized to build up the liver NOAEL model in the CORAL

software.
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Figure S16.Screenshot of the method M8 utilized to build up the liver LOAEL model in the CORAL
software.



Table $25. Molecular properties for the general dataset.

Dataset — General

Mean Maximum | Minimum
Mannhold
logP 2.145 5.640 0.250
Atomic
polarizabilities 35.242 129.580 5.229
Bond
polarizabilities 19.926 94.926 1.680
Hydrogen
bond
acceptors 2.684 14 0
Hydrogen
Properties
bond donors 0.977 9 0
Rotatable
bond count 7.110 28 0
Lipinski” s
Rule of Five 0.208 3 0
Topological
polar surface
area 58.594 200.530 0
Molecular
weight 256.156 977.340 32.026




Table S16. Molecular properties for the kidney dataset.

Dataset — Kidney

Mean Maximum | Minimum
Mannhold
logP 2.147 4.980 0.470
Atomic
polarizabilities | 35.638 129.580 8.593
Bond
polarizabilities 19.785 94.926 2.520
Hydrogen
bond
acceptors 2.740 11 0
Hydrogen
Properties
bond donors 0.862 5 0
Rotatable
bond count 7.076 23 0
Lipinski” s
Rule of Five 0.156 2 0
Topological
polar surface
area 58.489 187.710 0
Molecular
weight 260.548 733.513 58.042




Table S27. Molecular properties for the brain dataset.

Dataset —Brain

Mean Maximum | Minimum
Mannhold
logP 2.119 3.660 0.360
Atomic
polarizabilities | 37.343 68.886 5.229
Bond
polarizabilities | 20.808 45.481 2.520
Hydrogen
bond
acceptors 3.000 11 0
Hydrogen
Properties
bond donors 0.769 3 0
Rotatable
bond count 8.099 23 1
Lipinski” s
Rule of Five 0.220 2 0
Topological
polar surface
area 60.259 161.090 0
Molecular
weight 281.363 502.127 32.026




Table S28. Molecular properties for the liver dataset.

Dataset —Liver

Mean Maximum | Minimum
Mannhold
logP 2121 4.980 0.140
Atomic
polarizabilities | 36.018 129.580 9.214
Bond
polarizabilities | 20.134 94.926 2.520
Hydrogen
bond
acceptors 2.677 14 0
Hydrogen
Properties
bond donors 0.790 5 0
Rotatable
bond count 7.459 28 0
Lipinski” s
Rule of Five 0.201 2 0
Topological
polar surface
area 57.416 193.910 0
Molecular
weight 269.843 793.357 60.069




